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Introduction

Over the last decades, there has been growing interest in augmenting survey
data with alternative data sources, such as paradata, administrative data, and
contextual data. Paradata, for instance, refers to data related to the process
of collecting survey data during the field period, which are not directly de-
rived from respondents’ answers to survey questions, but rather are a by-
product of the data collection process (Couper 1998; Kreuter 2013). This
may include data from call records, keystroke data in computer-administered
surveys, interviewer observations, and more. Administrative data refers to
externally created process data that are often linked to individual respondent
records by matching personal information (Calderwood and Lessof 2009).
For instance, social surveys may link respondents’ interview data (condi-
tional on consent) to tax, insurance, voter registration, and other government
databases. Finally, contextual data comprises external sources of information
that measure various aspects of the respondent’s physical, social, or informa-
tional environment (Fortin-Rittberger et al. 2016). This could involve aggre-
gate data on the demographic composition of a respondent’s neighborhood
or organizational characteristics of their place of work, as well as data on
respondents’ behaviors, environments, and social networks from wearables,
sensors, apps, and digital traces from social media or web browsing.

Survey researchers are increasingly utilizing these data sources to enhance
their substantive and methodological research and address complex research
questions that are difficult (or impossible) to answer using survey data alone.
Paradata, for instance, are employed in survey production to monitor field-
work, increase data collection efficiencies, investigate measurement errors,
and assess and correct for nonresponse errors (Biemer et al. 2013; Wagner
et al. 2012; Yan and Olson 2013). Likewise, linked administrative data are
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frequently utilized in conjunction with survey data to bolster substantive
analyses and assess and correct for nonresponse and measurement errors in
methodological applications (Kreuter, Miiller, and Trappmann 2010; Meyer
and Mittag 2019). Contextual data can also supplement survey data in sub-
stantive research by facilitating the analysis of neighborhood effects, as well
as proximity and access to services in respondents’ geographic areas (Dick
2022). In addition, newer forms of contextual data, such as digital trace data
obtained from respondents’ smartphones, sensors, and social media, are be-
ing explored for several purposes in survey research, such as predicting vot-
ing behavior (Bach et al. 2021), measuring online media consumption
(Cernat and Keusch 2022), and studying the effects of collecting passive
data on panel survey retention (Trappmann et al. 2022).

Although interest in augmenting surveys with paradata, administrative
data, and contextual data will likely continue to grow, significant challenges
and unresolved issues remain. For instance, auxiliary data sources may be
subject to selection issues, as they may not be observable or linkable to all
survey respondents. Additionally, a nonrandom subset of respondents may
be reluctant to provide consent to augment their interview data with these al-
ternative sources (Jenkins et al. 2006; Sakshaug and Kreuter 2012;
Struminskaya et al. 2020). A key question, therefore, is: How can researchers
determine the extent of selection errors in the augmented data, and effec-
tively minimize them? Furthermore, issues of measurement accuracy can
arise. As these external data sources are often used to assess the validity of
survey measurements, researchers typically assume that these data are error-
free, or at least more accurate than the survey data. However, the validity of
this assumption does not always hold in practice (Kapteyn and Ypma 2007).
Thus, a critical question facing researchers is under what conditions this as-
sumption is valid, and how to test its validity. Finally, although the use of
digital trace data in survey research is still emerging and only a few surveys
collect these data, what other potential uses and applications of these data
could persuade survey programs to collect them routinely?

The Special Issue

This special issue features five papers that showcase innovative research us-
ing one or more of these survey enhancements to address important research
questions in survey research, as well as a paper discussing ethical issues of
collecting such data. The issue begins with two papers on paradata.
Garbarski et al. (2023) investigate how interviewers’ evaluations of respond-
ents’ performance relate to respondents’ behaviors and response quality dur-
ing interviews, as well as their relationship with sociodemographic
characteristics of both interviewers and respondents. Their findings support
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the notion that interviewer evaluations accurately reflect the interview situa-
tion, reinforcing their credibility as a measure of data quality. Gummer et al.
(2023) use web survey client-side paradata on browser window and tab
switching to examine the issue of respondents looking up answers to political
knowledge questions in online surveys. Their results indicate that a
nontrivial share of respondents look up answers, leading to higher rates of
correct answers, but that providing explicit instructions not to look up
answers can reduce this behavior.

Bollinger and Tasseva’s article (2023), which uses data from a household
panel survey linked to administrative unemployment benefits and earnings,
examines misreporting in benefit programs and earnings. They identify evi-
dence of underreporting of benefits and misreporting of the program from
which benefits are received, as well as cases where benefits are reported as
earnings. West and Andridge (2023) propose a measure to evaluate
non-ignorable selection bias in pre-election polling estimates, which relies on
aggregate information for the nonselected likely voter population. They eval-
uate this measure using pre-election polls conducted before the 2020 US
presidential election and the 2015 general election in Great Britain.
Henninger et al. (2023) investigate attitudes toward privacy in relation to
mouse-tracking paradata collection. Using a vignette experiment, they study
factors that influence willingness to participate in a survey that collects
mouse-tracking data, finding that respondents were less willing to participate
in a survey that included mouse-tracking data collection when the requests
for the survey participation and paradata collection were posed sequentially
versus when both requests were bundled together, and that explaining the
purpose of the mouse-tracking data collection did not increase willingness to
participate. These studies are part of a special issue that features innovative
research using survey enhancements to address substantive and methodologi-
cal questions. The special issue concludes with a paper on research ethics
and challenges when augmenting surveys with paradata, administrative data,
and contextual data, authored by the guest editors (Struminskaya and
Sakshaug 2023).

Conclusion

To conclude, the above papers highlight the innovative possibilities that arise
from augmenting surveys with these alternative data sources, but also point
to the challenges involved in their acquisition and integration. As the survey
profession moves forward, we anticipate witnessing continued advancements
in this field, building on the progress made over the past decades. We wish
to thank everyone who submitted an article for the special issue. We are
grateful to all authors and reviewers for their time, efforts, and commitment.
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Finally, we would like to thank the editors in chief of POQ, Eric Plutzer and
Allyson Holbrook, for their unwavering support along the way.
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