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Abstract
The level of interpersonal trust among people is partially determined through the sense of smell. Hexanal, a molecule which
smell resembles freshly cut grass, can increase trust in people. Here, we ask the question if smell can be leveraged to facilitate
human–robot interaction and test whether hexanal also increases the level of trust during collaboration with a social robot. In
a preregistered double-blind, placebo-controlled study, we tested if trial-by-trial and general trust during perceptual decision
making in collaboration with a social robot is affected by hexanal across two samples (n� 46 and n� 44). It was hypothesized
that unmasked hexanal and hexanal masked by eugenol, a molecule with a smell resembling clove, would increase the level
of trust in human–robot interaction, compared to eugenol alone or a control condition consisting of only the neutral smelling
solvent propylene glycol. Contrasting previous findings in human interaction, no significant effect of unmasked or eugenol-
masked hexanal on trust in robots was observed. These findings indicate that the conscious or nonconscious impact of smell
on trust might not generalise to interactions with social robots. One explanation could be category- and context-dependency of
smell leading to a mismatch between the natural smell of hexanal, a smell also occurring in human sweat, and the mechanical
physical or mental representation of the robot.
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1 Introduction

Trust is central to effective interactions and collaborations
with robots [1, 2]. The ability to establish and sustain trust
in a robot determines the functionality and success of the
interaction between humans and robots [1]. Too much trust
may lead to over-reliance in the capabilities of the robot,
whereas too little trust leads to under-utilisation [3].Given the
important role of trust in human–robot interaction, an under-
standing of how distinct social cues shape trust behaviour is
vital. Trust between agents ismodulated by amyriad of social
cues, including smell [4, 5]. Hexanal, a smell resembling the
smell of freshly cut grass, can increase interpersonal trust [6].
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Here, we ask if hexanal can increase trust behaviour during
human–robot collaboration.

Trust during human–robot interaction can be defined as
“the attitude that an agent will help achieve an individual’s
goals in a situation characterized by uncertainty and vulner-
ability” [2, p. 54]. Sanders and colleagues [7] argue that four
factors are important determinants of trust in human–robot
interaction: robot performance, robot reliance/human com-
pliance, individual differences, and collaboration. Previous
research focused on influencing trust via alterations of the
robot, e.g., introducing more human-like features or chang-
ing other aspects of its appearance [8]. However, trust is not
only directly mediated by the features and behaviour of a
robot by itself, but also by the human perception of these
features and behaviours while interacting with a robot [1, 9].
One effective way to manipulate trust during human–robot
interaction is to focus on a feature of the robot that can be
easily changed with the current technological advances and
is an established social communication channel in humans,
namely smell.
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Social communication is established by the intentional or
unintentional release of sensory signals or cues by a sender, in
different communicative channels, for example speech, ges-
tures, bodily posture, facial expression, touch, and indeed,
chemosensory (i.e., smell) signals. A perceiver processes
these signals or cues explicitly or implicitly and acts by
changing their behaviour (including emotions) or attitude
[10–12]. People process perceived social cues from the envi-
ronment, and these cues seem to be transmitted in every
sensory modality [e.g., 13]. Social communication via the
olfactory channel, or social chemosignaling, has gained inter-
est in recent years. The impact of our sense of smell is often
being underestimated, although over the last years research
has uncovered that humans have a remarkably acute and per-
ceptive sense of smell [14–16]. Humans are able to convey
messages of gender, disease, personality, and emotions via
their body odour, that other individuals can (subconsciously)
perceive and act upon [e.g., 12, 17–19]. Chemical signals are
part of the broad array of channels that humans use to com-
municate socially, and our sense of smell may be one of the
factors that can shift the balance of trust in cases where the
collaboration is new or ambiguous.

Previous research has highlighted the potential role of one
particular group of molecules in human social communica-
tion: aldehydes [20, 21]. Aldehydes appear frequently in a
compendium of 1840 volatile organic compounds emanat-
ing from the human body [22] and are named as among the
25 compounds most frequently isolated from the mixture
of molecules found on the human skin [23]. Aldehydes are
responsible for the attractive smell of many fruits and flow-
ers like lavender [24–26], and are present in many highly
appreciated foods [27]. One aldehyde in particular, hexanal,
was previously found to increase interpersonal trust between
humans [6]. In that study, participants played a trust game
with a virtual opponent, while exposed to different smell con-
ditions. Results showed that when participants were exposed
to hexanal (resembling freshly cut grass), participants trans-
ferredmoremoney, indicative of increased trust, as compared
to a control condition where participants were exposed to
eugenol (resembling clove). This effect of hexanal was even
found when hexanal was masked by eugenol, so that the
experimental and control condition were indistinguishable
by smell and indicative of both a conscious and noncon-
scious effect of hexanal on trust. In a follow-up experiment,
participants who were exposed to hexanal, rated ambiguous
faces as being more trustworthy [6]. This set of studies sug-
gests that hexanal can increase interpersonal trust in human
settings. To what extent the trust enhancing effect of smell
generalises across situations and agents remains unknown.

In this preregistered double-blind, placebo-controlled
study, we ask the question if by manipulating a global fea-
ture of the robot via the established social communication
channel of smell, trust behaviour can be increased during

human–robot collaboration. In a collaborative perceptual
decision-making paradigm, the number of answers changed
by the human to the answer of the robot’s, was taken as
reflecting trust on a trial-by-trial basis. General levels of
trust were measured by an established self-reported rating of
trust, the Reliance Intention Scale [31]. This study presents
a conceptual replication of previous work [6], and is directly
replicated by collecting two data samples in parallel. Based
on Van Nieuwenberg et al. [6] it is hypothesized that hex-
anal and hexanal masked by eugenol will increase the trust
relationship between humans and robots compared to the no
smell condition,while other smell conditions (eugenol alone)
will not increase trust compared to the no smell condition.
Specifically, we hypothesized that both unmasked hexanal
(H1) and hexanal masked by eugenol (H2) will increase
the trust-relationship between humans and robots, while the
smell of eugenolwill not affect the trust-relationship between
humans and robots (H3).

2 Method

2.1 Data Statement

The preregistration, data, materials, and code are publicly
available on the Open Science Framework, https://osf.io/
ys8na/. We report all measures in the study, all manipula-
tions, any data exclusions, and the sample size determination
rule.

2.2 Participants

An a-priori power-analysis was done to determine the
required sample size. This was based on previous work [6],
who found, using a between-subjects design with 82 partic-
ipants, an effect of hexanal masked by eugenol of d � 0.79
compared to eugenol alone. This effect is equivalent to an
eta-squared of 0.13, i.e., a medium to large effect. Using a
within-subjects design, we aimed to include 45 participants,
enough to find much smaller effects, as can be expected in
human–robot interaction. We then doubled the amount of
participants (amounting to n � 90). This made sure that a
direct replication of the results was possible, while simul-
taneously allow the two groups of students to collect their
own sample as part of their BSc-thesis. Participants were all
recruited at the same time, through advertising the study in
the local university participant pool and via socialmedia. Par-
ticipants with odd subject numbers were allocated to sample
1, and participants with even subject numbers were allocated
to sample 2. Subject numbers were determined following
entry order. In total, 90 participants participated in the study
allocated two samples collected in parallel. Forty-six par-
ticipants, nine men and thirty-seven non-pregnant women,
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aged 18 to 30 (Mage � 21.8 years, SD � 1.8, age range
� 19–28 years) were recruited as part of sample 1.. Forty-
four participants were included in sample 2, of which 13
male, 31 female. The participants were aged 19 to 29 (Mage

� 21.7 years, SDage � 2.0). Written consent was obtained
from all participants and the study was in accordance with
the guidelines of Utrecht University’s Faculty Ethics Review
Board. The protocol was approved by Utrecht University’s
Faculty Ethics Review Board, under number 21–1272. Par-
ticipants not able to participate due to COVID-19 symptoms
or because they did not meet the criteria of the screening
(including having normal sense of smell) were not included.
Following data preparation one participant was excluded
from analyses regarding the OpenSesame component of the
experiment (number of changed answers and smell ratings)
due to an error in the data file. At the start of the experiment-
ing phase, nine participants were tested with an older version
of the OpenSesame experiment. This resulted inmissing data
concerning smell intensity, pleasantness, and familiarity due
to an error while saving, but their data was used to test the
main hypotheses, resulting in a final sample size of n � 46
for sample 1 and n � 44 for sample 2.

2.3 Design

A repeated-measures design was used with smell condition
(Hexanal,HexanalmaskedbyEugenol, Eugenol, no smell) as
within-subjects factor and trial-by-trial trust decisions, mea-
sured by number of answers changed to the Robot’s answer
during a Collaborative perceptual decision-making task and
general levels of trust, as measured by the Reliance Intention
Scale, as dependent variables. Two samples were collected
in parallel and a Latin-square design was used for counter-
balancing.

3 Materials

3.1 Odours

The odour stimuli were based on the research of Van
Nieuwenburg et al. [6]. Unmasked hexanal consisted of
0.01% hexanal (1 μl; CAS 66-25-1; 98% purity, Sigma-
Aldrich) diluted in propylene glycol 9.999 ml. Hexanal
masked by eugenol (10 ml) consisted of 10% eugenol (1 ml)
and 0.01% hexanal (1 μl), diluted in 89.99% propylene gly-
col (8.999 ml). The masking odour was also presented as a
control condition: 10% eugenol (1 ml; CAS 97–53-0.; 99%
purity, Sigma-Aldrich) and 90% propylene glycol (9 ml).
In addition, a nearly odourless condition consisting of only
the dilutant propylene glycol (10 ml) was also included. The
odours, each consisting of 10 ml solution, were presented in
a 250 ml transparent Duran glass bottle with DIN thread and

cap, and labelled with a random, 3-digit code on the exterior.
Both the participants and the experimenters were not aware
of the coding system. This double-blind design minimized
the chance of an experimenter bias. The odours were stored
in a refrigerator to minimize evaporation and taken out of
the refrigerator at least half an hour prior to the experiment
to ensure room temperature during the experiment. Stimuli
were replaced after every five participants. There was a min-
imum of five hours in between the use of the same odour
bottles to ensure sufficient headspace. Participants rated the
odours for pleasantness (1: very unpleasant, to 7: very pleas-
ant), intensity (1: veryweak, to 7: very strong) and familiarity
(1: very unfamiliar, 7: very familiar).

3.2 Robot

A commercially available robot named Vector (Anki, San
Fransicsco, CA USA / Digital Dream Labs, Pittsburgh, PA
USA) was used in this study. Vector is a palm-sized enter-
tainment robot (3.93×2.36×2.73 inches) with a small head
with LED display, fork, and tracks, that features emotional
expressions in movement and voice. During this experiment
Vector was limited in its movement, but was still able to react
to petting, being put on its side, and made noises. Vector
was placed on the charging station without the rubber bands
normally wrapped around its tracks, to prevent Vector from
driving around the lab. When odour bottles were exchanged
Vector was shortly petted or removed from the charging sta-
tion to ensure its alertness during the condition and prevent
Vector from going into snooze mode.

3.3 Collaborative Perceptual Decision-Making Task

A customized version of a collaborative perceptual decision-
making task was used to assess the extent to which a
participant trusted the robot. This visual task was based on
the research of Di Lollo, Enns and Rensink [28] and of
Kahan and Mathis [29]. Participants were shown a screen
for 750 ms with eight shapes in different colours and asked
whether a specific shape in a specific colour was present in
a particular location on the screen. In total, there were eight
different shapes, eight different colours and 4 different loca-
tions (quadrants). Each shape and colour could be present
multiple times within one trial. After giving their answer,
participants were presented with the answer of Vector. The
answers given by Vector were correct two-thirds of the time,
but participants were not aware of this fact. After receiving
this answer, participants could give their definitive answer.
See Fig. 1A for a visual overview of this task. The level
of trust is measured by the number of times the participant
altered their answer to the answer given by the Vector robot.
Participants did not receive any feedback on their own per-
formance or that of Vector. This was done to discourage a
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Fig. 1 Panelwith visual explanationof the experimental procedure,with
in 1A: the collaborative perceptual decision-making task. To measure
trial-by-trial trust, an collaborative perceptual decision-making taskwas
used adapted from [28, 29]. Participants saw a complex configuration
of visual symbols and indicated whether they had seen one specific
symbol. After providing their initial answer they had the opportunity to

switch their answer to that of the robot. Note that the task was executed
in Dutch. 1B. Overview of the lab setup. In (1) the computer on which
the participants saw the task. Vector is visible at (2). The smell stimulus
was clamped to the chin-rest that the participant was instructed to place
their head in (3). Participants responded using the keyboard marked
with (4). In 1C a visual overview of the entire procedure

learning effect throughout the conditions, to enable the use
of multiple trials in a game concerning social trust, and to
exclude feedback as a possible confounder. Each condition
contained fifteen trials. The experiment was programmed in
OpenSesame [30].

3.4 Questionnaires

After each condition, the Reliance Intention Scale (RIS) by
Lyons andGuznov [31]waspresented inQualtrics (Qualtrics,
Provo, UT). Lyons and Guznov specifically adjusted the
RIS to assess the level of trust in robots by measuring the
anticipated, trust-related attitudes and behaviours towards
the robot. The RIS was chosen to assess trust in the robot
because of the results in a study by Chita-Tegmark et al.
[32]. In this study [32], four questionnaires that measure
trust in human–robot interaction were compared. The RIS
scored best, as no items were labelled “Not applicable to
robots in general". Chita-Tegmark and colleagues replaced
the terms “the/this system” in the questionnaire with the term
“the robot”, as was done in this study. The RIS consists of
10 items (i.e., "I really wish I had a good way to monitor the
decisions of the robot"). The answers were given on a 7-point

Likert scale: “Strongly disagree", "Disagree", "Somewhat
disagree", "Neither disagree nor agree", "Somewhat agree",
and "Strongly agree". In the original study [31], the Cron-
bach’s alpha was 0.83 for the RIS. We found a Cronbach’s
alpha of 0.92, indicating high internal consistency and thus
reliability of the questionnaire. The RIS was translated to
Dutch.

After filling in the RIS, participants were presented with
the Mood Arousal Scale [MAS; 33]. The MAS measures
(potentially odour-induced) feelings by presenting partic-
ipants with six items (i.e., “sad—happy”) in directionally
counterbalanced orders on 10-point scales. This was done to
control for possible odour-induced changes in implicit pos-
itive or negative effect. The questionnaire indicates whether
the effect of the odours on trust is driven by changes in general
implicit affective state. In the current application, a Cron-
bach’s alpha of 0.72 for the Mood Scale and a Cronbach’s
alpha of 0.94 for theArousal Scalewas found, indicating high
internal consistency and thus reliability of the questionnaire.
The MAS was translated to Dutch.
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3.5 Procedure

Potential participants first completed a screening question-
naire containing demographic information (e.g., age, gender,
pregnancy), a self-rating of smell ability, questions probing
exclusion criteria based on [6] and [34], and information con-
cerning COVID-19 symptoms. Participants were provided
with additional information regarding the experiment and,
when eligible, invited to come to the laboratory. One day
before the actual experiment, participants were contacted
again via e-mail to remind them of the preparations: refrain
from drinking alcohol and smoking 24 h before the experi-
ment; avoid using lotions, creams, cosmetics, and deodorant
on the day of the experiment; no consumption of any caf-
feinated drinks 3 h prior to participation; and no exercise one
hour before participation.

At the start of the experiment, the participant was escorted
to the lab, where the experiment was explained. After
receiving this information, the participant provided written
consent. At the start of the experiment, Vector was intro-
duced as a modern and advanced robot and the participant
was instructed to pet Vector and put Vector on its side to
elicit an emotional reaction by Vector. The participant was
then told thatVectorwas programmed to cooperatewith them
on the task. The interaction with Vector lasted a maximum
of two minutes per participant. Vector was then placed on its
docking station, for which the participant was told that it was
connected to the computer to Vector to collaborate. Vector
was positioned, next to the monitor within eyesight of the
participant during the experiment. As part of the cover story,
it was explained that Vector was connected to the computer
and participated in the task by interacting with the computer
directly. In reality, there was no interaction between the com-
puter and robot, and the task was set up in such a way that
Vector’s answers were pre-determined by the experimental
task.

Testing was done in a test cubicle of 4 m2 (air circulation:
5 cycles/h), similar to [6]. The bottle containing the odour
stimulus was placed 3 cm below the nose of the participant
with an extension clamp that was attached to a head-and-chin
rest. Participants were aware that the bottle could contain a
smell, andwere asked to evaluate the smell at the end of every
condition. The participant executed the task on a monitor
(60 Hz) placed 50 cm from the participants’ eyes, ensured
by the chinrest. See Fig. 1B for a picture of the experimental
set-up. The visual detection task was explained using written
instructions and the participant practiced eight trials in the
absence of an odour bottle. The participant was given the
opportunity to ask questions. Once it was confirmed that the
participant understood the task, the main task started.

Each condition consisted of 15 trials of the collaborative
perceptual decision-making task with three follow-up ques-
tions regarding the pleasantness, intensity, and familiarity of

the smell. After each condition, the participant was asked to
leave the test room so that the experimenter could install the
new odour. This was repeated for all four conditions. TheRIS
and MAS were answered on a computer in the waiting room
while the odour was replaced by the experimenter. At the end
of all trials the participants received some additional ques-
tions regarding their preparation on the day of the experiment
(e.g., use of lotions, caffeine). In total, the experiment lasted
30 to 45 min. Afterwards the participants were debriefed,
given the opportunity to ask questions and were thanked for
their participation. Ten gift cards worth 25 euros were raffled
to participants who indicated that they wanted to be eligible
for this compensation.

Due to the COVID-19 pandemic that was ongoing when
this experiment was carried out, participants were asked a
brief health check before entering the lab, and the exper-
imenter and participant kept 1,5 m distance at all times
to prevent spreading of the virus. The experimenter wore
gloves when handling stimulus materials. After each con-
dition, the participant was asked to leave the experiment
cubicle to enable the experimenter to replace the odour bot-
tle. Meanwhile, the participants filled in the questionnaire
about trust and mood arousal on the desktop in the waiting
room. After each participant, all surfaces touched during the
experiment were cleaned using cleaning wipes by WypAll,
from Kimberley-Clark Professional. This included the arm-
rests and seat height adjusters of the chairs, the keyboards
and mouses of the computers, the robot, the chin rest, the
doorknobs, the pens, the tables, and the exterior of the odour
bottles. This was done at least ten minutes before arrival of
the next participant.

3.6 Data-Analysis

Besides a repeated-measures ANOVA with condition (4) as
within-factor preregistered as part of undergraduate training,
we preregistered a generalised mixed-effects logistic regres-
sion model to test the impact of smell on trust decisions, i.e.,
number of times participants changed their answers to the
robot’s answer (binomial dependent variable). We used con-
trast coding for smell condition (condition_smell.f) to test the
three hypotheses. To test a general effect of hexanal on trust
(hypotheses 1 and 2), the first contrast comparedHexanal and
Hexanal masked by Eugenol with Eugenol and the no smell
condition [Hexanal: + 1/2, Hexanal masked by Eugenol: +
1/2, Eugenol: –1/2, no smell: –1/2]. To test if eugenol did not
affect the trust-relationship between humans and robots, the
second contrast compared Hexanal and Hexanal masked by
Eugenol with Eugenol [Hexanal: + 1/2, Hexanal masked by
Eugenol: + 1/2, Eugenol: –1, no smell: 0]. The third contrast
compared Hexanal with Hexanal masked by Eugenol [Hex-
anal: + 1/2, Hexanal masked by Eugenol: -1/2, Eugenol: 0,
no smell: 0], to test the impact of Hexanal masking. Fol-
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lowing [51], we started with a maximum random effects
structure and systematically reduced the complexity until
convergence. The following generalised mixed-effects logis-
tic regression model, with smell condition as a fixed effect
(contrast coded), by-subject and by-round random intercepts
successfully converged for sample 1:

changed_to_vector ∼ condition_smell. f

+ (1|subject_nr ) + (1| round)

For sample 2, the following model, with smell condition
as a fixed effect, by-subject, by-trial, and by-round random
intercepts successfully converged:

changed_to_vector ∼ condition_smell. f

+ (1|subject_nr )
+ (1 | tr ial) + (1| round)

To test an effect of smell on general levels of trust, a linear
model was fitted with smell condition (contrast coded) as
fixed effect.

We also report Bayesian posterior distributions as an
additional source of information about the evidence for the
alternative hypothesis versus the null-hypothesis given the
data.

4 Results

To confirm that conditions did not differ in the amount of
induced arousal or induced changes in mood, the scores
on the MAS were compared using two repeated measures
ANOVAs. There was no effect of the different odour condi-
tions on mood, sample 1 F(3, 129) � 0.55, p � 0.645, ηp2
� 0.01; sample 2 F (3, 129) � 2.07, p � 0.107, ηp2 � 0.05.
There was no effect of odour condition on arousal, sample 1
F (3, 129) � 0.42, p � 0.739, ηp2 � 0.01; sample 2 F (3,
129) � 0.72, p � 0.545, ηp2 � 0.02.

During the collaborative perceptual decision-making task,
participants changed their answers on average on 2.1 (sam-
ple 1) and 1.9 (sample 2) out of 15 trials. Decisions to trust
the robot were consistent through the rounds of the collab-
orative perceptual decision-making task (Fig. 2A). Average

A

C D

B

General trustTrial-by-trial trust decisions

Trial-by-trial trust decisions and general trust

HexEug PG

Eug Hex

1 2 3 4 5 6 7 8 9 101112131415 1 2 3 4 5 6 7 8 9 101112131415

0

1

0

1

trial

N
um

be
r 

of
 a

ns
w

er
s 

ch
an

ge
d

Sample

Sample 1
Sample 2

Trust decisions across trials

Sample 1 Sample 2

0 1 2 3 4 5 6 7 0 1 2 3 4 5 6 7

1

2

3

4

5

6

7

Trial−by−trial trust decisions

G
en

er
al

 tr
us

t

Sample 2

Sample 1

Eug Hex HexEug PG

0.0

2.5

5.0

7.5

0.0

2.5

5.0

7.5

Smell

N
um

be
r 

of
 a

ns
w

er
s 

ch
an

ge
d

Sample 2

Sample 1

Eug Hex HexEug PG

1
2
3
4
5
6
7

1
2
3
4
5
6
7

Smell

G
en

er
al

 tr
us

t

Fig. 2 No effect of smell on trial-by-trial trust decisions and general
trust. Trial-by-trial trust decisions, as measured by number of answers
changed to the Robot’s answer, remained constant throughout the tri-
als for each smell block (A). Trial-by-trial trust decisions and general
trust, as measured by the reliance intention scale (RIS) were positively
correlated (B). No effect of Hexanal nor Hexanal masked by Eugenol
was found on trial-by-trial trust decisions (C) and general trust, as mea-
sured by the reliance intention scale (RIS) (D). No differences were
observed between the smell conditions for both measures of trust. Indi-

vidual answers per participants and trial are visualised in A and coded
as 1: changed, 0: not changed, with a nonparametric smoothed curve
added to indicate overall trends. Average general trust and total number
of changed answers indicative of trial-by-trial trust per participant are
visualised in B, while rain clouds plots with errors bars reflecting 95%
confidence intervals are shown in C and D [50]. Eug: Eugenol, Hex:
Hexanal. HexEug: with Hexanal masked by Eugenol, PG: propylene
glycol
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level of trust of the robot was 3.3 (sample 1) and 3.4 (sam-
ple 2) on a 7-point scale. Trial-by-trial trust decisions and
general trust were positively associated (repeated measures
correlation across participants and conditions [52], sample
1: r(124) � 0.14, [−0.04, 0.31], p � 0,14; sample 2: r(139)
� 0.26, [0.10, 0.41], p � 0.034,), confirming the validity of
the operationalization of trust (Fig. 2B).

Hexanal and Hexanal masked by Eugenol did not increase
trust decisions on a trial-by-trial basis compared with
Eugenol and the no smell condition (sample 1: β � 0.05,
p � 0.80, 95%CI � [−0.37, 0.47]; sample 2: β � 0.01, p �
0.95, 95%CI � [−0.42, 0.45]), or Eugenol alone (sample
1: β � 0.07, p � 0.69, 95%CI � [−0.28, 0.43]; sam-
ple 2: β � −0.09, p � 0.60, 95%CI � [−0.44, 0.26])
(Fig. 2C).Directly contrastingHexanalwithHexanalmasked
by Eugenol showed that for sample 2 (β � 0.20, p � 0.03,
95%CI � [0.02, 0.37]), but not for sample 1 (β � −0.03, p�
0.71, 95%CI � [−0.20, 0.14]), trial-by-trial trust decisions
were higher for Hexanal compared with the Hexanal masked
by Eugenol. Bayesian analysis revealed similar results with
moderate support for the null hypothesis (See online supple-
mentary files on https://osf.io/ys8na/).

Hexanal did not impact general levels of trust ascribed
to the robot, as measured using the Reliance Intention Scale
(Fig. 2D). Hexanal and Hexanal masked by Eugenol com-
pared with Eugenol and the no smell condition (sample 1:
β � 0,43, p � 0.07, 95%CI � [−0.03, 0.89]; sample 2:
β � 0.27, p � 0.19, 95%CI � [−0.14, 0.67]), or Eugenol
alone, (sample 1: β � −0,25, p � 0.18, 95%CI � [−0.63,
0.12]; sample 2: β � −0.14, p � 0.40, 95%CI � [−0.47,
0.19]). Directly contrasting Hexanal with Hexanal masked
by Eugenol showed that general trust ratings were higher
for Hexanal compared with the Hexanal masked by Eugenol
for sample 1 (β � −0.21 p � 0.03, 95%CI � [−0.39, −
0.02]), but not for sample 2 (β � −0.09, p � 0.29, 95%CI
� [−0.25, 0.08]). Bayesian analysis revealed similar results
with moderate support for the null hypothesis (See online
supplementary materials on https://osf.io/ys8na/).

Together, these results contrast with our predictions: Nei-
ther Hexanal nor Hexanal masked by Eugenol increases
trial-by-trial trust decisions during collaborative perceptual
decision-making or general levels of trust.

Finally, to check whether the conditions differed in pleas-
antness, familiarity and intensity, the odour ratings for each
condition were compared by means of three repeated mea-
sures ANOVAs, with condition as factor and the ratings as
dependent measure. Due to an error in the programming of
the experiment, these values were not recorded for the first
few participants. This resulted in different sample sizes for
this analysis: n � 43 for sample 1, and n � 40 for sample 2.

There was a difference in the ratings for pleasantness in
sample 2, Sample 1: F(3, 123)� 1.0, p� 0.397, ηp

2 � 0.02;
sample 2: F(3, 117)� 11.2, p <0.001, ηp

2 � 0.22. In sample

2, hexanalwas rated asmore pleasant than hexanalmasked by
eugenol condition (mean difference � 0.90, SE � 0.29), p �
0.019, and hexanal was rated as more pleasant than eugenol
(mean difference � 1.28, SE � 0.31), p � 0.001. Propylene
glycol was also rated as more pleasant than eugenol (mean
difference � 1.15, SE � 0.23), p <0.001. Critically, there
was no difference between the condition pairs pertinent for
the hypotheses tested in the study, i.e., hexanal and propylene
glycol, and hexanal masked by eugenol and eugenol alone.

There was a difference in the ratings for intensity; sample
1: F(3, 117) � 32.9, p <0.001, ηp

2 � 0.46; sample 2: (3,
117) � 38.9, p <0.001, ηp

2 � 0.50. Bonferroni corrected
pairwise comparisons suggested that the eugenol conditions
were significantly more intense than the other two condi-
tions, p’s<0.001. Critically, the propylene glycol condition
did not differ in intensity from the hexanal condition (mean
difference � 0.45, SE � 0.32), p >0.05, nor did the eugenol
and hexanal masked by eugenol condition differ from each
other (mean difference � 0.28, SE � 0.19), p >0.05. While
there was a difference in the ratings of familiarity in sample
1, F(3, 123) � 2.98, p � 0.034, ηp

2 � 0.07, there was no
difference in familiarity ratings for sample 2, F(1, 117) �
1.51, p � 0.217, ηp

2 � 0.04. No pairwise comparisons were
significant after Bonferroni correction for multiple testing.

5 Discussion

The aim of this study was to investigate the impact of smell
on trust during human–robot collaboration. As a concep-
tual replication of previous work during human interaction
[6], we tested the influence of hexanal on trust ascribed to a
social robot during collaborative perceptual decision-making
in two samples. In contrast to our predictions, we did not
observe a hexanal-mediated increase in both trial-by-trial
trust decisions and general trust during human–robot collab-
oration. Neither masked nor unmasked hexanal influenced
trust compared to the control conditions. While hexanal
increased interpersonal trust between humans [6], we did not
observe an increase in trust during human–robot collabora-
tion.One explanation of the contrasting results is that hexanal
might work in a context-dependent manner. In general, many
effects of smells on human behaviour have been found to be
dependent and modulated by context. For instance, in one
now famous study, participants rated the pleasantness of the
same odour mixture as pleasant or unpleasant, depending on
whether it was labelled either ‘parmesan cheese’ or ‘vomit’
(i.e., a linguistic context; [35]). In a similar study, the pro-
vided label context of a diverse array of smells was found to
influence physiological reactions to those smells in addition
to rated pleasantness, including skin conductance and sniff
volume [36]. While in a social context with a human agent,
hexanal would increase interpersonal trust, this effect might
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disappear when the interaction takes place with an artificial
agent. As hexanal occurs in human sweat [20] and serves as
a social cue, it can be paired to trustworthy others via asso-
ciative learning. Removing one part of this context, i.e., the
human social interaction, would then mitigate the effect.

Perceiving and interactingwith social robots is determined
by an interplay between visual features of the robot, such
as the shape and size, and knowledge factors within the
human observer, such as expectations and beliefs [9]. A sim-
ilar breakdown has been made for trust during human–robot
interaction, with factors related to the robot, human user, and
task and environment, being critical in determining trust [37,
38]. A small-scale meta-analysis [37] suggested that out of
these three factors, the features of the robot, in particular its
performance, are influential in determining trust during col-
laborations with a robot. The perception of the performance
of the robot can interact with expectations held by the human
user. If misaligned, for instance if the expectations of the user
are high but the performance of the robot is poor, an expec-
tation gap might appear [39]. Lower trust can be the result
of not only low reliability of the robot [40], but also unmet
expectations [41, 42]. Interpersonal trust is a multifaceted
phenomenon dependent on a myriad of factors, and a focus
beyond performance-, behaviour-, or appearance-related fac-
tors is warranted to explore new ways to facilitate optimal
trust during human–robot interaction.

Trust can be operationalised and measured in various
ways. Here, we assess trust on two levels by measuring
trial-by-trial trust decisions during a collaborative percep-
tual decision-making task and general trust as measured by
an established questionnaire. These measures have success-
fully been used in previous human–robot studies [e.g., 28, 29,
32], and were found to correlate moderately in the present
study. However, we did not observe an effect of hexanal on
these measures. The possibility exists that hexanal may have
much more subtle effects on trust beyond the range of these
tasks. One way to improve the sensitivity of the task in future
studies could be to increase the number of trials on which
there is an opportunity to change the answer to that of col-
laborating robot, although this could have attrition effects
on the participant’s attention. Another possibility to further
test the hypothesis that hexanal can influence human–robot
trust, is to operationalize human–robot trust in a different
way. Van Nieuwenburg and colleagues [6] used an ambigu-
ous face paradigm and a single trial trust game. Both tasks
might be more sensitive to establishing changes in trust than
the current measures.

For humans, the sense of smell drives approach and avoid-
ance behaviour, serves as a guide to what we eat, and has
a social function [43, 44]. Human body odours contain
information on who we are, what emotions we are feeling,
and whether we are healthy or not. This information has
communicative value for other people [e.g., 12]. Both the

general public and the scientific community underestimates
the power of smell. The human sense of smell is much better
than most people think and olfaction is often neglected as
a modality for scientific research, with its traditional strong
focus on vision and audition [e.g., 14, 15]. This ignores the
role olfaction plays in human social interaction.With increas-
ing insights in the role of smell, the potential that olfaction
may offer to improve communication in social contexts can
be explored, for example to improve trust between humans
and robots. The important roles olfaction as a primary sense
play in our daily lives justifies more attention.

Before dismissing the effect of hexanal on trust, or on
human–robot trust, completely, several alternatives should be
considered. First, a closer replication of the previous study
[6], using a trust game with a human and robot condition, or
using an ambiguous face task, should be considered. Second,
other odours may be considered to test their effect on trust of
robots. Natural odours, including body odours, are usually
highly complex mixtures of tens or hundreds of molecules
[19, 45, 46]. A more ecological approach would be to test
the effect of hexanal within a mixture of odours, such as
the smell of lavender that has previously also been used to
improve interpersonal trust [4]. Counter to this, would be
the possibility to test the category- and context-dependency
by using more artificial odour mixtures, such as the smell
of data, an odour specifically designed to serve as a warn-
ing signal in case of data leaks by olfactory artists Leanne
Wijnsma and Froukje Tan [47]. Another potential bias in the
current study paradigm was a misattribution of the smell to
the robot: participants may have attributed the smell con-
ditions to the experiment, or to the room, instead of to the
robot, mitigating a potential effect. Although this explana-
tion is not very likely, since the same procedure was used
in the study by Van Nieuwenburg et al. [6], future studies
should consider to directly scenting the robot instead of using
‘external’ fragrances. Finally, cross-platform generalisabil-
ity [48, 49] could play a role. In a recent evaluation of trust
questionnairesmost often employed in human–robot interac-
tion, issues of generalisability have been reported [32]. Items
used in a questionnaire not necessarily generalise across
robots or situations. This offers the possibility that a com-
plex interaction between odour, robot, and trust measure
might explain the results. Together, these considerations offer
great opportunities for future studies to employ context- and
category-dependent odour-robot combinations using amulti-
dimensional assessment of trust. For instance, a study could
investigate the effects of a human- and machine-like robot
paired with natural and synthetic odour.

In conclusion, we did not observe an effect of hexanal on
trust in human–robot collaboration, which was operational-
izedusing twodifferent dependentmeasures.Acategory- and
context-dependency could potentially underlie these results,
whereby the associative learning linked to social chemosig-
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naling mismatches with the cognitive representations of the
robot. Since smell is a means to communicate a diverse
array of signals, social chemosignaling offers a new vista for
human–robot interaction and to enable fluent collaboration
between robots and humans. The current research is a first
endeavour into how the sense of smell is potentially involved
in human–robot interaction and highlights the need for more
research into the social functions of smell more broadly.

Author Contributions Conceptualization: IC and RH; Data cura-
tion: IC, AB, LVE, and RH; Formal analysis: IC and RH; Investiga-
tion: AB, LC, LVE, SH, DVM, and SW; Methodology: IC and RH;
Project administration: IC; Resources: IC; Software: LC, LVE, SH, and
DVM; Supervision: IC; Validation: IC and RH; Visualization: AB, LC,
LVE, SH, DVM, SW, and RH; Writing—original draft: IC and LVE;
Writing—review and editing: IC, AB, LC, LVE, SH, DVM, SW, and
RH.

Funding No specific funding to be declared.

Data Availability and Materials Data and materials can be found on
https://osf.io/ys8na/files/.

Declarations

Conflict of interest All authors report no conflicts of interest.

Open Access This article is licensed under a Creative Commons
Attribution 4.0 International License, which permits use, sharing, adap-
tation, distribution and reproduction in any medium or format, as
long as you give appropriate credit to the original author(s) and the
source, provide a link to the Creative Commons licence, and indi-
cate if changes were made. The images or other third party material
in this article are included in the article’s Creative Commons licence,
unless indicated otherwise in a credit line to the material. If material
is not included in the article’s Creative Commons licence and your
intended use is not permitted by statutory regulation or exceeds the
permitted use, youwill need to obtain permission directly from the copy-
right holder. To view a copy of this licence, visit http://creativecomm
ons.org/licenses/by/4.0/.

References

1. Herse S, Vitale J, Johnston B, Williams MA (2021) Using trust to
determine user decision making & task outcome during a human-
agent collaborative task. In: Proceedings of the 2021 ACM/IEEE
international conference on human-robot interaction, pp. 73–82

2. Lee JD, See KA (2004) Trust in automation: designing for appro-
priate reliance. Hum Factors 46(1):50–80

3. Krueger F, Meyer-Lindenberg A (2019) Toward a model of
interpersonal trust drawn from neuroscience, psychology, and eco-
nomics. Trends Neurosci 42(2):92–101

4. Sellaro R, van Dijk WW, Paccani CR, Hommel B, Colzato LS
(2015) A question of scent: lavender aroma promotes interpersonal
trust. Front Psychol 5:1486

5. Sellaro R, Hommel B, Rossi Paccani C, Colzato LS (2015) With
peppermints you’re not my prince: Aroma modulates self-other
integration. Atten Percept Psychophys 77(8):2817–2825

6. Van Nieuwenburg D, De Groot JH, Smeets MA (2019) The subtle
signaling strength of smells: Amasked odor enhances interpersonal
trust. Front Psychol 10:1890

7. Sanders T, Oleson KE, Billings DR, Chen JY, Hancock PA (2011)
A model of human-robot trust: Theoretical model development.
Proc Human Factors Ergon Soc Annu Meet 55(1):1432–1436

8. Natarajan M, Gombolay M (2020) Effects of anthropomorphism
and accountability on trust in human robot interaction. In: Pro-
ceedings of the 2020 ACM/IEEE international conference on
human-robot interaction, pp. 33–42

9. Hortensius R, Cross ES (2018) From automata to animate beings:
the scope and limits of attributing socialness to artificial agents.
Ann N Y Acad Sci 1426(1):93–110

10. Croijmans I, Beetsma D, Aarts H, Gortemaker I, Smeets M (2021)
The role of fragrance and self-esteem in perception of body odors
and impressions of others. PLoS ONE 16(11):e0258773

11. de Groot JH, Smeets MA, Rowson MJ, Bulsing PJ, Blonk CG,
Wilkinson JE, Semin GR (2015) A sniff of happiness. Psychol Sci
26(6):684–700

12. de Groot JH, Semin GR, Smeets MA (2017) On the communica-
tive function of body odors: a theoretical integration and review.
Perspect Psychol Sci 12(2):306–324

13. De Groot JH, Semin GR, Smeets MA (2014) I can see, hear, and
smell your fear: comparing olfactory and audiovisual media in fear
communication. J Exp Psychol Gen 143(2):825

14. Bushdid C, Magnasco MO, Vosshall LB, Keller A (2014) Humans
can discriminate more than 1 trillion olfactory stimuli. Science
343(6177):1370–1372

15. Schaal B, Porter RH (1991) “Microsmatic humans” revisited: the
generation and perception of chemical signals. Adv Study Behav
20:135–199

16. Pause BM (2017) Human chemosensory communication. Springer
handbook of odor. Springer, Cham, pp 129–130

17. Lübke KT, Pause BM (2015) Always follow your nose: the func-
tional significance of social chemosignals in human reproduction
and survival. Horm Behav 68:134–144

18. Parma V, Gordon AR, Cecchetto C, Cavazzana A, Lundström JN,
OlssonMJ (2017) Processing of human body odors. Springer hand-
book of odor. Springer, Cham, pp 127–128

19. De Groot JH, Croijmans I, Smeets MA (2020) More data, please:
Machine learning to advance the multidisciplinary science of
human sociochemistry. Front Psychol. https://doi.org/10.3389/
fpsyg.2020.581701

20. Jha SK (2017) Characterization of human body odor and identifi-
cation of aldehydes using chemical sensor. RevAnal Chem. https://
doi.org/10.1515/revac-2016-0028

21. SmeetsMA,RosingEA, JacobsDM, vanVelzenE,Koek JH,Blonk
C, Gortemaker I, EidhofMB,Markovitch B, de Groot J, Semin GR
(2020) Chemical fingerprints of emotional body odor. Metabolites
10(3):84

22. de Lacy Costello B, Amann A, Al-Kateb H, Flynn C, Filipiak W,
Khalid T, OsborneD, Ratcliffe NM (2014) A review of the volatiles
from the healthy human body. J Breath Res 8(1):014001

23. Dormont L, Bessière JM, Cohuet A (2013) Human skin volatiles:
a review. J Chem Ecol 39(5):569–578

24. Schilling B, Kaiser R, Natsch A, Gautschi M (2010) Investigation
of odors in the fragrance industry. Chemoecology 20(2):135–147

25. Khan IA,AbourashedEA (2011)Leung’s encyclopedia of common
natural ingredients: used in food, drugs and cosmetics. John Wiley
& Sons, New York

26. Ter Heide R, Timmer R, Wobben HJ (1970) Investigation into the
composition of lavender and lavandin oil. Some new components.
J Chromatogr 50:127–131

27. Tsuzuki S (2019)Higher straight-chain aliphatic aldehydes: Impor-
tance as odor-active volatiles in human foods and issues for future
research. J Agric Food Chem 67(17):4720–4725

123

https://osf.io/ys8na/files/
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
https://doi.org/10.3389/fpsyg.2020.581701
https://doi.org/10.1515/revac-2016-0028


1438 International Journal of Social Robotics (2023) 15:1429–1438

28. Di Lollo V, Enns JT, Rensink RA (2000) Competition for con-
sciousness among visual events: the psychophysics of reentrant
visual processes. J Exp Psychol Gen 129(4):481

29. Kahan TA,Mathis KM (2002) Gestalt grouping and common onset
masking. Percept Psychophys 64(8):1248–1259

30. Mathôt S, Schreij D, Theeuwes J (2012) OpenSesame: an open-
source, graphical experiment builder for the social sciences. Behav
Res Methods 44(2):314–324

31. Lyons JB, Guznov SY (2019) Individual differences in human–ma-
chine trust: a multi-study look at the perfect automation schema.
Theor Issues Ergon Sci 20(4):440–458

32. Chita-Tegmark M, Law T, Rabb N, Scheutz M (2021) Can you
trust your trust measure?. In: Proceedings of the 2021 ACM/IEEE
international conference on human-robot interaction, pp. 92–100

33. Salovey P, Birnbaum D (1989) Influence of mood on health-
relevant cognitions. J Pers Soc Psychol 57(3):539

34. Vennemann MM, Hummel T, Berger K (2008) The association
between smoking and smell and taste impairment in the general
population. J Neurol 255:1121–1126

35. Herz RS, von Clef J (2001) The influence of verbal labeling on the
perception of odors: evidence for olfactory illusions? Perception
30(3):381–391

36. Djordjevic J, Lundstrom JN,Clément F, Boyle JA, Pouliot S, Jones-
Gotman M (2008) A rose by any other name: Would it smell as
sweet? J Neurophysiol 99(1):386–393

37. Hancock PA, Billings DR, Schaefer KE (2011) Can you trust your
robot? Ergonom Design 19(3):24–29

38. Khavas ZR, Perkins R, Ahmadzadeh SR, Robinette P (2021)
Moral-trust violation vs performance-trust violation by a robot:
Which hurts more?. arXiv preprint arXiv:2110.04418.

39. Kwon M, Jung MF, Knepper RA (2016) Human expectations of
social robots. In2016 11thACM/IEEE International Conference on
Human-Robot Interaction (HRI), pp. 463–464. IEEE.

40. Desai M, Medvedev M, Vázquez M, McSheehy S, Gadea-
Omelchenko S, BruggemanC, SteinfeldA,YancoH (2012) Effects
of changing reliability on trust of robot systems. In: 2012 7th
ACM/IEEE international conference on human-robot interaction
(HRI), pp. 73–80. IEEE.

41. Lohse M (2011) The role of expectations and situations in human-
robot interaction. New frontiers in human-robot interaction. John
Benjamin, Amsterdam, pp 35–56

42. Groom V, Nass C (2007) Can robots be teammates?: Benchmarks
in human–robot teams. Interact Stud 8(3):483–500

43. StevensonRJ (2010)An initial evaluation of the functions of human
olfaction. Chem Senses 35(1):3–20

44. Boesveldt S, Parma V (2021) The importance of the olfactory sys-
tem in human well-being, through nutrition and social behavior.
Cell Tissue Res 383(1):559–567

45. Wood AP, Kelly DP (2010) Skin microbiology, body odor, and
methylotrophic bacteria. Handbook of hydrocarbon and lipid
microbiology. Springer, Berlin

46. Gallagher M,Wysocki CJ, Leyden JJ, Spielman AI, Sun X, Preti G
(2008) Analyses of volatile organic compounds from human skin.
Br J Dermatol 159(4):780–791

47. Wijnsma L, Tan F (2016) The smell of data. https://github.com/Jip-
Hop/SmellOfData. Accessed 28-02-2022

48. HortensiusR,Hekele F,CrossES (2018)The perception of emotion
in artificial agents. IEEE Trans Cogn Devel Syst 10(4):852–864

49. Henschel A, Hortensius R, Cross ES (2020) Social cognition in the
age of human–robot interaction. Trends Neurosci 43(6):373–384

50. Allen M, Poggiali D, Whitaker K, Marshall TR, Kievit RA (2019)
Raincloud plots: a multi-platform tool for robust data visualization.
Wellcome Open Res 4:63

51. Barr DJ (2013) Random effects structure for testing interactions in
linear mixed-effects models. Front Psychol 4:328

52. Bakdash JZ, Marusich LR (2017) Repeated measures correlation.
Front. Psychol 8:456

Publisher’s Note Springer Nature remains neutral with regard to juris-
dictional claims in published maps and institutional affiliations.

Ilja Croijmans (PhD 2018, Radboud University) is an Assistant Profes-
sor in language and communication at the Faculty of Arts, Radboud
University Nijmegen. His research focuses on how people communi-
cate about smells and flavours and what the ramifications of this is, and
how smells can be used in verbal and non-verbal social interaction.

Laura van Erp is at the time of writing finishing her BA in Liberal Arts
and Sciences, majoring in Social Psychology, and her BSc in Biomed-
ical Sciences at Utrecht University. Currently, she is studying to get
a teaching degree in biology for secondary school, while writing her
thesis about the influence of a postprandial state on mesolimbic brain
activity in healthy adults.

Annelie Bakker (BA 2022, Utrecht University) finished her bachelor
Liberal Arts and Sciences, majoring in Social & Health Psychology
and Humanistic studies (at the University of Humanistics, Utrecht).
She is currently organizer of the largest student sporting event of the
Netherlands, the rowing competition ‘De Varsity’.

Lara Cramer (BSc 2022, Utrecht University) studied Psychology at
Utrecht University, with a major in Health Psychology. She is cur-
rently a second-year honours student at the University of Amsterdam,
enrolled in the Bachelor program Future Planet Studies.

Sophie Heezen (BSc 2022, Utrecht University) studied Psychology at
Utrecht University, majoring in Social Psychology. She is currently
enrolled in the Master’s program Social, Health & Organisational Psy-
chology, with a focus on Social Influence.

Dana van Mourik At the time of writing, Dana van Mourik (BSc
2021, Utrecht University) was finishing her bachelor in Psychology,
majoring in Social Psychology. She is currently finishing her MSc
in Clinical Psychology at the University of Twente. She is doing a
clinical internship in specialised healthcare, working with personal-
ity disorders and anxiety & mood complaints. She is also working on
her thesis on predicting long-term stability and variability in mental
health.

Sterre Weaver (BSc 2021, Utrecht University) finished a bachelor
in Psychology, majoring in Social Psychology, at Utrecht University,
during which she collaborated on research regarding the influence of
smell on trust. She is currently finishing her BA in Religious Studies
at the same university focusing on the interfaces of religion and psy-
chology.

Ruud Hortensius (PhD 2016 cum laude, Tilburg University) is
an Assistant Professor at the Department of Psychology at Utrecht
University, The Netherlands. In his research, he investigates social
cognition during interactions with social robots and other artificial
agents using behavioural testing and neuroimaging, thereby particu-
larly focusing on long-term interactions in- and outside the laboratory.

123

http://arxiv.org/abs/2110.04418
https://github.com/Jip-Hop/SmellOfData

	No Evidence for an Effect of the Smell of Hexanal on Trust in Human–Robot Interaction
	Abstract
	1 Introduction
	2 Method
	2.1 Data Statement
	2.2 Participants
	2.3 Design

	3 Materials
	3.1 Odours
	3.2 Robot
	3.3 Collaborative Perceptual Decision-Making Task
	3.4 Questionnaires
	3.5 Procedure
	3.6 Data-Analysis

	4 Results
	5 Discussion
	References




