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ARSCRE— T T E A R DA BT SO o B S i 2 AR
(multi-step study) . BAKTIF , A SCHYBF 5800 R 2 b B 5 T AR W BCF R
P B SEIRTE RIS B IR A AT 60 W 5 45 R 5 A BR P O CHRE ]2 O
63 ST Hor b B E RS AT X . fE S oy H IR H
T3 AR K E FE T3 22— v DR B BOR iy f I AE R AT B AR 2
A1 75 7 T DR, o T 3 0 R S e ek S — S R BRI A LT
Z B 2 B Bk 3 (Hua & Shaw, 2022), MAb.7eid & H4EP, hE
AR AT A T B RRAS B < REAR 7, v B AR 28w AE B R B N T 3 2 A
AL T AR, B A R AR R TE 4 BRI B N AT
B i (Zhang et al. , 2020; Jia & Liang, 2021), HEBUN¥ KBEHEM A TH
il ST 1 Bk R JR A O B T I G R I G B 2 —, Sl — R AN BUR Mg I

Lo PRI « BU A 22 5 05 B S0 OR 24 A 5 SO T R B BB k2 .
2. FAE AT 2L R SO RO B IR AR DR

- IAMCR JtRR - ErE PEIEE -
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R H B AALTE T I i b R AT /52 07, B AR s e A B, Horp
— U A G TS M2 RN TE e T OU R R ED BB, R IR A R
ST I A 42 3R 28 U R 42 4 )2 T X A B0 BER (Sun, 20195 Nguyen &
Hekman, 2022) . #iiX— & X5 » o EAERNH ™l b i % e e O slvF 2 51k
1 25 JUAF BL 4 TR A g 28 B 1A ff R R 1 2% B P A 0 AL B TR TR 2 —

H R AR AR DA 22 0 K ) S B 2 AR 2, a1l i R I B iR
S J) IRV TT A ARITIR B MR 2 — o SR Tk S e 1 I R o S b [ A 2
IETEAR B R 2B 7 19 DR R B 7 S 1 Y AT A B R B A
2 AT s Z %0 T v 807 SO A T3 807 BoR DU SR i e . A
W8 & A2 XF M BEAT #1838 o SRR D H A 4 1 AY rb [ 80 SRR A S T LA
R WL o ASA9F 5 A T A A o S 52 Bk L WL RN B UL A B R 12 9 1) 3 B 7
HoE e A,

A FE I F2 B Y 2 58 2 WA B R S 2B A BT D7 TR AR R A 34 b Y
B Sl D WFSE P A ST o] 3 5 A A AE 2R S BRI A AR AR G T
AR 2) PRI T AT O ST R B BOR . TS
T W BEAT AN K BT 2450 5 W 38 = 4F I (] It LA S T T30 A F 50 ) A
WEFE AL BETE B AR W5 07 ik AR s W Bl R i — e R B AT
SCE Y i 2k TAR R 0 2 SR 1l 9 T PR R AT TR

. R E F

AFTEA I EZ B E 5, AT S e BB AT A AR R 1At 2 3
WHBGET 5T L SCH IR ZR TR0 B B R $2 98 PP A i 78 vp i SC B A
RO B — B 3 FUHC L A S B 532 i 1 IR T A TR] A DX 3 A
TR B IR SCRUTHOR B BB R (R R R L R 2R A — A Bl AR
BIEATS AT X or B A RS T o 35 2 R B B B O S A 2R A B 4 s AT
SERITREE T S R TEAS [ |25 [ A 42 2R A% i I 265 22 18] 55 5K 0% R 1 B2 2R 1 058 v O
B . TR BT 32 DL g i HE A <07 IR 1 B 3 7 (Beck, 2006) B9 S8 &, 7E X
AR B 3 Al B A A R & R T — M5 i 18 B9 T Be (methodological
approach) . fiJ Il 75 Z + X — W FEHE SR FuVF o 3 70 A IS L6 4R vp A AR £ | Xl [
G2 AL 22 BBl A Ry 3R BEIE 2 [R] B A 2 00000 88 B2 G 2 A 2 BB
(4 ok A 5 1 R 42 B B P A R . FRATTIA O DAt T B A Bk LA T K
) 5 ] A A ] S22 T 2 — > AN T 20 B A 4 22 48— 1R (Niguyen, 2017) , i H [ 45 4
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S ] DA [A] 24 ik S R) Y B AR A 2 — . il B I AT A AT LA (el
A BRPL L A nT B A DR A Ml 1o 3 T Y B8 R X — [l i n] LR S
At k7 Bk s S, DL OB ] 38 1 S04k (Nguyen & Hekman, 2022),

H AW IR B bR A T IH B — 2278 J7 BOA SRR b W8 E2 2 X v [
BF SR R AR . A X ) B SRR 0 AN ) 4 B N 22 b 3R BT 2 RY BIF 5 B
Kt Z AR PG J7 35 18 b 3 A7 TE A 20 A B0 G R — Sk T AR 4R B ik, 9 4, X
Hh P Bl 3R A T 0 B AR DO AT OO A A BR AL L X BT I B9 4R 52 T O &
4t (social scoring system) 175 i 70 B A F2 B A7 7 1% (Business Insider, 20183
Wired.2019) , A7 —863CEE L) Sz 5 FE I 14 28 fil il 22 v [ 800 SCAk o b 1 8
TR 2 5 VE 7 Ak S B B A AR R AR e AR AR S RY % I (Sparkes,
2021,

FEP ST IR M A F R ARMRANATH H AT SRS € 505 A
[EPEER SN S E s B R R RS iy N i |91 B N KA 4 DBV
#H (Wong & Dobson, 2019), H i 2= %) i BT S0y LR # A+ 4 0—JF
RFEBIE R ZREANE . A, o AR — 1 1 B [ 4 58 1 I 4% 1) 3 28 3
SR, TR AFE o 8 i A A e i S, T b BB SRR i &
e B FAE T8 5T, AT 22 0RO A L A% R b B0 e A T BOR TR Ml AT A=
TR PE R S DL S A AT an ] P75 R 78 2Bk BE & L Pr 4 W 00 ff £5 . 38 X A
2, FAT A BB 0T v [ 805 SR B IR DL A3 B e 25 i fl i B WR 2 T
R IR L SR AR DR . 3 AT LALE FR AT 4 5 O R BR v 00 20 B ED R L 2 A S FE Rt
V3 R DA S O e PR AN [ 0 U R R SRR R . D S A
G TR b WL v [ 118 250 S A SR IR 24 I 5 I 4 3R R e Y e R e 1)
RN AR B 2 55 2 2

= . X #Ek e m

(=) WA 5 HF Xk

H R (technology) . EUF k5% I (digital transformation) 14X % 4k (digital
culture) 2 T 28 4 SCIR AL & VA BT b L =38 4y B,

BRI, X AT —F R A BRI 5 S
S BUA SR R A/ B Y, A AT A AR AR AR &R A A
YERIRZE 0 TE SRk e R R 3 T H R 9 HE & sz 7 4R B S 95l At 2
Ak AR S, R f B 28 U MNBOR BRI AF (0 #1230 SC A0 R 1 [
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e AL —FE R R RIS BXEE, WA BARBAGFRZ S . HE
46 A T] B2 P MY L RO HR B AR SO AT R AR S R T S G R
(Verbeek, 2006) ., 7EMLTE 50T FRATR A F LU F LA IE 09 816 . A
Ak A0 465 28 I E BUFE HER - N TR AR CAD R B L X B4 A0 4 186 K
Z T DA B X LI A AR AU B O AT 3R B T AR AU R AL B A M
ARV 38 R AT AR BB AR O A S e p R R a2 uG . A AR
Tk

FLWR S BT A AT DA B A Ry — A AR Y AEL A3 A AN 38 I IR A Ak R 8
oAb 0 SR o B ORI TR 2 ) A Sh ik, #E 2 ORI £ 80T B
HA T RO [ A 2 40 B A 2R AR N 2 S IR = ) ) #E 4 B B (Bunz &
Meikle, 2017) , 3 46 %5 5 I A A0 £ A0 081 25040 ok 2 90 HL B0 A9 1 A o £81) a0 36 7
TR AR B Ok R 2 B AR A B B R A P 4k
LR S H 8l 17 (datafied) (Mejias & Couldry. 2019) . %4 fb 7
JE MK R TR BB 10 R R AR T 2 1 AR R L R TR IS A 23 45 A
UL 25 B U A R AU o B AR A0 L B 1 B 0L L I A R A < B PR R A
20 46 2 4 Y 1) R IR TR L U (BRI ™) 55 . iy SO T3 8040 9K 2
2 AR A 1 M (L L Ak XU R i 7 SR R T BT A AL S IR BRSO R A
AT H AR B R b & R .

W B AR it A SCATE T8 TR IF 00T, 7 LUIE R 4L S B B A B 508 H R
A DM . DRI, FRATTHRE B AR 22 0 0 O — i L R S A (A0 R 19 S fb A 7R
LW B T BT SO B RE S . AR Bollmer fWL A TR AT BT Ak E XK
SATENH A, “ X T H AR M AUFE (narratives) | ¥ 15 14 35 18 4 55 6l % it
(material infrastructures) , DA & A AR ol HAth B & (bodies) (1 4 #LGE 77 , B AR L6 A]
B BRI AT E AT M I E 17 (Bollmer, 2018,p. 20), $F SCAbiyix — & X,
FRVEFRATE P A [W] (39 2 12 R PR AT 9% 7 0k R JF SEIE I 9T . TR UL O T XX
S K I S EEK 1 4 R S UE A 5, FRATT 0 3k 3 AT B T G A Rk 52 A rp 5 v
B AR G 0 5 1B R BT AT 4 B 1 B AUE 76 v [ BT o5 4 S A 5 TR A
T AT X v [ R P P A A 0] s A R R LA B ] A AT o 2 Ak 34 it o
T A AR B AR AT RE . 3T 4 Joi) DA A 4% 1A A T A A B 1 R SF 42 30 B
SO 5 S35 2 PR Ay 0 S0 Ak 0 M AN A 5 i e A 1 A A 2 T e
Je—FPAEIRFR I, X FP AR M 14 R B b 23 B M RR A B R (L 29 A
(RS Es NN 2

BEAN  FEAR + B BRI A [F) RS v R A7 7 B — R 7 S T R A B £
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AR %07 304k (Bollmer, 2018) . ARG HT A , 3115 304k Al R e [ % 1) B 2%
FEUL A Ccontainer-view ) $5 41t ) 25 B2, F& AT T 0 5€ 1 B 86 S0 f 3R 90 Y 4 ¥
(clusters) J& WA itk A 5 [E 52 i X 2% (networks of transnational influences) ¥,
TEAWEFE v VF 2R X B 52 19 SRR A2 AT BB A M 1 E X OF AN B R 3 Al AT] BT
Ab 0 SCAR ARG BAE SE PR B 5 [ B A, 5 S AN B A —E AR S A (]
PIA 2 o5 i 2 5 7 1 32 30 AR S A A 25 B 45 R 1Y b D N DX 0T SC Ak DL K R
FE R BRI S), X—FTR A R R LA E T E R

(Z) #PEHHEFXMHMHFAR

Tt 2 T AN H A WO I 7, B e v B R B E AR T b AR 4
Hoo e, FEak kA, b E ST T — 7R S N 4 e R A
Al L IR AT 2 )2 W K Tk BOUE SR B sk B R L e Bk M ok — 4
T T E H RS BB AR (Lee et al. » 2021), ITAE K, 2% B T v [E 4L
A R BIE ST W73 22, LR 7 B F 9T | 4 U 2 R B 6 AR 1 58 LA AR
1117 2507 B AR X e [l e 2 S 5 ) 2 R e — > 40 R AR X O A B 5T

FAREE DA W00 25 B8 (IR 3T (9 JLITURI S8 3 R 1 4k 2 e st B 5 4R
SHEZBIMOCR, RLEHFFE R W] T R A L] A ) 3 RN B R AL 2 R SCAk
Y3 BT A B £ £5) (Peng et al, 20215 Xie & Chao, 2022) EAMEiERE T Ay
HRAT8h F L (Sun & Yan, 20200, DL K 7 4k 58 S5 44 vl b 397 70 ) 22 SOAR 3R 3k 52
PRBY SCAK R B (Xia & Wang, 2022; Zhu & Ren, 2022), Hofts A U]t 4] P b A
FE T v A 2 A 5 SC AR A R M (Fitzgerald et al. o 2022, BL K %7 44 o faf
S Ak B U SCAE AT R AR (Wang, 2022)

WA — Lo % T )92 Y R R b R P A o R BeORL RSO 3K 3 IR
B AR X BRI SR B, v P A R LE T O O b G s 1 £
Wb, SCA PR R AR 8 3 AR S [ B 40 S5 3 17 T4 R0 RT 422 52 M 04 I8 R (Kostka,
2019, F—2 0 SEUFE & BLAE L b AL 2 )RR A7 e A N B 4 4 i 5 AT fE
BL 35 o [ e =2 BRRA o) AR M 1) D605 B P B (Wang & Yu, 2015),

B AR5 s T o AU SO R B 2t . BT SO A 23 2
IO VE A S AR ) B F AR AT BE 45 76 R TR B B R 2 B0 40 A TR) i 58 % =X 7=
RTE BRI . SR HE TR AT T 20, A A A F 5 4R 58 A o] 3 3 6 F B AR 1 B LA
A NI 55 R S B R 48 7R SCAL R R alE AR . 7E X B S0k R R HE AR v, A4S DA
TR 3 6 A 4 1y B T BER LR S IR R S MM EARER R
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FRATHY B AR TE Z 1A AT 5T R A Bl b e e 2n N b R P ey SRR
TN APEAE B AT AR TG AR . B0 SO = SO AR SCOT R S8R
WEFERIRE R BE O T TS 5C T HOR i A0 JRAT 20 B 1 2 9 S A R A S AR I
AR G2 L0 T L 308 SR A A R R B9 0T 58 7 122 R AR AR B B9 I J0 0 %
B SO R PR R Al BERE A H AR FTRETE) . 5T DL B2, JRAT A [ 2%
PUT PS5 17 2

L. B & 37 B SRR Ao AR SRR AR fE 3R I8 298 IR 3 HOR B R A AT A AR AE R 7

2. W E A P he AT B S Fo iR A R AL B CH AT K S A R A ) 7

D 125 LB 1) R B ATTIA A 5 22 05 1 AN SR 4 3 19 T L R 44 0 a0 B 1Y

W, AR ik

ASCHY SRR 45 & T 2R @ M E BT E . 9 7RIS RO 56
A S0, A4S & 7 A SN A R 28 3 A B R . AR SO BN G
R B8CHE IR S 1 AR AR S A SO IR i CAnd g AR RO L H RO R B RO
AR OCHRE D b SCHE S AR Can G ) BRI OGN IR . T TR O TR
AL SZ AR BT 7 — TRl A, A FATT R X — /N o0 v [ T P i
FrviRk, LAANSE5E IR A 25 2R . FRATTIE) 28 I 8 17 % 5 0 1 4 2 ) 30 Wi £
I3,

(—) B3 & AT

X o T I 4 B N 2 00 B B R R TR b A R AR RIS BOR I BT
TR HESL  RR 52 5 B Y A0 (8 R XURS: AH G B N 25 . BT B IR A AT SR R A 6 >
T 0] R ) A RO TR, 3 S [ T 2 /D AE — s AR B B AT DA AN N W R I
PR RER Ry R SCAR S A A B P R AR G v M E 5 AT REAE A IR
AL WO T HOAR MY £ AU X S R AEAR KRR BE 1 A5 9K 2 o 1% e 1 44 0 3 11y
(Nguyen, 2017), ASHIFFE 3 B FE A AL $5 = 5 e 52 W0 14 v 3 SO ) 48 14k
(R RIOCHE HIROMCANR B, Z P kX = 5 HHE, 2 W e i7E
2 A I LIRS ) i 3 2 TR R AT AR AR . FEAS Y I E) 15 Sy 2010
AEZE 2021 AF  FEAS BT 4 E I, FATTE 0 OB R AL 45 - TR BE (AD R B
(big data) . X He4% (blockchain) FI# B W (Internet of things) ., AT H # M Bk
S I A 0 e O 3l v feft T DA O SR ) R A7 R 3R L SRS R IR IR ) e i
FI 34k A 28 23 ORI TE-IDF | iy 44 52 PR U3 0 32 880 485 45 1 A RLIR 31037 1)
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2 3 FT 0 FH A HE 8 (van Atteveldt et al. , 2022), &1 & 2, AE R L &R Z
BT B AT 2 (358 07 12 00 9 [ SO BEAT UL B RS, FRATT 2 % SR 26 ) 3]
TE AR AEAT N T2 JF A~ 1) 15 2K (word clusters) FRic B X R BOHERY , i
Ja il iy A TE R AL A T3l e S R [ Sh i N A AT A R A . R
N 38 E S o3 Hr o A v S AT st ) — 90 23 (A, AT 25 (] Krippendorff's
alpha ZBORVFAL MG 5 AN TAE R OB FE S8 iy — 20 B A 3)
AN A 7 I ATS RE Y B AT 4 Ok I [ R B UL

e GE LR R AL 52 BEMR R AR 330 1 B S Al AT AT TR B 0 M A o 225 IR
X A 2 ARSI T IR ATHE S AT AR F Fry 23 8], kg 452
WA L) 2 I TRt B AT R AR B A . AR D 2 B A SR &
Z— AR SR A I b BT AR L DY e B AT 4 A BT B R S R
B A N TE o AROT 5T 300 8 o B A9 APT WSO A [R] 5C 4 i) A [R] — 15 [6)
Bty AR5 A 3l N 2 00 A 00 D 2 b BRSO B . R BOR Dy TN AE A BH
fiek ol A1) v WAL B M A A 0 T AT DR e 4 e BOAT AR SRR (9 4 DX R 45
PRGN R AL S BEAAR B BB AR S5 15l T € 1R 4 (Kozinets, 2019)

(=) &5 H#

TR (4 35 350 43 S 78 1) 6 R A AT IR A 6k . [ — 3y 45 A
ST T 2 R R R 2 R R Bk B R T i L 9]
FLANT AT 2 1) X A B I 5 2) Xt R R A D4R 5 3) X AR U 3R Y F
B DX HE ARG FE 255 NAGETH 4Rk, —J7 i, FAT] A B 38 aod 5 2 [
RIT 2 V5 X KB N T RE L X BB A B 0 5 O — i, AT A
BE N I) 36 T g AT ] DA A i S R B AR A Al AT A T R 1

X T (7] 35 ) A R 56 43 B 44 B0 ) o B R B R RN B ol 18~ 45 % b R
HR P, AERTI B B FRATT 3 i — A A S RS 5 8] 4 )7 (Wenjuan) 6]
HEIFRAT T IRA NG, o FRE R AT IR A TR . 2022 4R
9 H L FATIFIR 5 rh B — FK T WG ML G 1 o 7R T R S 04 4 T AR i B T
V. SR A BT R S w3 R R AR S A, BT A LA M
R, 25 96 10 P G o] A Bk DA B e BB BT AR R L R ATt T LMK 5y ) 3 v
B P B RS BE TR LR . 5 b, FRATT AR TR AR X ) s R 5 E LA B
VS ONIRE 2531 s N U D R S5 N S e ST P -

FRATIR) A A SR 388 2o 5 M U R ) 5 1250 D T8 S AT RO A5 R 3 B T —
A [ A (08 L0 o] 98 3 B R AE B AR TS Th Al R Z IR AR
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AN &)

(=) ANTA A+ CH H R E 695

T W REAS SO TR A 5 vk AT AR AR R ) (South China
Morning Post s SCMP )X N T4 G842 A W 4 18 Ay 191, A T v (=155 Fel 268 44 2 ] 72
ANHTE B RR Y IR AR R, EHAR RN R (R R KR THEG
M SCAR SRR PR EE R, FHEEPEDELRERWBHEAFRZ —, X
AR g A 4 A 1) T AR Sk RO Gl R 555 IBORT A G 18 v SRR CRICON R
HHEOSCHE B .

i 1 R, AN 2010 4E ] 2020 4L (R RO Z R T 1032 5 B ¢
HEANTERER T, e LA B ) B, 2 0 R ek T2 A6 B0 R 0 i 18 W 35 3
JnL7E 2016 4F3A % 338 .

338
320
173
ﬂl%166—
=
=22
B el
3_
1._

201|4£F, 201|6’EE 201|81*r|E 202|0ﬁE
B 1 2010 Z 2020 F£HE (FEEBIEHAWATIEREXALEZHE

AR E R R AN TR R ARMETME. JLT 80X/ X
THERHIE T HARXS TR AT A T B A AN DA R HOR R R A, TR
N TR BRI RE L, (R 8 R0 By SR 56 I8 J2 B Y L AR 2 B8 K B0 Ak i
F 3 A B AR B & A ORI AR XRS5 55 (5] 0A f) 74 5 41 380 i i 13 6T LG
SRy 5 A H TR ARG TR R N TR R AT BE 2 R By MR L IR L R ol A G At 48 B
a5 (Nguyen & Hekman, 2022),

(g A O X N T RE B AR Y 43 0 5 BOR X% R R I T HE R
S BN, B B OCTEEORTE Q& W B E R 4R i ELAT AR B R $2 T
B R B N2 7. S8R, S AE I A At 7 58 A 1 43 Bt ) F
FEER LA, (HCEERMRA AT B AR S 8 2 0 A & FEE IR
BE AR B AR DL S5 52 R RIR S 5 ), 3R OCE BOR A A 5 Y B e
R AR I AN B AT G 4 A FH 194 2 8 [ R0 R ) 0 55 58 4 AN AEAE L AH 5 R B AR
BN TR BeAH B A Lh L 17 &t B IR 2R £
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(Z) FEA P XTI S AN E

FERTIN B BErh, — 3647 86 44 A RE R T IE A ) 4 . FRATTE A A Y
AR I 3 CHNATI 0 AR5 F 55 T X S R T P, X s 25 SR IR AN B0 R TR
MIAE R 2 4E 4R 30 10 4 1 B0 0 45 51 (BT LR AT X B bR 8 28 X R S w0 40 1y
TR, 2T TR AR R — SR R BT 4

FERTIREA M F AR P (60. 5% 2 F B MHEARH (37, 2%, B A
W4 Z Ui B A RS [ OB G HAl ™) . 1R 3 24 & 00 35 4 i
H39.2 F(SD=14.10) , FAFR MW ZViH 14 % wAEK W 75 % . B TR BY
B in) %2 5 E R A8 B A B B RA 4k 58 9 4% TR I 4 K 22 87 i
HE DI A B S A (94,2200

WE 2 FE 3 R, KEEIR 52 55 MERRMATAZ N T8 R EmAT
T S AEL X AR X e 14 38 B2 A 42 100 WL JBE A SR AR ok T i & IR R s 3 ok
A B, FLAE ELAR i S B rp S SR X A B A
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il =
AR ABTE H— R s B e K
B2 HRM“ATE®"—AHREBREEAD? (N=86)
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0 [ 1

PR AT A—m#E LTS TR B
B3 RMRRE —APHRBEREAN? (N=86)
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Xof AN [ 44 1) 1) % N 2 S, () A i L o 32 7 3 6 S [ 2 A R 348 11 R o i
b REBAFIR AR AT A R & 09248 Qi 53 10, M=38.0, SD=2.0,
N =86) ,{HX] X P (1 24 B ] W 3l (M =6.5, SD=2.6, N=86),

M) X BN B T AR S R 205 U R ORT AR At
MR EEMEEERBM=7.2, SD=2.2, N=86), LK &+ ik M=7.0,
SD=2.6, stmﬁﬁmﬁﬂ\ HTHERHASANKRWM=6.1, SD=2.6,
N=860) B FRERXREBH(M=5.9, SD=2.5, N=86) I fgfi Rita#, 4 k%
B2 VUi HBRE B R fa AR RO (M =8.0, SD=1.9, N=286),

REBCZVi# R AR H S E B R FA(M =8.22, SD=1.7, N=286),
[FIRE L, R ZE N AR R =M B C IR FAM =8.47, SD=1.8, N=86),

T E A RBE B A BN I AR A5 A SR R B 3 Bl b Tz b Al
BT HAR . W 4 FE 5 R BAR R 28052 U5 X BRI 15 BE B Al AT] 52
AN EARAF S 25 BE S AE AT R 2 M0 ) T Ik o BT B R AE R AR R R SR R
YEF .

45
40
35 F
30
25 +
20 +
15 +
10 F
ol [
O
i KR 13z A
H4 “MEHEARETHRIASABRF (N=86)

60.0%
50.0%
40.0%
30.0%
20.0% |
10.0% + . l

0

Bl
RAE NGRS pss PHRERE
Bs5 “BFrEAEEGALREERRER"(N=86)
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TEVEA 5 A AR O B8 AS [] 545 KU (A B AL A= A0 B30k R L AR 4R L 55
W R ZBZ V5 H 2R A O EIRE] 1388 KU HAE A A S5 T A AT B -
Koot 6 4 Gl 9 10)

BRI Bk A BEAH AT HE A9 4538, ELIE QN A0 (R A 1O N T8 RE 4
TE () 26 43 i 45 SR T R IR AE » B BT R F P WL B¢ 45 B R R 3 1
HR OGS A 1 B A AR A 3 R B — B

SR AT E R B, 32 U5 B W BORTEMAT A 16 b R A5 B4R 5 BT AN
B0, 40. 796 (952 V5 Rn BUT-BORIEAMATIR 9% 7R B 6], 43, 160 B2 D5
FR BT BRI TR AR . W 6 BT A ATiE IR B A
LS AT A {7 452 e R R A TR 41T 9 B RA A Ok B AR 5 32 B

50.0%

45.0% +

40.0% }

35.0%

30.0%

25.0% |

20.0% |

15.0%

10.0%

5.0%

o [

SN N - P, W Th AR
Rl M B M

B6 “HFHRARUBEMNHBAERETZZINMKATANEE"(N=86)

SEIRASCH T R 58 T —/NER 3 SEE J3 A AH FRATI AR B T — S S WL 5
SR B R CH R AR ) X AT R 5 A 5C i E B AT AU A IR X AT L SE
VBT P AR B AR AP SR R AR 03X 5 0 O B BOR R T AR L
St o AEPETT A A BRI L SR ERAA R B ML R — LB R
RS AR A LT g p AT DL BE AR . FRATTIA S [ B9 B L SO AR fil
FHE S T X — 22 53 A9 B DR o e, AT TS i 00 i B [ i i) o 4 0 A 45 21 1
— SR S5 . BN B AT R 2 X R R AR R vk L (H A i R E T
FI B 0 B Sk 2 W) 4 A< 80 A0 A (A AL 4 7 B A T RIS A VG 3583 44 o 3K A 5 22 )
BT — A A BRI L o SR, FRAT i 5 2 5T R A AR AR B R BT R A Y T T4 DR
o B UE 3k — S5 18 B T S
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Understanding Digital China:

Chinese Perspectives on Data-Driven Technology

Dennis Nguyen, Bei Wang
(University of Applied Sciences Utrecht , Netherlands)

Abstract Taking the technology-related discourse in the Chinese context as
research object, combining automated content analysis, survey, and in-depth
interview, this study explores the main discourse frames that Chinese news outlets
and social media incorporated to report data-driven technologies and how Chinese
technology users perceive and evaluate the current technological trends. The
preliminary study discovered that the technological discourse of the Chinese
mainstream media were positive in general, which differed a lot from the negative
technological discourses in western countries. Though most of Chinese public held a
positive attitude toward technologies, they also showed worries about potential
technological risks. We argue that different political cultures and contexts for
technology use are likely reasons for these differences between China and western

countries.
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Introduction

In this short research note, we introduce our multi-step study on Chinese
digital culture as perceived from a Chinese angle. More specifically, we center
our research efforts on public discourses and citizens as ‘users’ of digital
technology in China and put them in contrast to prevailing views about
‘Digital China’ in the Global West (especially Europe and Northern
America). China is considered one of the most important and influential
technology powers and digital markets in the world. It has been frequently
described as a success story for a rapid, deep, and broad digitalization of its
society (Hua & Shaw, 2022), so much so that it has been described as being
more advanced in the adoption of digital technology in daily life than many
Western societies. This concerns the wuse of technology for various
commercial, administrative, but also cultural and social purposes.

Furthermore, over the past decade, the Chinese technology sector has
given birth to its own versions of ‘Silicon Valley’ and Chinese tech companies
established themselves beyond their enormous domestic market, with players
such as Huawei or TikTok having become recognizable brands worldwide
(Zhang et al. , 2020; Jia & Liang, 2021). The Chinese government considers
tech development, especially in the field of big data and artificial intelligence,
as a matter of elevated national importance. Its policies and economic plans
aim at strengthening the Chinese tech sector. Some of these developments
cause frictions with geostrategic competitors, first and foremost the U.S. A
who closely and critically monitors China’s foreign digital policy in respect to
global economy and security (Sun, 2019; Nguyen & Hekman, 2022). In this
sense, China’s tech ambitions are another factor in the general decoupling and
geopolitical polarization between the world’s two largest economies over the
past few years.

China’s approach to technology as a key component for its economic
growth and attempts to increase influence are hotly debated issues in Western

public discourses. Yet, what the Chinese public discourse itself looks like and
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what Chinese users think about technology trends seem an unaddressed issue
in these discussions. Relatively little thought is given to how Chinese digital
culture gives meaning and value to digital technology. The present study aims
to expand on this and is intended to add to a growing body of research on
Chinese digital culture through empirical investigation. The underlying
assumption is that the role of cultural practices, norms, and values is essential
for the manifestation of tech adoption.

The study’s main objective is to explore and describe Chinese digital
culture through two closely interwoven analytical approaches: 1) to
investigate how Chinese public discourses build and distribute narratives about
the role of tech through specific framing practices; 2) to research how Chinese
users perceive, assess, and adopt technology. Since this ongoing research
project commenced only recently and has an expected duration of two to three
years, in the present paper we will mainly focus on the research problem and
motivations, central research objectives, the methodological approach and a
few preliminary findings from the ongoing data collection. We conclude with
an outlook for the next steps, especially in respect to the main challenges for

the empirical component of this research endeavour.

Research Motivation and Background

There are two main motivations behind this study: first, it aims to
contribute to our understanding of how cultural factors are essential for
shaping the perception, adoption, and evaluation of digital technology in
specific socio-cultural and political contexts. The digital transformation is a
global trend, but its concrete materialization and effects are configured by
diverse regional and local factors. Making sense of digital technology and
defining its purposes as well as value are a process that takes place in dynamic,
partially fuzzy but still distinguishable local contexts. These are not in any
way secluded or isolated from each other but emerge in a complex field of
tension between national, transnational, and global networks of communication. We
thus take a methodological approach in our critical investigation of different

digital cultures, which is inspired by Beck’s proposal of ¢ methodological
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cosmopolitanism’ (Beck, 2006). In short, this framework allows researchers
to analyze distinct, concrete manifestations of social interaction that center on
local, regional and/or national horizons of societal organization without
ignoring the inherently transnational and global forces that shape them. The
different layers from local to global and national to transnational are not
separable boxes but exist on a continuum (Nguyen, 2017). China is one
important case study for researching how global tech trends become focal
points of regionally and locally oriented discourses and how culture gives sense
to tech but also how tech shapes culture (Nguyen & Hekman, 2022).

Second, we aim to address what we see as misconceptions among some
Western observers in politics, culture, and business about Chinese digital
culture. While there is a growing body of research on Chinese digital culture’s
different dimensions and manifold manifestations, evidently stereotypes and
unfounded assumptions seem to prevail in Western discourses. For example,
there are oversimplifying portrayals of Chinese users as not caring about
personal privacy and misunderstandings about the scope and extent of
penetration of the so-called social scoring system (Business Insider, 2018;
Wired, 2019). Some framings paint a dystopian picture of Chinese digital
culture as a polar opposite to the values of Western societies and their liberal-
democratic traditions (Sparkes, 2021).

How the Internet and digital technology become part of daily life in China
is surely different from the West. It would be naive to argue that the Chinese
digital realm is ‘just different” and that there were no problematic issues that
raise ethical questions such as personal privacy and data ownership (Wong &
Dobson, 2019). However, portrayals of Chinese digital culture can appear
one-dimensional and do not always consider its diversity. Furthermore, there
is a Chinese digital public sphere that spans across Chinese social media
networks in which people form communities and discuss current issues. By
acknowledging the complex context in which Chinese digital culture comes
into being, we aim to shift angle to Chinese views on the role of technology in
their lives but also on the global stage. In this way, we hope to expand our
understanding of what assumptions about Chinese digital culture are accurate

and which ones are false. This, in turn, may allow to identify and reject
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shallow stereotypes, support the formulation of legitimate criticism, and
locate potential for dialogues through better understanding alternative
viewpoints. At the very least, taking a closer look at Chinese digital culture
through empirical research seems imperative for engaging with current issues

and risks that shape the global digital transformation.

Technology and Digital Culture

It is important to define some key concepts that we work with throughout
this research project, namely technology, digital transformation, and digital
culture.

Beginning with technology, we find it important to clearly state that we
do not see it as just a neutral material ‘thing’ that is somehow value-free and
detached from social, political, and cultural considerations. On the contrary,
we posit technology as the outcome of the interplay between different non-
technical factors that shape its conception. introduction to society, and
effects. Economic and political environments as well as prevailing social and
cultural norms are as essential for tech development as progress and innovation
from a technical point of view. Moreover, technology is neither good nor bad,
but it can never be neutral either, as it is intended to introduce changes to our
relationships with the social and material worlds that we interact with
(Verbeek, 2006). Against this background, we focus on specific digital
technologies that implement different forms of datafication, automation, and
networked interaction. These drive most of the trends associated with the
digital transformation around the globe: artificial intelligence (AD), big data,
blockchain, and the Internet of Things. We select these for their
transformative potential and popularity in tech discourses.

Next, the digital transformation can be understood as a global yet
unevenly distributed dual process of mediatization and datafication, which
stimulates increasing automation. Put differently, a growing number of digital
interfaces mediate social interactions between human and non-human entities
across societal domains (Bunz & Meikle, 2017). These digital media often

rely on data to fulfil their intended purposes (e. g., buying products, seeking
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and sharing information). By including more and more digital media into
various daily routines, eventually most of them become ‘datafied’” (Meijas &«
Couldry, 2019). This can inform the development of ever smarter algorithms
that promise efficiency and convenience but also poses certain risks for
individuals and social groups alike. Examples are privacy invasion, algorithmic
discrimination, manipulation (e. g., ‘dark patterns’), cybersecurity breaches,
and information disorder (e. g., ‘fake news’). The perception of values,
benefits, risks, and harms that come with data-driven technology are context-
dependent and cultural factors play an important role in how processes of
technology adoption are shaped.

Technology trends are embedded in cultural discourses that can reveal
how relevance is assigned to new innovations in society., We thus approach
technology adoption as a cultural process that is inherently value-loaded and
normative. This links to the concept of digital culture. Following Bollmer
(2018), we define digital culture as an assemblage of °three elements,
narratives about technology, material infrastructures that shape communication,
and the physical capacities of bodies, human or otherwise, in their ability to
move and perform specific acts’ (p. 20, original italics). This definition of
digital culture allows for its operationalization to conduct empirical research
with different methods along the quantitative-qualitative spectrum. Simply
put, to investigate these interconnected dimensions empirically, we explore
dominant tech narratives through the analysis of Chinese tech discourses in
news media and social media, while we conduct surveys and interviews with
Chinese tech users to analyze in what infrastructures they make use of what
technological possibilities. We approach digital culture from both a collective
and individual dimension. It takes individuals who use technology to have
digital culture, but it is at the same time a collective performance in which
certain norms and values emerge and govern the acceptable adoption of
technology.

Furthermore, there is not one digital culture but many different digital
cultures that have different scopes ranging from local to global (Bollmer,
2018). As mentioned earlier, we take a critical view on the ‘container-view’

of culture and nation-states and rather focus on how certain clusters of cultural
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performance are embedded in networks of transnational influences. The felt
reality by many individuals might be ‘national’, but that does not mean that
the cultural formations that they are part of are somehow capped off and
detached from others. While there are dominant mainstream cultures, there
are various local and regional subcultures and flows of interaction that reach

beyond national borders. This also applies to varying extents to China.

Researching Chinese Digital Culture

Technology plays a central role in daily life in China, both for personal
and professional purposes. The country hosts some of the world’s leading tech
companies and Chinese society has adopted data-driven, automated solutions
at a rapid pace over the past decade. The global pandemic only accelerated the
digitalization of daily routines in China (Lee et al., 2021). Research on
China’s digital transformation is growing, especially in the intersection of
business studies, economics, and international relations. However, a
relatively new and important research subject is the social-cultural impact of
digital technology on Chinese society.

While still comparatively small in numbers, several recent studies place
emphases on the relationship between social and cultural practices and
technology. These show how digital media are sites for the creation and
negotiation of social and cultural meaning (e. g., concerning gender roles)
(Peng et al., 2021; Xie & Chao, 2022), grassroots activism (e.g., for the
environmental context) (Sun & Yan, 2020), and the performance of culture
through novel multi-textual expressions in social media (Xia & Wang, 2022;
Zhu & Ren, 2022). Others critically examine the cultural distinctiveness of
Chinese social media (Fitzgerald et al., 2022) and the reinforcement of
mainstream culture and Han-identity through digital media (Wang, 2022).

There are also a few studies that explore Chinese users’ views from a
broader view with an emphasis on privacy and data-driven governance. These
show that attitudes are more nuanced than often implied in Western discourses
and how cultural factors shape expectations and perceptions of acceptability for

different data practices (Kostka, 2019). Further empirical findings point to a
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crisis of trust concerning personal data in China, which directly contradicts
claims about lacking sensitivity for the issue in Chinese society (Wang & Yu,
2015).

In summary, the different studies show how complex Chinese digital
culture is and that the same technologies can take partially very different
forms and have different effects due to cultural and social filters. However, to
our knowledge, not many studies have yet investigated how narratives about
tech as well as individual views and practices can uncover the cultural
processes through which technological trends are made sense of, filled with
meaning, and connected to values.

We aim to supplement previous research efforts by first taking a bird’s
eye view of how Chinese users perceive, adopt, and evaluate the role of
technology in their lives. The tripartite definition of digital culture serves as a
compass for the empirical approach: to investigate narratives about the tech,
we analyze public discourses in mainstream and social media; to explore perceptions
of tech and the experience of digital culture (i. e., infrastructures and
possibilities) s we turn to surveys and interviews, Based on these considerations,
we intend to find answers to the two main research questions:

* How do Chinese news and social media discourses frame data-driven

technology in their reporting?

e How do Chinese users perceive and evaluate technological trends

(especially in terms of benefits and risks)?
To approach these, a multi-method approach is deemed not only suitable

but absolutely necessary.

Methodology

The empirical part combines several qualitative and quantitative research
methods. For charting the public discourse, the study deploys a combination
of automated content analysis and possible netnography. The primary
research subjects are Chinese news reporting on relevant data-driven
technologies (e. g., in South China Morning Post (SCMP ), China Daily ,

People’s Daily) and social media discourses (e. g., on Weibo). To understand
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users’ views, a survey was distributed among Chinese respondents via social
media. Next to this, interviews may be held with a smaller sample of Chinese
users to supplement the quantitative findings. Data collection and analysis

with the different methods take place in parallel.
Automated Content Analysis

The content analysis of Chinese news reporting aims at exploring the
framing of technology in respect to purposes, values, and risks in Chinese
public discourses. News media remain important sources of information about
current issues that can at least in part have an influence on individual views
and opinions. To understand digital culture, it is important to critically and
systematically research dominant narratives about technology that are likely to
circulate in public discourses, which are still to a large extent shaped by legacy
media (Nguyen, 2017). The sample includes three of the most popular China-
based news outlets that publish in Mandarin and English: South China
Morning Posts China Daily, and People’s Daily. These were selected for
their reach and coverage of technology. The sampled time period spans from
2010 to 2021 and includes all articles on the keywords artificial intelligence,
big data, blockchain, and the Internet of Things. These were directly
retrieved from the news sites and articles and then processed for automated
content analysis (utilizing TF-IDF, Named Entity Recognition, and topic
modeling) to identify frames (van Atteveldt et al., 2022). In short, we use
computational methods to pre-process news texts before they are clustered
based on the most frequent words of high informative value. The researchers
then interpret the word clusters to label frames and validates them by
manually coding samples from each cluster. The main reason for using
automated content analysis is to save time and resources, though human
validation is an integral part of the analytical process (i. e., assessing and
improving human-computer agreement in the frame detection and reliability
with Krippendor{f’s alpha).

Social media discourses have become equally important and offer spaces to
communities who discuss current tech trends in-depth. Legacy media and

social media are foundational for contemporary public discourses, so any
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exhaustive analysis needs to consider both. Hence, we chose to also explore
tech debates on Weibo, one of China’s largest social media platforms. We
intend to collect posts on the same keywords and for the same time period via
Weibo’s API and then process the textual data with a similar method for
automated content analysis. In case technical difficulties prevent us from
collecting data for quantitative analysis, we will opt for a qualitative
investigation of Chinese social media discourses via netnography on selected

communities (Kozinets, 2019).
Survey and Interviews

The second part of the study builds on a survey and possible interviews.
The survey consists of 45 questions in Mandarin that include Likert scales,
semantic differential scales, multiple choice, and open questions. It is
structured around five sections: 1) perception of technology trends; 2) interest in
technology trends; 3) views on benefits of technology; 4) views on risks of
technology; and 5) demographics. On the one hand, the questions aim at
probing what respondents think about big data, AI, blockchain and the
Internet of Things. On the other, the survey explores how respondents
perceive the role of digital technology in their lives in general.

The survey is fully anonymized. The main target population consists of
Chinese tech users between the ages of 18 and 45. For the pre-test, the survey
was created and shared via Wenjuan, a popular Chinese social media platform.
The full data collection will be conducted in collaboration with a Chinese
market research agency and is scheduled for September 2022, since the
resurgence of COVID-19 in spring caused a delay in the planning. The data
will allow to describe current attitudes towards different technological trends
and how they form, since several questions also ask how, when, and where
users learn about novel technologies. In addition, we aim to test several
hypotheses about the relationship between demographic factors, technology
use, and technology assessments.

We also keep the possibility open to follow-up on the findings from the
quantitative analysis with qualitative investigations in the form of interviews.

These could help to further explore how values shape technology in daily
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routines and vice versa.

Preliminary Findings I: Al in Chinese News Coverage

To illustrate the methodological approach, for this research note we
picked the South China Morning Post’s coverage of Al as one example of how
China-based news media portray current tech trends in public discourses. It is
important to consider that SCMP is an English-speaking outlet based in Hong
Kong under the ownership of Alibaba, one of the largest tech companies in
China and the world. This sets it apart from the mainly Chinese-speaking,
government-related outlets in the sample (China Daily and People’s Daily).

In total, SCMP published 1032 articles with a clear focus on Al between
2010 and early 2020 (we are still in the process of adding data until the end of
2021). The volume of coverage increased noticeably in only a few years,

accelerating as of 2016 (see Figure 1).
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Figure 1 Articles on Al in SCMP over time

It is noticeable that the newspaper emphasises the economic value of Al
above all else. Almost 80% of all the articles report the technology’s value for
the commercial sector and economic growth as well as the importance of tech
development. The overall tone of reporting is positive and relatively few
references are made to the individual and collective risks of datafication and
automation. This stands in contrast to Western reporting, where surveillance,
discrimination, job losses and other ethical issues are visible themes in the Al
discourse (Nguyen & Hekman, 2022).

This is in line with the official framing of the issue, which primarily

focuses on the technology’s significance as a generator of material wealth and
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influence on a global stage. Of course, the findings still might change after
including the other outlets, but SCMP’s Al reporting indicates that narratives
about data-driven tech in China appear to be pragmatic, innovation-focused,
and interested in the material value that technology can generate. That is not
to say that ethical issues and critical questions are fully absent, yet they are far

less frequent in comparison to the positive stories about Al

Preliminary Findings II. Chinese Users’ Views on Tech
from The Pre-Test

For the pre-test, 86 Chinese nationals completed the survey. These were
recruited through different social media networks (e.g., Linkedln and
WeChat). The findings are not representative of the planned main data
collection later this year but offer a glimpse at what type of observations the
survey instrument allows for. For reasons of space, only a few selected
descriptive analyses are reported in this section.

The pre-test sample has more female (60. 5%) than male participants
(37.2%). Only 2 respondents identified as ‘other’. The main age is 39. 2
(SD=14.14), with the youngest respondent being 14 and the oldest 75. The
vast majority of respondents has at least a BA degree or higher (94. 2%),
which is unsurprising since the pre-test participants come from the
researchers’ professional and private networks.

Most of the sampled respondents are familiar with the bigger buzzwords
of ‘artificial intelligence’, while more recent developments such as blockchain
seem a bit more obscure (Figures 2 and 3), possibly due to their recent
emergence and relatively vague contexts of use.

This is also reflected in how much interest respondents have in the
different tech trends, with most indicating high interest in Al (measured on a
scale from 1 to 10, M=8.0, SD=2.0, N =286) but noticeably less so for
blockchain (M=6.5, SD=2.6, N=286).

When asked what sources are most important for them to learn about tech
trends, most respondents assign high scores to news media (M =7.2, SD=

2.2, N=286) and social media (M=7.0, SD=2.6, N=286) and the lowest to
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Figure 2 How familiar are you with the term ‘Artificial Intelligence’? (N =86)
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Figure 3 How familiar are you with the term ‘Blockchain’? (N =86)

personal contacts at work (M=6.1, SD=2.6, N=86) or at home (M=5.9,
SD = 2. 5, N = 86). Most respondents have a great interest in new
technological trends (M=38.0, SD=1.9, N=286).

Concerning data privacy, most respondents indicate that they are very
concerned about the issue (M =38, 22, SD=1.7, N=286). Similarly, most
value their data privacy highly (M =8.47, SD=1.8, N=86).

Respondents use digital tech for a wide range of private and professional
activities (e.g., education, news, health, entertainment, etc.). While they
appear on the fence over whether technology empowers them to achieve their
personal goals, they seem mostly inclined to perceive tech as universally good
(Figures 4 and 5).

There are further hints in respondents’ assessments of different data risks as

relevant for them personally (privacy invasion, discrimination, manipulation,
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Figure 4 ‘Digital technology empowers me to achieve my goals’ (N =86)
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Figure 5 ‘Digital technology is universally good’ (N =86)

etc. ). They are aware of such issues but score them on average with a 6 out of
10 for personal relevance.

While nothing can be securely concluded at this stage, these observations
would correspond with the overall positive portrayal of tech in mainstream
news discourses as emerged in the tentative exploration of SCMP’s Al
coverage.

However, respondents also seem cautious about the role of tech in their
lives. For example, referring to Figure 6, 40. 7% indicate that digital
technology makes them waste their time and 43. 1% report that it makes them
feel more anxious. They also display awareness of a growing influence of tech

companies on their lives and increased vulnerability for their privacy.
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Figure 6 ‘Digital technology makes it easier for companies to invade my privacy’ (N =86)

Outlook

We are only at the beginning of the empirical investigation, but a few
observations can already be made: first, if SCMP’s coverage of Al is an
indicator, then mainstream narratives are overall positive about tech. This is
possibly a marked difference from Western discourses, where several risks and
incidents related to exploitation, privacy invasion, and discrimination are also
visible part of the public discussion. Different political cultures and contexts
for technology use are likely reasons for this.

Second, the preliminary findings of the pre-test survey point to a few
interesting observations, especially the contrast between mostly positive views
on tech versus the awareness of increasing dependence and wvulnerability
towards tech companies. However, this needs to be confirmed with a much
larger sample and more rigorous testing of the reliability of measurements and
inferential statistics that go beyond exploring plain frequencies.

All of the reported observations are subject to change, as the main data
collections and analysis are still in progress. In this respect, several challenges
still need feasible solutions. Concerning the content analysis of tech
narratives, a technical problem is to adjust the computational approach to text
material in Mandarin. In addition, we are still assessing the feasibility of
collecting large volumes of text data from Weibo via its API. These technical

issues will eventually be solved but are often more time-consuming than the
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actual analysis and interpretation of {indings. Similarly, recruiting a
representative sample of Chinese users for the survey continues to pose a
logistical issue. We hope that collaboration with partner organizations in China
will eventually help us to have a sufficiently large dataset.

Furthermore, we consider adding the more recent tech trend of the
‘metaverse’ to our study. It emerges as a hot topic that appears to dominate
the current tech debates in the news and on social media. Subsequently,
China’s role and/or a Chinese version of this new technology trend have
quickly become part of tech narratives in and about the country.

Finally, while we intend to connect the findings from the different
analyses in one large study, we still need to decide on how and from which
angle to report our various observations. At the moment, we consider several
publications that refer to each other rather than one paper that connects it all.
However, for the present paper we chose the latter route to explain the

overarching goals of the multi-step study on Chinese digital culture.
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