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Abstract
We study site and bond percolation on directed simple random graphs with a given de-
gree distribution and derive the expressions for the critical value of percolation probability
above which the giant strongly connected component emerges and the fraction of vertices in
this component.
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1 Introduction

Percolation on infinite graphs is typically studied in a setting where edges (or vertices) are
removed uniformly at random and some connectivity-related property is being traced as a func-
tion of the percolation probability 7 € (0, 1) that a randomly chosen edge (or vertex) is present.
The traced property is often chosen to describe connected components or clusters. A connected
component is a maximal set of vertices, such that any pair of them is connected with a path.
Many results about sizes of connected components, are known for percolation in infinite reqular
lattices, see, for example [I]. More recently, random graphs 2| [3] became an object of study for
percolation too. Fountoulakis [4] and Jason [5] studied percolation in random graphs indepen-
dently using different techniques, both of which rely on Molloy and Reed’s theorem [6] [7], which
indicates whether a simple undirected random graph with a given degree distribution contains
a giant component and how large it is. Remarkably, Fountoulakis showed that a percolated
random graph can be again viewed as a random graph generated by the configuration model,
albeit with a modified degree distribution. The percolation thresholds can also be determined
by applying Molloy and Reed’s existence theorem to the modified degree distribution. Janson [5]
derived the percolation threshold based on a technique called exploding. Due to this approach,
auxiliary vertices of degree 1 are added to the percolated graph.

In digraphs, there exist several non-equivalent definitions for a connected component, all of
which give rise to an interesting percolation problem. Let G = (V, E) be a simple digraph and
n = |V|. We say that C C V is a strongly connected component (SCC) if for all v1,vy € C there
are directed paths that connect v; with vy and vy with v1, and no other vertex from V can be
added to C without loosing this property. Suppose G,, is uniformly sampled from the set of all
digraphs with a fixed graphic degree sequence
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where d,; and d indicate correspondingly the in- and out-degree of v € V. Let
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be expected number of edges per vertex and
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Several authors formulated the existence criteria for the giant component in the context of
directed graphs, see for example Penrose [§], Coulson [9] and Cooper and Frieze [10]. Cooper
and Frieze considered sequences (d"),cn and showed that certain regularity conditions guarantee
convergence of (G, )nen. Furthermore, these authors showed that if the limiting degree sequence
has a positive fraction of dead-ends (vertices with one in- and no out-edges or vice versa) and,
in average, large enough degrees, 11 — g > 0, then the size of the largest strongly connected
component Ci(G,,) is of the order n,
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Moreover, a SCC with this property is unique in the sense that the size of the second largest SCC
is o(n). If the latter limit holds, we say the random graph contains the giant strongly connected
component (GSCC). Likewise, if the sign of the inequality is flipped, p11 — p < 0, then the size
of all SCCs is o(n), and random graph contains no GSCC. This result shows that there are two
classes of limiting degree sequences, those that correspond to the size of the largest SCC being
O(n) and those for which the size is o(n).

In this paper we show that, if the GSCC exists, removing a positive fraction of edges (or
vertices) can modify the degree distribution just in the right way to flip the sign of the inequality,
while keeping the percolated graph to be uniform in the a set of all graphs with a fixed (modified)
degree distribution. By combining the latter observation with the theory of Cooper and Frieze,
we show that the ‘phase transition’ from O(n) to o(n) takes place at a critical value 7, = ““T,
such that only for 7 > 7., G, contains a GSCC with high probability (w.h.p.). Remarkably,
the critical threshold 7. is the same for bond and site percolation, and the expressions for ¢(7),
as used in (2)), are closely related, ¢*'*(7) = 7cP°"d (7). This work and the related proofs, are
both largely inspired by the results for percolation on undirected graphs by Fountoulakis[4],
which, in turn, rely upon Molloy and Reed’s theorem [6] for the existence of the giant connected
component.

2 Main result

This section introduces the theorem for the percolation threshold of GSCC. We consider two
types of percolation processes on a simple digraph G,, = (V,,, E,), n = |V,,| that result in a
random subgraph G7, on the same vertex set:

e Bond percolation, fix a percolation probability 7 € (0,1). Each edge of G, is removed
independently of the other edges with probability 1 — 7.



e Site percolation, fix a percolation probability m € (0,1). For each vertex of G,, all the
edges incident to this vertex are removed with probability 1 — 7, independently of the
other vertices. Such a vertex is then referred to as a deleted vertex.

It should be clear from the context which type of percolation is discussed. Strictly speaking,
existence of the GSCC is a limiting property of a sequence of graphs (Gy,)nen, in which each
element is defined by a finite graphic degree sequence d”. Thus we refer to an infinite sequence
of degree sequences, (d"),en, as the degree progression, where n is the index and the number of
vertices in each element of this progression. Although our ultimate goal is to make statements
about random graphs satisfying a specific degree distribution in the limit n — oo, the bulk of
the paper is spent on determining whether a growing degree progression (d"),cn maintains or
acquires some property of interest on the way to such a limit. This provides a major differ-
ence between this work and percolation on infinite trees, which features the same percolation
thresholds for the directed case [11], 12} 13].

To make valid statements about GSCC, we need to impose several requirements on the degree
progression. We are interested in simple graphs, which indicates that each degree sequence in
the progression has to be graphic as required by the equivalent of Erddés-Gallai theorem for
directed graphs, Theorem In Sections [8] and @] we progressively add several more technical
constraints on (d"),en, namely Definitions B.1 B.3] and [4.8] which we jointly refer to as the
requirements for a proper degree progression. The latter condition guarantees sufficient regularity
of the degree progression to allow us to reason about the limiting behaviour of the corresponding
random graphs.

Definition 2.1. The percolation threshold of a proper degree progression (d"),cn is given by

C1(GT
wczsup{we(o,l)\vs>0, hmP[Mzs]zo}, (3)
n—00 n
where superscripts are used to further specify the type of percolation, hence ﬂ?ond or mite,

For each n, the probability in this definition is taken with respect to probability spaces GJ —
random graphs that remain after percolation on uniform simple random graphs obeying (d"),en.

Theorem 2.2. Let (d"),en be a proper degree progression and 11 — pu > 0 for each element of
this progression. Then the percolation threshold for the existence of a giant strongly connected
component is given by

T = ool = gsite — T 1, (4)
M1

Let Nj i (n) be the number of vertices with degree (j,k) in G,

Njy (n) = |{i € Vyld; = j,df =k}, (5)
and N ( )
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be the corresponding limiting degree distribution. Let additionally,
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be formal power series in « and y, having = € (0,1) as a parameter.

Theorem 2.3. Let (d"),en be a proper degree progression and 7w € (e, 1), then there are unique
values c"™(r) and c**¢(x), such that for all e1,e9 > 0,
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for the bond percolation process, and

lim P [\M — ()| > 62:| =0,
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for the site percolation process, where
Cb(md(ﬂ) =1-Uxr(z",1) = Ur(L,y") + Ux (2", y"),

Csite(ﬂ_) — 7T_Cbond(ﬂ_)

and x*,y* € (0,1) are the unique solutions of

ot = Ut (x%), (7)
Yy =Us (y). (8)

Our Theorems 2.2] and 23] can be regarded a generalisation of Theorem 1.1 in Ref. [],
which determines the percolation threshold for the existence of a giant connected component in
undirected simple graphs for the bond and site percolation processes.

The reminder of the paper is structured as follows: we start with a technical premise and
introduce in Section B]the working framework for the directed random graph, namely the directed
configuration model, which is based on random matchings of half-edge configurations. We then
introduce definitions of the giant components and recap the necessary existence theorems for
these objects in Section El The latter section also contains Definition A8 introducing proper
degree progressions. Section [f] proves our main result for percolation, Theorems 2.2l and The
section starts with several concentration inequalities and formulates Lemmas[B.5 and B.7], stating
that conditional on the degree sequence after bond/site percolation, a random configuration
remains uniform. The section concludes with two separate proofs for bond and site percolation,
provided in Subsections and [5.3] respectively.

3 Random digraphs with a given degree distribution

A degree sequence of a digraph, as introduced in equation (II), can be uniquely defined by
adopting the lexicographic order. Let us denote the set of all multigraphs obeying degree
sequence d" by Ggn. Given a degree sequence d”, one may define a ‘model’ according to which
a graph is chosen uniformly at random from Ggn. Such a model can be viewed as a graph-
valued alternative to the uniform random variable. When choosing the degree sequence d" at



random, there is no guarantee that there is a graph that corresponds to it, as it could happen
that Ggn = (. Additionally, to enable us to study its limiting behaviour, a degree progression
(d™)nen must satisfy some regularity constraints. Therefore, we introduce a notion of a graphical
degree sequence and a feasible degree progression.

Definition 3.1. A degree sequence d” is walid if for all ¢ € {1,2,...,n}, d., dj € Ny and

m:zzn:di_:zn:dj, (9)
=1 =1

where m = |E| is the number of edges.

Since the sum of the in-degrees equals the sum of the out-degrees, it will always be possible
to draw edges such that the graph obeys the desired degree sequence if self-loops and multi-edges
are allowed. Thus, so long as multigraphs are of concern, the set Ggr is non-empty for any valid
degree sequence.

A random simple graph that obeys a given degree sequence will be denoted by Ggn, and
random multigraph obeying the same degree sequence, Ggn. If there is a simple graph obeying
a degree sequence, the sequence is called graphical. The following generalisation of the Erdds-
Gallai theorem gives necessary and sufficient conditions for a degree sequence to be graphical.

Theorem 3.2 (Fulkerson). [T, Theorem 4] Let d” be a valid degree sequence and d™ a positive
lezicographical ordering of d™, that is dj > d;g_l and di > di if di = d;g_l for all i €
{1,2,...,n—1}. Furthermore let d" be negative lexicographical ordering of d", that is d; > d;
and d;r > d;ﬁrl if di = d; . Then the degree sequence is graphical, i.e. it can be represented by
a simple graph, if and only if for all k € {1,2,... ,n}:
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Since our primary goal is to study connected components, we rely on additional assumptions on
the degree distribution, as formalised by the following definition:

Definition 3.3. A degree progression (d"),cn is called feasible if for any n € N, d™ is graphical
and there exists a bivariate probability distribution p;; that is independent of n and its first
moment are equal, i.e.

> vk = kpjn (12)
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Furthermore, for this probability distribution the following must hold:
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n

(i) for every j, k>0, lim = pjr < 00;
n—oo

(i) lim Y% o PR = 32 iy € (0,00);



(iii) nh_}ngo Zj,k:O —LE— = j&zzojkp]’k € (0, 00);
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We refer to the probability distribution p;; as the degree distribution of a feasible degree pro-
gression and denote its moments by

o0

M4l = Z jiklpj,ka Zvl € {07 172}7 (13)
7,k=0

and the probability generating function by

Ulz,y) = > pixaly’. (14)
k=0

Then, condition (I2) can be now written out as u := 19 = po1-

We consider the following construction process for a graph progression: We draw a degree
sequence d” from the bivariate degree distribution p;, which is equivalent to saying that the
limit N

ik (n
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converges for all 7,k > 0. Suppose further, we uniformly choose a multigraph from Ggq». When
collected together for n = 1,2. .., such degree sequences result in degree (d"),en and multigraph

(édn) N progressions. Generally speaking, we are interested in the statements of the form
ne

lim P |Ggn € A(d")| =1,

n—o0
where A (d") is the set of all graphs, which obey the degree sequence d"™ and additionally satisfy
some desired property. If the limit exists for a given property A, then we say that the random
graph has this property with high probability (w.h.p) or asymptotically almost surely (a.a.s.).

3.1 Directed configuration model

We will now show that the directed configuration model can be used to study the behaviour of
simple directed random graphs, despite the fact that this model generates multigraphs.

Definition 3.4. Let d" be a valid degree sequence. For all i € {1,2,...,n} define a set of
in-stubs W, consisting of d;” unique elements and a set out-stub W;’ containing dl'-" elements.
Let W™ = Ujeq12,...n)W; and Wt = Ui€{172,m7n}Wi+. Then a configuration is a random perfect
bipartite matching of W~ and W, that is a set of tuples (a,b) such that each tuple contains
one element from W~ and one from W™ and each element of W~ and W™ appears in exactly

one tuple.



A configuration M prescribes a matching for all stubs, and therefore, defines a multigraph Ggn
with vertices V = {1,2,...,n} and edges

E={(i,j) | (a,b) e Mya € W', be W/} (15)

The resulting multigraph will satisfy the degree sequence d”, as each vertex has d; = |W,|
incoming edges and d;” = |W,"| outgoing edges.

We will now study the probability that the configuration model generates a specific multi-
graph Gan. Note that multiple configurations may result in the same graph. As an example, let
a,a € W, be W. and ¢ € W, . Consider a matching M with (a,b), (a’,c) € M and define
M = M\ ((a,b), (d',c))U((a’,b), (a,c)). Then the multigraph induced by M is the same as the
one induced by M’. Since the configuration is chosen uniformly at random, the probability that
the configuration model generates Ggn depends on the number of configurations that induce this
multigraph. Let CM, (d") be the random variable producing the outcome of the configuration
model.

Proposition 3.5. Let Gqn be a multigraph with degree sequence d™. For all pairs i,j € V let
xi; denote the number of copies of the edge (i,7) in the graph. Then there holds

-~ I | Al | o
P |:CMTL (dn) — Gdn — _Hz:l 7 Hz:l i (16)
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Proof. This proposition and its proof are adapted for directed graphs from [I5, Proposition
7.4], which is presented for the undirected case. First, we determine the number of different
configurations, which is equal to the number of perfect bipartite matchings between W~ and
WT. Suppose we sequentially choose a match in W7 for each element of W~. Each element of
W™ receives a match amongst the unmatched elements of W . The first element of W~ has m
choices for its match. Then the second element can choose its match from the remaining m — 1
unmatched elements of W*. Continuing in this fashion, we find m! different perfect matchings.
Thus there are m! different configurations. As the configuration is chosen uniformly at random,
this implies that

P [CM,, (d") = édn] - %N (édn> :

with NV (édn> being the number of different configurations M inducing the graph Gg». From

equation (T3] it follows that the exact matching of the stubs does not matter. As long as an
element of I/VZ-Jr is matched to an element of Wj_, the graph gets an edge (4,7). In other words
permuting the stub labels leads to a different configuration that induces the same multigraph.
There are [], d; '[[i, d;"! of such permutations. However some permutations lead to the
same configuration M. For a,a’ € W;" and b, € W with (a,b), (a’,V') € M, any permutation
swapping a with o’ and b with b’ leads to the same configuration as the permutation acting on
a,a’,b and V' as the identity. We have to compensate for this by a factor z;;! for all edges. This

leads to

[Tiy d T a7

1
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N (édn) -

completing the proof. O



So, despite the fact that the configuration model generates uniformly random configurations,
it does not generate uniformly random multigraphs. That being said, it does generate all simple
graphs with equal probability. To see this remark that z;; is 0,1 for every pair 4, j in a simple
graph. Therefore, conditional on the event that configuration model generates a simple graph,
an element of Ggn is chosen uniformly.

The configuration model allows us to sample a random element of Ggn. Surprisingly, it can
be shown that results on uniformly random configurations and their induced multigraphs can
be transferred to uniformly generated simple graphs. Let A (d"™) be the set of all multigraphs,
which obey the degree sequence d™ while additionally satisfying some property. The goal of the
remainder of this section is to show that

lim P [édn € A(d")} —1,

n—oo

implies that
li_>m P [édn € A(d") | Ggnis simple] =1.

The first step is showing that the probability that the configuration model generates a simple
graph is bounded away from zero. To show this, we need to pose restrictions on the maximum
degree, which we define as:

dmax = Max {max{dl_,dz_, ooy dy Yy max{d], df ... ,d:}} .

Theorem 3.6. [16, Theorem 4.3] Let (d™),en be a feasible degree progression with dypax =
O (/n). Then the probability that the configuration model generates a simple graph is asymp-
totically

_ 11 (eoo—m) (ko2 —Hm)
e w z >0

Proof. The proof of the Theorem follows from the proof [16, Theorem 4.3] which is based on [16),
Proposition 4.2]. The main difference is that in [16] the in-degree of a vertex is independent of its
out-degree, i.e. the bivariate degree distribution is the product of two univariate distributions.
It suffices to replace Condition 4.1 and Lemma 5.2 from Ref. [16] with the requirement of a
feasible degree progression obeying dp.x = O (y/n) to generalise the proof to the case of an
arbitrary bivariate degree distribution. O

Lemma 3.7. Let (d")nen be a feasible degree progression with dmax = O (y/n) and let A(d")
be a set of multigraphs, all obeying the degree sequence dA™. If for a random multigraph Ggn
generated by the configuration model there holds

lim P [édn € A(d“)} —0,

n— o0

then it is also true that

lim P [édn e A(d") | Ggn is sz’mple] =0.

n—oo



Proof. By Bayes’rule

P [Gdn cA (d")]

P [Gdn € A(d") | Gnis simple] < (17)

P |:édn is simple] '

Because we have a feasible degree progression with dpax = O (v/n), Theorem assures that

- o (20 —#)(Ho2 —K)
P |:Gdn is simple] = (1+0(1)) e W T
Hence
lim inf P [édn is simple] > 0.
n—oo
This completes the proof as the numerator in equation (I7]) converges to zero. O

Corollary 3.8. Let (d")nen be a feasible degree progression with dymax = O (v/n). Take A(d")
to be a set of multigraphs, all obeying the degree sequence d™. Let Ggn be a random multigraph
generated by the configuration model. If there holds

lim P [édn € A(d”)} —1,

n—oo

then it is also true that

lim P [édn € A(d") | Ggn is sz'mple] =1.

n—oo

Proof. Let Ggn denote the set of all multigraphs on n vertices obeying the degree sequence d”
and define

A(d") = Gan \ A(d").

As there holds that Ggn € Ggn by definition and lim,,_,oo P |:édn cA (d")} =1 by assumption,

the law of total probability implies lim, o P [édn € Il(d")} = 0. Then Lemma [B.7] implies
that ) )

li_>m P |:Gdn € A(d") | Ganis simple] =0.
Again using that A (d")UA (d") is the set of all multigraphs obeying the given degree sequence,
the claim follows. O

4 Giant strongly connected component in a directed graph

In simple graphs, a connected component is a maximal subset C C V such that there is a path
between any pair of vertices u,v € C. Here maximal means that no vertex can be added to C
without destroying the property that all vertices are connected by a path. In directed graphs,
a path may also be directed.

Definition 4.1. Let G,, = (V, E) be a digraph. A pair of vertices vy, v, € V is connected by a
directed path if there exist distinct vertices vo, vs,...,vp_1 € V such that for all i € {2,3,... k}
(vi—1,v;) € E. We refer to such a sequence as a directed v; — v; path.



We therefore adapt the definition of a connected component to be based on a directed path.

Definition 4.2. (Strongly connected component) Consider a directed graph G,,. The strongly
connected components of GG, are the maximal subsets of V' such that between any pair of vertices
u, v directed v — v and v — u paths exist simultaneously.

Definition 4.3. Consider a directed graph G,, = (V, E) and take v € V. Then

e the in-component of v, denoted by In (v), consists of v itself and all vertices u € V such
that a directed u — v path exists;

e the out-component of v, denoted by Out (v), consists of v itself and all vertices w € V for
which a directed v — w path exists;

e the strong-component of v, denoted by SCC (v), consists of v itself and all vertices w € V
for which both v — w and v — w paths exist.

Note that u € In(v) does not imply In(u) = In(v). The same observation holds for the out-
component as well. This means that these types of components do not partition the vertices of
the graph. Furthermore, we note that In(v),Out (v) D SCC (v). These components allow to
characterize the strongly connected component in the following way.

Lemma 4.4. Consider a directed graph Gy, = (V, E). For any v € V there holds:
In(v) N Out(v) = SCC(v) .

Proof. To prove that In (v)NOut (v) = SCC (v), it suffices to show SCC (v) C In (v)NOut (v) and
SCC (v) D In (v)NOut (v). Take u € SCC (v). By definition of the strongly connected component
this implies that directed v — v and v — u paths exist. Hence u € In (v) and u € Out (v), which
shows that SCC (v) C In (v)NOut (v). Next take u € In (v) NOut (v). This implies that directed
u — v and v — u paths exist. For u to be an element of SCC (v) it must also hold that for any
w € SCC (v) directed w — u and u — w paths exist. Because w € SCC (v), directed v — w and
w — v paths are present in G,,. This implies existence of a u — w path by concatenation of the
u—v and v — w paths. Similarly the w — u path can be formed by concatenating the w — v path
with the v — u path. Thus u € SCC (v), which shows that SCC (v) D In (v) N Out (v). O

By denoting the largest strongly connected component of G,, by C1(G), the notion of a giant
strongly connected component can be defined as follows.

Definition 4.5. The graph progression (Gdn)n oy contains a giant strongly connected component

(GSCQ) if
lim 7‘61 (Gdn) |

n—00 n

= Cgee > 0. (18)

Here cg.. represents the fraction of the vertices engaged in the GSCC, which we simply refer to
as the size of the GSCC.

Definition 4.6. The graph progression (Gdn)n oy contains a giant in-component (GIN) if for a

uniformly random vertex v

N

[T (v)]

lim = c¢in > 0. (19)
n— 00 n

10



Definition 4.7. The graph progression (Gdn)n oy contains a giant out-component (GOUT) if

for a uniformly random vertex v

N

i 1Ot (V)]

n—oo n

= Cout > 0. (20)

4.1 Existence of GIN, GOUT & GSCC

In this section we introduce a theorem that determines whether a random graph progression

(Gdn)n N w.h.p. contains a GSCC. Cooper and Frieze showed that the out-component of each

vertex either contains O (al]?nax ln(n)) vertices or w.h.p. contains ajn vertices, for some constant

ag > 0. Similarly they show that the in-component of each vertex either contains O (d?nax ln(n))
vertices or w.h.p. contains a, n vertices, for some a; > 0. Denote the set of all vertices with
out-component of size aar n by LT and the set of all vertices with in-component of size agn
by L~. Lemma [4.4] implies that a strongly connected component is the intersection of the in-
component and the out-component of some vertex. Thus a vertex v must be in L™ and L~ to
be in the GSCC, if the GSCC exists.

Definition 4.8. A degree progression (d")en is proper if it is feasible and additionally satisfies

/12
1. dpax < Tn(n) ’

i2EN; k2N 1
2. p = max (ka:a ]7;7?(”) ) Z;Ok:() 2 —Hjnk(n)> = O(dmax).

In what follows, we first present an intuitive explanation for the probability that a random
vertex is in LT (respectively L™) by investigating the out-components (in-components) of a
random graph and then formalise the explanation with a rigours theorem. To investigate the
out-component of a random graph, we take a proper degree progression (d"),cy with underlying
degree distribution (p; x);jken. In Section 3.1l we showed that results on multigraphs induced by
uniformly random configurations can be transferred to uniformly random simple graphs. Thus
we will consider multigraphs generated by the configuration model. As discussed in Section
[B.I1 the configuration model generates a uniformly random configuration of W~ and W*. This
gives us the freedom to construct the configuration in such a way that the out-component of
a vertex v is constructed first: Pick a vertex v, then choose any out-stub of v and match it
to a uniformly random unmatched in-stub. Suppose this in-stub is an element of W, . This
implies that we add w to Out (v). Now also the out-stubs of w can extend the out-component
of v. Hence at the next step, we take any unmatched out-stub from the set W, U W, and
match it to a uniformly random unmatched in-stub. This process continues until all out-stubs
of Uweout(v)W;; are matched. At that point the out-component of v is completed. Randomly
match the remaining unmatched in-stubs with the unmatched out-stubs to complete the config-
uration.

The construction of the out-component of v, as described above, is similar to a Galton-Watson
branching process. A Galton-Watson branching process is a discrete time process. It starts with
one individual. At each time-step a random living individual generates an integer amount of
off-spring and dies. The amount of off-spring generated is governed by the off-spring distribution
Z (k). Such a process either continues on indefinitely, i.e. at each time-step at least one indi-
vidual remains alive, or it becomes extinct at some point, i.e. at some time-step all individuals
are dead. Let £ be the probability that the branching process becomes extinct at some point.

11



Lemma 4.9. Consider a Galton-Watson branching process with offspring distribution Z (k).
The extinction probability £ of this process is

o 1 ifE[Z(k)] <1;
e the unique solution in [0,1) of the equation x = s P[Z(k) =k]z* if E[Z(k)] > 1.

The parallel between the branching process and the construction of the out-component be-
comes apparent when we identify an individual with an unmatched out-stub. An unmatched
out-stub ’dies’ when it is matched to a random in-stub b. The amount of off-spring it generates,
equals d, where w is the vertex such that b € W, . There is one exception: in case w was
already an element of Out (v), the amount of off-spring is zero. This means that the off-spring
distribution is approximately (plj)k N with pZ’ being the probability that by following a uni-
formly random chosen in-stub, we find a vertex with out-degree k. This latter probability is

given by
— J
PE =D ik (21)
=0k

Here the division by p ensures that the probability distribution is normalized. We expect that
v € LT if the corresponding Galton-Watson branching with off-spring distribution (p;) kEN
continues on indefinitely. Applying Lemma A9 to the distribution, we find that this can happen
only if

> 1.

. 4 ka0 20 JkDj k _ B
>_kpf = =
=0 K K

Thus we expect that L' is empty unless “ﬂi > 1. When % > 1, the probability that the
branching process does not become extinct is n+, where 1 — 5™ is the unique solution in [0, 1) to

L=t =>"pf (1—n")". (22)
k=0

Recall that the Galton-Watson process always starts with one individual. However the gen-
eration of the out-component of v starts with d out-stubs. Assuming that each out-stub of
v generates a disjoint subset of Out (v), this can be regarded as d independent copies of the
branching process. This collection of processes terminates if and only if all of the individual
branching processes become extinct. Therefore the probability that the process corresponding

+
to the generation of the out-component of v becomes extinct is (1 — n+)d”. Thus for a random
vertex v the probability that v € L™ is approximately (T, where 1 — (T is given by

1 =" i (-0~ (23)
=0 k=0

The same idea can be applied to the in-component, but with a different off-spring distribution.
In this case we need to probability that following a uniformly random chosen out-stub, we find
a vertex with out-degree 7, i.e.

. =k
pj :Z;pﬂ%k' (24)
k=0
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A Galton-Watson branching process with off-spring distribution <p]_) N has an extinction
je
probability smaller than 1 if

2l
f I

S __EjziOE:;iojkak<_ H11
> vy = -
7=0

Note that this is the same condition as for the off-spring distribution of the out-component. In
other words L™ and L~ are expected to become non-empty under the same conditions. The
probability that this branching process does not become extinct is ~, where 1 —7~ is the unique
solution in [0,1) to

[e.e]
L—r =30 (- ). )
j=0
Thus we expect a random vertex v to be in L™ with probability (~, with 1 — (~ defined by

1-¢ =" pu(1—n). (26)

§=0 k=0

Using these probabilities for a random vertex to be in L™ or L™ and Lemma 4] we can
determine whether a giant strongly connected component is present in the graph. For a vertex
v € L™ and a vertex u € LT it is very likely that there exists an edge from a vertex in Out (u)
to one in In (v), i.e. v € Out (u) and w € In (v). Thus if u,v € L™ and u,v € L™, it is likely that
u and v are in each others in-component and out-component. By Lemma [£.4] this implies that u
and v lie in the same strongly connected component. Hence we expect a GSCC consisting of the
vertices L™ N L~. This set is expected to be non-empty if “Mi > 1. To determine the probability

for a random vertex to be in L™ N L™, i.e. to approximate the size of the GSCC, define
b= pik(t—n7) (1—n")". (27)
§=0 k=0

This approximates the probability that the branching process corresponding to the generation
of the in-component and the out-component both become extinct. Hence the probability that
both process go on indefinitely is given by

c=CT+( +y -1 (28)

The above intuitive exposition is rigorously proven by Cooper and Frieze for proper degree
progressions.

Theorem 4.10 (Existence of a GIN, GOUT and GSCC ). [I0, Theorem 1 and 2] Consider
a proper degree progression (d")pen. Take a uniformly random sequence of simple graphs
(Gd")neN obeying this degree progression. Then the following statements hold.

1. If “ﬂi < 1, with high probability the size of the in-component and the out-component of
each vertez is O (d2,,, In(n)).

2. If % > 1 and pf,p, > 0, with high probability

13



e There are (T™n wvertices with an out-component containing (~n vertices;
e There are ("n vertices with an in-component containing (*n vertices;

e There is a unique giant strongly connected component with vertex set LY N L™ of size

T +¢ +¢—1)n.

Note that in case £ < 1, the theorem only regards the size of the in-components and out-
components. Applying Lemma [£4] it follows that the size of the strongly connected component
to which a vertex belongs is upper bounded by the minimum of the size of its in-component
and out-component. Hence the fact that w.h.p. the in-component and the out-component do
not scale linear in n for any vertex, implies that w.h.p. no GSCC is present. Furthermore we
remark in case % > 1 and par ,pg > 0 the theorem assures that a GIN and GOUT exist w.h.p.

5 Proofs of Theorems and 2.3

5.1 Concentration inequalities

We consider several concentration results that will be used in the proof of Theorem Con-
centration inequalities are important as we deal with two sources of randomness: the initial
multigraph is random and percolation randomly removes edges.

Theorem 5.1. (Hoeffding’s inequality)[17] Let X1, Xs, ..., X,, be independent random variables.
Suppose that a; < X; < b; for all i € {1,2,...,n} and define ¢; = b; — a;. Furthermore define
Sn =i, Xi. Then there holds

2
B (1S — E[Su]] > 1] < 2exp (—%) . (20)

The following concentration inequality is a corollary of a theorem by McDiarmid.

Theorem 5.2. [18, Theorem 7.4] Let (V,d) be a finite metric space. Suppose there exists a
sequence Py, P1, ..., Ps of increasingly refined partitions with Py the trivial partition consisting
of V and Ps the partition where each element of V is a partition element on its own. Take a
sequence of positive integers co,c1,...,cs such that for all k € {1,2,...,s} and any A, B € Py,
with C satisfying A, B C C € Py_1 there exists a bijection ¢ : A — B with d(z,¢(x)) < ¢ for
all x € A. Let the function f :V — R satisfy |f(z) — f(y)| < d(x,y) for all z,y,€ V. Then for
X uniformly distributed over V and any t > 0 there holds

2
PISCO - B[O > 1< 20 (~=o )
k=0 Ck
Corollary 5.3. Consider two finite sets Ay and Ay with |Ag| = ag and |A1] = ay. Let S :=
Uicto31(w,7) | = € A;}. A subset of S containing by elements with i = 0 and by elements with
i =1 is called a (by, by)-subset of S. Let V be the space of all (by, by)-subsets of S. Let f : V — R
be a function such that for any B, B’ € V there holds |f (B) — f (B'")| < |BAB'|. Here BAB'
denotes the symmetric difference, i.e. BAB' = (BUB')\ (BN B'). Then for X distributed
uniformly over V. and any t > 0 there holds

t2
RSO0 ~ B 0] > 1 < 20w (g ) (30
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Proof. Consider a (bg, b1)-subset of S. Assign each element a unique number from the index set
{1,2,...,bg+ b1}, such that for all elements with ¢ = 0 this number is smaller than by + 1. Note
that this implies that for each element with ¢ = 1 its index is larger than by. A (bg, b1)-subset of
S with such a numbering is called a (bg, b1 )-ordering of S. Define W to be the set of all (b, by )-
orderings of S. The function f: V — R can be extended to a function f: W — R by regarding
each (b, by )-ordering as (bg, by )-subset. This extension respects the relation | f(z)— f(y)| < zAy,
i.e. it holds for x,y € W as well. This is true since for any two orderings z,y their symmetric
difference as (bg, by )-orderings is bounded from bellow by their symmetric difference as (bg, b1)-
subsets. The next step in proving equation (30]) is applying Theorem to the metric space
(W, 0).

We will now define a sequence of refined partitions on W using the notion of an i-prefix. An
i-prefix determines the first i elements of an ordering. This allows for all k£ € {0,1,...,by + b1}
to construct the partition Py by defining its elements to be the sets of orderings with the same
k-prefix. The partition Py is the trivial partition consisting of W. As each (bg, by )-ordering has
bo + b1 elements, Pp,4, will be the partition where each element is a single ordering. Next the
values ¢ need to be determined. Take B, D € P, with C satisfying B,D C C € Py_;. This
implies that any ordering in B has the same k — 1-prefix as an ordering in D. Furthermore
these orderings must differ at the & element. The remaining by 4+ b; — k elements can be any
element that is not present in the k-prefix that lead to a valid ordering. Denote the k™" element
of any ordering in B by ap . Similarly let ap j denote the k™ element of any ordering in D.
Define the bijection ¢ : B — D by taking € B and mapping its k' element to api. If x
contains ap j at some position [ > k, map the I*h element of z to a B,k- All the other elements
are unchanged by the bijection. By definition this is an element of D.

According to definition of ¢ for any x € B we have |[tA¢(z)| < 4. Thus we may take ¢, = 4
for all k € {1,2,...,by + b1}. Applying Theorem we find that for distributing X uniformly
random over W and any ¢t > 0 there holds

(bo + b1)

Remark that each element in V' gives rise to by! 4 b1! different orderings. All these orderings
have the same value under f. Thus the probability that f(X) = ¢ does not change when we
take X to be a uniformly random element of V instead of W. Together with the above equation,
this proves the claim. O

2
PISC) ~ B 0] > 1 < 200 (~ g )

5.2 Bond percolation

Theorem is proven separately for bond and site percolation, by using similar techniques
as in the proof of 4, Theorem 1.1], which determines the percolation threshold in undirected
graphs. Although Theorem gives the percolation threshold for simple graphs, we work
with uniformly random configurations and their induced multigraphs that obey a proper degree
progression (d"),en. The results on the multigraphs are then transferred to the simple graphs
using Corollary B.8] as for any proper degree progression there holds dpyax < % = O (y/n).
This means that Theorem [£.10]is applied to configurations and their induced multigraphs rather
than simple graphs.

Let D™ be the random variable for the degree sequence after percolation and d7} a possible
value of D™. Percolation removes edges in a graph, thus in a configuration it removes in-stubs
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together with their matched out-stubs. Let W™ and W™ denote the in-stubs and out-stubs
surviving percolation. Conditional on D" = d? these stubs are in one-to-one correspondence
with Wd_i? and W;';L, the sets of stubs inducing the degree sequence d?}. The one-to-one corre-
spondence follows from the fact that all vertices have the same amount of in-stubs (respectively
out-stubs) in W™ (W*7™) as in Wan (WJE?) Thus any mapping sending an in-stub of vertex ¢ of

W ™™ to an in-stub of the same vertex in Wy,,, as well as an out-stub of i of W™ to an out-stub

of 7 in W;n, induces a bijection. Let us fix such a bijection. This induces a one-to-one corre-
™

spondence between the configuration on (W™=™, WT) and the configuration on (Wd_n, W+n).

Let D,, be the probability space containing all degree sequences d? that can be obtained by
applying percolation to a random configuration on (W=, W ™). The probability assigned to each
d?” is the probability that it is induced by (W ™™ W™ 7). The probability space for the degree
progression (d;‘)n N 8 the product space D = [[>2; D,, with the product measure v.

In the reminder of this section, we show in Section (2] that conditional on the degree
sequence after percolation, each configuration on Wd_;b and WJE? is equally likely. In Section [5.2.2]

we determine the limit of the expected number of vertices with degree (j, k) after percolation
and show that there is always a positive fraction of dead ends, par ;g > 0. Combining these
results in Section [5.2.3] the proof of Theorem is completed by showing that an element of D
is v-a.s. proper, which allows us to apply Theorem .10

5.2.1 A percolated configuration is a uniformly random configuration

Consider a uniformly random configuration on (W=, W™). In this section we show that that
conditional on the degree sequence after percolation, the configuration on (W =T W*7) is also
a uniformly random one. The proof is split into two lemma’s.

Lemma 5.4. Suppose that | out of m edges survive bond percolation applied to a uniformly
random configuration M on (W=, W) . Then the surviving stubs W™ C W~ and W™ Cc W+
are uniformly distributed amongst all pairs of subsets of W~ and W of size l.

Proof. As [ edges survive percolation, there holds |W ™™ = [W*7| = [. The probability that
W=" Cc W~ and W™ C W are the stubs surviving percolation equals the probability that all
points in W ™™ have their match in W7 and that exactly these | matches survive percolation.
Since the graph contains m matches of which [ survive percolation, the probability that exactly

those [ matches remain is (—,}1)
1

It is left to investigate the probability that all stubs in W=7 have their match in W 7. This
implies that M must decompose into a perfect bipartite matching of W™ with W7 and a
perfect bipartite matching of W=\ W=7 with W\ W™, Between two sets of size [ there are [!
perfect bipartite matchings, hence the probability that M decomposes as desired, is I!(m—1)!/m/!.
Thus the probability that (W =™ W*7™) are the stubs surviving percolation is

Hm-=0! 1 1

mt (D

This is the probability that W=7 is a uniformly random subset of size [ of W~ and W7 is a
uniformly random subset of W of size . O



Lemma 5.5. Apply bond percolation to a uniformly random configuration on (W=, W) obeying
the degree sequence d™. Conditional on having degree sequence A after bond percolation, i.e.
D" =d?, all configurations of W, with W&Cl are equally likely.

T

Proof. The goal is to show that all configurations on W7, and W;; have equal probability, given

that D" = d};. This implies that for any perfect bipartite matching M™ of Wj,, with WJCL there
must hold
s n n 1
P [M™|D" = d}] =7
Here [ denotes the sum of the in-degrees of d?}. First, rewrite this probability using IP UW‘”’] = l!D” = dﬁ] =
1 and due to the law of total probability obtain
P[MTD" =dp] =P [M™||[W™"| =, D" =d}].
Applying Bayes’ formula to the right hand side of the previous equation gives
P [M™ND" =d? ‘ W= =1]

(31)

It will now be shown that this expression equals ll, First determine the value of P [D™ = d2 | w=r =1].
Let S(d?) be the collection of pairs of subsets of (W™, W) that induce the degree sequence

d”. Recalling that [W =T = |[IWT 7|, we see that for any pair of subsets in S(d?), both sets

must contain [ elements. In combination with Lemma [(.4] this implies

ECA]
(1)’

Next we investigate P [M™ N D" = d ! |W=m| =1]. By definition of S(d%), D" = d? implies

that (W™, W) e S(d%). So let (W™, WH™) € §(d?), then we aim to find the probability

that the configuration on these stubs induces the configuration M™ on (Wd_;w W;'g) As we fixed

P[D" =d}| (W7 =]

a bijection between (W =™ W1 7™) and (Wd_;w W;';L), exactly one configuration of (W™=" W)

induces the configuration M™ on (Wd_n, W;'n) However we are free to choose the configuration
on (W= \ W= W+ \ WH™). Thus assuming that (W =", W) € S(d%), the probability that
it induces the configuration M™ on (W =" W) is
(m —1)!
m!

Thus for any collection of remaining stubs that induce the right degree sequence, it has probabil-
. 0, . . g .

ity % to induce the right matching. However, as we condition only on the size of W™, we
also must take into account the probability that exactly the desired ! edges survive percolation.

Hence, we have:
(m —!'[S(d7)]
)

P[M* D" =d" | [W| =1] =
Plugging our findings back in equation (3I), we obtain:

1
P[MTID" =d}] = ik
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5.2.2 The expected number of vertices with degree (j, k) after bond percolation

Let N;.Tk (n) be the number of vertices in the percolated graph (or configuration) with in-degree
7 and out-degree k. In this section we show that the limit

E [N . (n)}
lim —— = pbond (32)
n—oo n ’
exists and determine its value for j, k € Nj.

For all values of (j,k) with j > diyax or k > dpax, or both, the limit of equation ([32]) is easily

evaluated to be pbond = 0. Let j, k < dpnax, remark that

E [N;.jk (n)] -3 E [N;jk (n) ( W] = l} Plw—| =1]. (33)
=0
This conditional expectation of N[, (n) can be written as
dmax max
E[NF )| IWm =1] = 30 > Noe s )P [(@,a%) = G k) W] =1].
d—=jd+=k

Here (d~,d") is the degree of a vertex before percolation and (7, k) is its degree after percolation.
As Lemma [5.4] implies that the surviving stubs are chosen uniformly at random, conditional on
—d—
("5)

the size of W7, there holds
<d+> =y
(1) \k/) (1)

This value can be further approximated for [ € I := {mﬂ —In(n)y/n,mm + In(n) \/(n)} As the

edges are removed independently of each other, the size of W ™7 is the sum of m independent
Bernoulli variables, each having expectation 7. Applying Theorem [5.1] yields

P[| W™ —mn| > In(n)v/n] < exp [-Q(In*(n))] . (34)
This implies that P[l ¢ I] = o (). Fountoulakis [4] showed that for dmax < n'/? and 1 € I

there holds
(2m__-d) . w In(n
s = (1 — )t (1 +0 <n7(/12>> :
(%)

As we consider proper degree progressions, there holds dpyax < "1(/;) and since ?nl(/:j < n'/? for

all n > 3, an analogous argument to that of Fountoulakis gives:

B[ (dd%) > (k) [[WT =1] = <dj><d;:>”j+k(1‘”)d+d+_j_k<1+0<17(/?g>>

for all d=,d" < dpax and [ € I. This allows to determine E [N;rk (n)||W—T| = l} forall [ € I.
In combination with equation [B3), P[l ¢ I] = o (), and the fact that N7 (n) <n, we find

E [N;.jk (n)} (1 +0 (nms)) di: di Ny g+ ( <dj_> <d]:>ﬂj+k (1 Hi =ik (%) :

jdt=k

B [(d=,d%) = (. k) [ = 1] = <‘§_>

(35)
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using same argument as for E[D}(n)] in [4, p. 344]. With this approximation of E [N]”k (n)},
we can show that the limit of equation (B2]) exists. This requires for all € > 0 the existence of
k(e) and N (€) such that for all n > N,

(dmaxydmax) _ dmaX7dmax)
1 -\ /dT\ . B |
- Y N d+()<j><k>7rﬂ+’f(1—7r)d TR 2N N e (n) < e (36)

n
(d=,dT)=(0,0) (d=,d*)=(0,0)
d~ >n+1ord+>n+l d- >n+1ord+>n+1

The left inequality follows from the binomial theorem, which 1mphes that Z] 0( )7?3(1 —
)4 = Z:O (d,:)ﬂk(l — )d+ —k = 1, yielding that ( )( ) 1—p)d Ty ¢ < 1 for
all j < d ,k < d". The right inequality holds since lim,,_, Njr(m) _ = pj for j,k > 0, which

follows from the degree progression being proper. Equations (B8] and (B6) combined together
are sufficient for the existence of the limit in equation (32)). Moreover, the value of the limit is:

JLH;OM— i = Z > pear () (4 )@ m )

jdt=Fk
and the generating function for pbond is given by:
Ur(z,y) =U(1 — 7+ 72,1 — 7+ 7y). (38)

We will now show that pbond is normalized and obeys equation (I2]). The normalization follows
from the binomial theorem and that fact that p;j is normalized:

ii i i Da- d+< _> (d]:>7rj+’f(1 _W)d*—j+d+_k

=0 k=0 d—
" raN & .
= Z Zpd,d+z< ‘>7T](1—7T)d _]Z< )ﬂk(l—ﬂ')d —k
d—=0d+=0 j=o \J ok
= Z Z Pa-q+ = 1.
d-=0d+=0

By using the equality > ;_, (3 )k:xk "=k — zn(xz + 3)"" !, which can be obtained by applying
x% to the binomial theorem, we find that

o0 o0 - . [e.9] -+
IR 0 3 DY ) LR o (R LR L
7=0 k=0 7=0 k=0d—= d+=k
d~ —
Z Zpd d+Z]<d )71-) % —yz<d+> k(1 — )tk
d==0d+=0 j=0 J
=T Z Z d”Pa.d+s
d==0d+=0
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and by symmetry,

oo o0

bond_ﬂ_z Zd P+ -

§=0 k=0 d-=0d+=0
This proves that
7r bond Z Z prond Z Z k,pbond (39)
7=0 k=0 7=0 k=0

Thus p?%nd indeed is normalized and satisfies equation (I2). In analogy to ([B9), we also find
that

o o0 o
bond _
pi e = E Jkpbond = 7° § E d d+pd*,d+ = 7T2,u11- (40)
jvk 0 d7:0d+:0

We now see that after percolation with 0 < m < 1 the fraction of dead-end vertices having no
out edges is positive:

bond

,bond JP3o
p(—)i_ " _Z 7r]bond_7-(- Z d- ﬂ-l_ﬂ-) pd d+>0 (41)
= H Ncﬁd >0

and a similar bound holds for vertices with no in edges, p,’ sbond . Therefore, assuming that

pb%nd is the degree distribution of the percolated graph, Equations (41]), (39) and (40]) together

bond

justify applying Theorem [£.10] to Py and hence formally defining the percolation threshold as

such a value of m = #P°" that

[e.e]

Z ]k‘pbond Z jpbond (42)

4,k=0 4,k=0

By plugging equations [40] and ([B9) into the latter equation gives:

~bond _ dod—0 2t =04 Pa- at _
dodem0 ar=0d"d g ar  pm1

In Section £.2.3] we show that p?%nd is indeed v-a.s the degree distribution of the percolated
bond _ Abond

graph, and therefore, m,

5.2.3 Determining 7°°?d and cPond
To prove the equality 7Pond = #Pond it is sufficient to apply Theorem EI0l to the percolated

multigraph progression (G d">n€ Theorem .10l requires (ng) o to obey a proper degree

progression. We make use of Lemma |5_._5|, stating that instead of actually removing edges, one
may view the percolated multigraph G7 qn as a uniformly random configuration obeying the

percolated degree sequence d?, which requires (dﬁ) to be proper. We show that (dﬁ)

neN neN 18

indeed v-a.s. proper as an element of D, and hence, Theorem [£.10] is applicable to (G”n) N
ne

20



This means that Theorem [£.10] may be then applied to almost all degree progressions (dﬁ)
bond

neN
to determine 7, and c”°" for random multigraphs. Finally we apply a variant of Lemma

B.1 and Corollary 3.8 and show that similar assertions hold for a graph progression (G7}), cx
for percolated simple graphs obeying (d™),cn, hence proving Theorem 23] for the case of bond
percolation. In the remainder of this section, we make the above-stated argument formal.
Definition .8 implies that each proper degree progression must be feasible. For any feasible
(dﬁ)neN € D, it can be shown that it is also proper, using the fact that (d"),en is proper. So we
will first prove that any (dﬁ)n ey € D is v-as. feasible. By Definition 3.3 a degree progression

(dﬁ)n en 18 feasible if Nj'fl () and its first, first mixed, and second moments converge to those of a
bivariate distribution obeying equation (I2]). For now, we replace the constraint of each degree
sequence being graphical with each degree sequence being valid, as we consider multigraphs
at this point. The assertion that each d? is valid, is a direct consequence of the fact that d”
is valid, which holds when (d"),en is proper. This implies that Theorem [£I0] can be readily
applied to multigraphs and configurations. When conditioning on the graph before percolation
being simple later on in the proof, we implicitly replace valid by graphical. Conditioning on the
graph before percolation being simple will ensure that the percolated graph is simple as well.

P{Ik(n)

Now we will show that v-a.s. and its first, first mixed and second moments converge

to pbond and its corresponding moments. The first step is showing that
" ()
lim —2F = p;)%nd, v-a.s. for j, k € Ng, (43)
n—00 n

for which, it suffices to show (see e.g. [19] Lemma 6.8]) that for all € > 0,

ZPH N7, () = e

By definition of pb‘md for any fixed € > 0 there is K such that for all n > K

> e} < 00. (44)

e [ )] - b <

<
5

This implies that

1
?||;
n

Lemma [5. 4l states that conditional on [W™™| = [, the stubs surviving percolation (W=7, W)
are uniformly distributed amongst all pairs of subsets of (W=, W) of size I. The value N7 (n)

is a function of W=7 U W™, Furthermore for two sets W=7 U W™ and W™ U W+’
their values of N7 (n) differ by at most the number of elements in the symmetric difference of

W=TUWH™ and W= U W™, This implies that for Ag = W, 4, = W+,by = b; = [ and
N;{k (n) as function f the requirements of Corollary [5.3] are fulfilled. Applying this corollary

gives
H [N’r ”>—||W ”|—l]<2exp<€624—7;22>.
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If | € I, this probability is o (%) By equation (B4) the probability that [ ¢ I is o (%)
Combining these observations we find that for all € > 0 the terms in (44]) are vanishing:

P[|N7, ()~ E [NT (0 ”>ne]—o<1> (45)

n3

which in turn proves that the limit in equation ([3)) holds v-a.s.
To prove that (dﬁ)n cy I8 v-as. feasible, it remains to show that the first, first mixed and

NT
second moments of L(n) converge v-a.s. to those of p})‘}gnd. In Section £.2.2] we showed that
> k0 dP = 250 k:pbond which implies that 3775 o jNT, (n) = 375 _g kN7, (n). We can
thus restrict ourself to showmg that
o . 2
k=0 N (0
Q := lim 2jken J’k( ) =TT, v-a.s (46)

n—oo n

to show that both first moments converge. To determine the limit in equation (46l), let us define

= Z]Nﬂ—

§=0 k=0

and remark that X, < @J,. Since (d")nen is a proper degree progression, for all € > 0 there
exists & (€) ,m (¢) such that for all kK > kK and n > m

(dmaxydmax)

1 .
- > jNjk(n)<e (47)
(d=,d*)=(0,0)
d~>kordt >k

Thus for £ > K there holds X, , < @, < X, + €. This implies that if v-a.s.

nh_)ngo X = Z ijbond =X (48)

§=0 k=0

then lim,, o @), = Q v-a.s. as well [4, (3.5)]. Thus the goal is to prove equation ([@8]). Applying
Lemma 6.8 [19] we can show that this limit v-a.s. holds, if for any € > 0 there holds

e ~
SOP [ Xun - Xe| >
n=1

We show this analogous to the proof of equation ({@]). By the definition of X, ,,, X, and p]]?%nd,
for all € > 0 there exists N such that for all n > N

e] < 0. (49)

€
5

Combing this with the reverse triangle inequality, we find for any € > 0

B (K] - e

P HXH,TL - N/@

€
| <P[1Xen —EXeall > 5
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Remark that

X — E [Xic]] = i (N ) —E [N (m)]). (50)

This implies that for ¢ = - there holds
2 ZJ <wJ

€ 1
P [|X,w —E[X.] > 5] < S p [;|N]’.fk (n) —E [N;.jk (n)}| > e/] .
j<mk<n
Using equation (45]) we find

P|[Xun —E[Xeall > 5] < 2 0 <%> <o <ni;>

J<K,k<K

Here we used the fact that dy.x = O (nl/g) and that for j > dpax or k > dmpax or both, there
holds N7, (n) =E [N;rk (n)] = 0. This shows equation (49) and hence proves that @), converges

v-a.s. to Q. .
By redefining Q),, Q, Xx.n, X, and setting

¢ — min € € € € , € ,
{2 2Z]<n«] 2E]<nk<n«]k 2Z]<n 2 2Ek<n

similar derivations hold for the first mixed moment and the second moments, that is one may
show that all the moments of interest and the distribution itself converge simultaneously v-a.s.
for an element of D. Thus we have shown that (dﬁ)n ey I8 v-a.s. feasible.

To prove that (dﬁ)n N is v-a.s. proper according to Definition (4.8]), we will now show that
for each feasible (dﬁ)n ey € D, there holds:

1/12
us n/

max—m

and
u 25 k=0 j2/<;N;»fk (n) Zﬁ:ojkzN;fk (n) n1/12
p" = max 7 Y 7
prmn prn In(n)
where df .. is the maximum degree of the percolated degree sequence. As the degree progression

before percolation (d"),en is proper, there holds dpax <1 - / Percolation can only decrease

the in-degree and the out-degree of a vertex, implying d7 .. § max- Logether these observations

show that d7 . < 22 for any (d ) neN € D. Tt remains to show p™ = o (i) Consider

max — ln(n) In(n)
the sum Zj7k:0‘72kNj’k (n) (vespectively >29 _, jk:zN;-fk (n)). Each vertex of degree (j, k) con-
tributes j2k (or jk?) to the total sum. As the in-degree and the out-degree can only decrease
due to percolation, this implies that

Z F*ENT, (n) Z FPENjk(n) and )" GENT (n) < Y jE Nk (n).
4,k=0 4,k=0 4,k=0 4,k=0
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Recall that ;P = 74 and 7 is a constant, i.e. it is assigned a fixed value before percolation.
These observations together with the fact that (d"),ey is proper imply

p" < max { 2 k=0 3 Nk (1) 32550 K Nk (”)} _Pr <n1/12>

TUn ’ Tun ~ %\ In(n)

s

Thus any (dz)neN € D is v-a.s. proper.
Let E C D be the event over which the degree progression is proper. As any element of
D is v-a.s. proper, there holds v (E) = 1. For any (dg)neN € E we may apply Theorem [0l

to a sequence of random multigraphs <égn> N arising from uniformly random configurations.
ne
Recall that Lemma implies that this is the case for all n if we condition on D" = d}}. We

will now fix (d") € E and apply Theorem EI0 to < n) . distinguishing two cases
ne

~bond bond bond __
M1’

Let 7 < #°°". Define A, ( 7r) to be the set of all multigraphs obeying d? for which the
largest strongly connected component contains no more than en vertices, for € € (0,1). As

% = 77‘% < 1, Theorem .10 implies that for all e:

T and ™ > 7 , with 7

lim P [g € A (dr) D" = dﬂ =1 (51)

n—o0

Next consider 7 > #”°". Define B, (dﬁ) to be the set of all graphs whose largest strongly

connected component contains en vertices, for € € (0,1). As % = W% > 1, Theorem A.101
implies that there exists a unique ¢, such that

lim P [égn € B.(d") |D" = d;‘} = 1. (52)

Not only does the theorem imply existence of such of ¢, it also determines its value. This
value plays the same role for the degree distribution pb‘md as ((T+ ¢ +¢ —1) for pjr. We
will express this value in terms of p; ;. This requires us to determine the probability that a
uniformly at random chosen in-stub is attached to a vertex of out-degree k in the percolated
graph. In analogy to equation (Z2I]) this equals

[e'9) 0 d-
d”\ — . (dT +
Jbond on d~— dt—k
pl-: - ﬂbondz H d_ NZZ Z <j>7r](1_ﬂ—) J<k>ﬂ.k(1_ﬂ-)
“Z Sy a0
H i =kd—o
having generating function
1 0
Uf () = (rp) ™ —wa(év,y)ly:l-

Similarly the probability that a uniformly random out-stub is attached to a vertex of in-degree
7 in the percolated graph becomes

—,bond __ Z Py ( ‘ >ﬂ.j 1—m)* 7, (54)
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which corresponds to generating function

U () = ()~ %Um,y)ry:l.

The distributions <pj_’b°nd>' N and < jbond) o both have expected value 77% > 1, and,
J€No J€No

;bond + bond

[ > 0, we have unique fixed points z*,y* € (0,1), see [10, Lemma 1]:
¥ = Ul (2%), (55)
y =Ur(y") (56)

Using z* and y* we can determine the analogues of (7, (™ and 1), as used in Theorem EI0, for
the degree distribution p?f}fnd. Using equations (26)), (23] and (27) these are defined as

o o0

¢ sbond . _ 9 Z p]ﬁ%nd ($*)] , C+,b0nd —1_ Z pl]97%nd (y*)k (57)
J,k=0 J:k=0
and
wbond Z pbond )k ) (58)
7,k=0
We can now define
bond C ,bond + <-+ ,bond + ¢bond 1=1— Uﬂ—($*, 1) _ Uﬂ—(l,y*) + Uﬂ—(l‘*,y*). (59)

Hence, € = ¢”°"¥ is the unique value required by equation B2).

To finalise the proofs for Theorem and 23] we need to supplement Equations (52]) and
(5I) with two minor observations. First, the theorem is stated for a percolated multigraph

progression (égn) N without conditioning on the degree progression of percolated graphs. As
ne
v (E) =1, the argument of Fountoulakis [4, p. 348 | can be applied to show that:

o nh_)n;o]P’ [égn SV (dﬁ)] =1 for all € € (0,1) if 7 < #Pond;

o lim P [ng € Bvon (dg)] —1land lim P [égn € B. (dg)] = 0forall e € (0,1), e # cbond

n—oo n—oo
if 7 > 7bond,

Second, Theorems and 2.3l make assertions about uniformly random simple graphs instead of
random multigraphs. Replace the the graph Gg» in Lemma 3.7 and Corollary B8 by the graph
égn and condition on the graph to which percolation is applied (Ggn) being simple. This yields
slightly different variants of the lemma and corollary that do not require additional changes to
the proof. Now applying this variant of Lemma B.7 and Corollary B.8] to the above limits, we
deduce that

o lim P[G] € A (d})] =1forall e € (0,1) if 7 < fbond,

n—o0

° nh_)IEOIP) [GT € Bona (d7)] =1 and nh_)rrololP (GT € B. (d7)] = 0 for all € € (0,1), € # c>ond if
> 7i_bond

completing the proofs of Theorems and [2.3] for the case of bond percolation.
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5.3 Site percolation

The proofs of Theorems and 2.3l for site percolation have similar structures as those for bond
percolation. Hence, we will refer back to Section where applicable. As in the case of bond
percolation, the proof is split into three steps. First, in Section [£.3.1]1 we show that applying site
percolation to a uniformly random configuration results in another uniformly random configu-
ration, if we condition on the degree sequence after percolation. Second, we determine the limit
of the expected number of vertices with degree (j, k) after site percolation, see Section [5.2.2]
The proof is completed in Section [(£.3.3] by combining the first two steps with results of Section
0.2

Recall from Section [2] that deleting a vertex means that we remove all edges adjacent to this
vertex. In the setting of the configuration model this implies that all stubs attached to a deleted
vertex are removed. Let us denote these stubs by (W=7 W), As site percolation removes
any edges adjacent to a vertex, the match of any stub in (W =", W) will be removed too. A
stub in (W =", W*") may or may not have its match in the same set, as it might happen that
both endpoints of one edge are deleted. Let (W™ W™™) contain all the matches of stubs
in (W=7, W*") that are not connected to a deleted vertex. Thus W—" U W ™™ (respectively
WHT U WT™) are all in-stubs (out-stubs) removed by site percolation. The stubs that survive
percolation are still denoted by (W=7 W+™). Remark that this implies

W =W "UW>"UW™" and WH=WHTuwH ywm, (60)

These definitions of (W =", W) and (W™ W*™) will be important throughout the proof.

5.3.1 A percolated configuration is a uniformly random configuration

As in the case of bond percolation, conditional on d? being the degree sequence after percola-
tion, applying site percolation to a uniformly random configuration on (W=, W) results in a
uniformly random configuration obeying d??. We shown in Lemma that conditional on the
stubs that are removed by site percolation, the matching on the surviving stubs is uniformly
random.

Lemma 5.6. Apply site percolation to a uniformly random configuration M on (W=, WT).
Conditional on the elements of (W =" W) and (W™ WT™) each configuration on (W =", W)
is equally likely.

Proof. According to equation (60), fixing the elements of (W™" W) and (W™ WHm),
uniquely determines the elements of (W=, W ™). Choosing the elements of (W ~", W) and
(W™ W+™) furthermore implies that the configuration M is the union of a configuration on
(W=ruW—m WH"UW—"™) with the one on (W™ WH™). As M is a uniformly random
configuration obeying this split and the elements of (W=7 W™™) are fixed, the configuration
on (W= W*7™) will be a uniformly random one.

O

This lemma allows us to prove that conditional on the degree sequence after percolation,
there remains a uniformly random configuration.

Lemma 5.7. Apply site percolation to a uniformly random configuration on (W=, WT). Con-

ditional on D™ = d”

T

any configuration on (Wd_n, W+n) 1s equally likely.
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Proof. Define | = |IW 7| and let S(d”) contains all sets of surviving stubs (W=7, W) that
induce the degrees sequence d?}. Fix a matching M™ of (Wd_n, W;’n) Then it holds that

PMTD"=d}]= > P[MTD"=d, (W ", Wh") =(4,B)] x
(A.B)eS(dy)
P[(W™™,WHT) =(A,B)D"=d}].

Remark that P [M™|D" =d%, (W—™, WH™) = (A,B)] = PMT|(W—", W) = (A,B)] as
(A, B) € S(d?) implies that (W™ W™™) must induce the degree sequence d”. Using Lemma

and the bijection between (W =™ W™™) and (Wd_n, W;'n) we find:

s —, T ™ 1
]P’[./\/l !(W W ) = (A,B)] =
Furthermore, combining these observations with

Z P[(W™™,WH™) = (A,B)|D" =d7] =1
(A,B)eS(dp)

following from the definition of S(d7), we obtain

1 1
PIMTD"=dy] =5 Y. P[W W) =(4.B) D" =dy] = .
(4,B)eS(dy)

completing the proof. O

5.3.2 The expected number of vertices with degree (j, k) after site percolation

The next step in the proof of Theorem for site percolation is proving existence of the limit

. E [N’.Tk (n)}
pii = lim L (61)

n—oo n

and determining its value for j, k € Ny. Then, given pj-i}f, 751 is determined analogously to

#Pord and in Section [5.3.3] 7% is shown to be the desired threshold for site percolation.
If the in-degree j or out-degree k, or both, are larger than d,.x, then

d-d+
number of vertices of degree (d~,d") before percolation that are not deleted. Thus Ny- 4+ (n)—
NI .+ (n) equals the number of vertices of degree (d~,d") that are deleted. Each vertex is
deleted with probability 1 — 7w independently of other vertices, hence:

Let 0 < j,k < dmax. We will now bound the value of E [N;rk (n)] Let N™" . (n) denote the

E [N;;fd+ (n)} = Ny g+ (1), (62)
E [Nd,,ﬁ (n) = NI ()] = (1= 1) Ny g+ (n). (63)
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A deleted vertex will have degree (0, 0) after percolation with probability 1. Let Pjx (d~,d") be
the probability that a non-deleted vertex of degree (d~,d") has degree (j, k) after percolation.
For (j,k) = (0,0) we have

dm ax dmax

[Noo ] Z Z (1 =7) Ng- g+ (n) + 7P (d=,d¥) Ny- 4+ (n)) (64)

d—=0d*+=0
and otherwise,

dmax dmax

E N7 ()] = D D #Pik (47, d%) No- gr (). (65)

d—=jdt=k

We will now derive the expression for Pjj (d~,d"). Let s~ = [W="UW ™|, s = [WH™ U
wHm| = = [W=™| and r* = |[WT™|. Note that there must hold s~ — r~ = st —r*
as s~ —r~ = |[W—T|, st —rT = |WH7™| and the remaining configuration on (W=7, W)
forms a directed graph. Let Pjj(d~,d",s™,sT,r7,rT) denote the probability P; (d~,d")
conditional on the values s, s™,r~,r". We will now determine this conditional probability.
Site percolation combines the independent random processes of deleting vertices and creating a
uniformly random configuration on (W=, W™). As these processes are independent, we may first
determine the elements of (W™", W) and then randomly create a configuration on (W=, W ).
Thus conditional on the value r~ (respectively 71), each subset of W=\ W—"(W* \ W) of
this size is equally likely to be W™ (or W*™). This implies that

——d- st—dt
d~ dt N\ (o) (Eiat)
P (d=,d"r rt s7,sT) = < >< > = I T L (66)
5 ) ) ) ) 9 — + _ F

A== J/\dT =R/ (1) (7+)
To approximate this probability we will show that with high probability s—, s™ will in some
bounded interval I’ and r~, 7" in I both. This enables us to determine Pjj, (d~,d*, 77, r*,s7,s1)
for s7, 51,77, 7" in these intervals. First consider s~ and s*. By using equation (62]), we obtain:

dmax max IIlaX dmax

m,r + ATT,T o
E E md Ny~ g (n)=mr and E[s E E Td "Ny gy (n) = mm.
d-=0d+=0 d==0d+=0

Using dpax < n'/9 and Hoeffding’s inequality we also find that

P Us_ —E[s7] ‘ > n?/3 ln(n)] < e~ * M) and P [|s+ —-E [s+” > n?/3 ln(n)} < e~ (m)
(67)

This implies that
s,stel = [mw —n?1n(n), mr +n?? ln(n)]

with probability 1 — e~ (*(M)  The following Lemma specifies such an interval for r~ and r7.

Lemma 5.8. Conditional on s—,s™ € I', there holds

rtorm el = [mﬂ(l — ) —n?Bm%(n),mr(l —x) +n?3 ln(n)ﬂ
with probability 1 — e~ (In*(n) for both values separately.
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Proof. We present the proof for r—. The proof for r* is identical to the one for r~ up to
switching the roles of in-stubs and out-stubs. Since we consider a uniformly random configuration
on (W=, W), the probability that any in-stub is matched to an out-stub in W™ is m#ﬁ =
(1-m)(1+0 (n_1/3 In(n))) as s~,s™ € I'. Since 7~ equals the number of in-stubs in W=\ W ="
with a match in W™, this implies

m—sT

E[r]=s" =mm (1 —m) <1 +0 <n2/3 ln(n))) .

m

To complete the proof, we will now show that
P [|r‘ —E[r7]|> n?/3 lnz(n)] < e n*(m)

This is realized by applying Theorem to the space of configurations on (W=, W™) with the
symmetric difference as the metric. The value of »~ plays the role of the function f. To partition
this space, we order the in-stubs of W ™. Define an i-prefix to be the first ¢ in-stubs together
with their match. An element of the partition Py consists of all configurations with the same
k-prefix for all k € {0,1,...,m}. For any A, B € Pk such that A,B C C' € Px_1 a bijection
¢ : A — B can be defined. Denote the k' pair of a configuration in A by (z,74) and the k!
pair of a configuration in B by (z,yp). Then ¢ maps M € A to the configuration in B with
(z,ya) replaced by (z,yp) and with y4 the match of the in-stub in M matched to yp. By
definition of ¢ it follows that ¢, := M — ¢(M)| =4 for all k € {1,2,...,m}. As the value of
r~ also changes by at most the symmetric difference of the two matchings, Theorem [5.2] implies

4/31n?%(n) 2
- _ - 2/3 12 < ne ) (i (n)
]P’[’T E[r7]| > n*?In (n)] _2exp< 5o e ,
as m < ndpax < nt0/9. O

Fountoulakis [4, Section 4] shows that for dyax < n'/? there holds uniformly for » € I and

sel
(") (;(%m (e (o (B,

Applying this to equation implies that uniformly for all s=,st € I’ and r—,r% € I there
holds

B + , _ . 2
et () o ().

However we cannot yet determine this probability if at least one of the following conditions is
violated: s—,sT € I’, »—,r* € I. Instead of determining the probability in these cases, we show
that such violations are unlikely, that is, instead of bounding the probability

PlsT¢I'vst¢I' v ¢l Vvrt¢l],

we add a condition on Nzlr,”: 4+ (n), allowing us to bound the value of E [N;Tk (n)} Theorem [5.1]

implies that
PNI" e () —E [Ny ()] 1> Vatin(n)| < e~ ("), (68)
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In combination with equation (62)) this implies that
N7y (n) € I"(d,d%) = [max {wNy- g+ (n) = Vialn(n),0} , 7Ny g+ (n) + valn(n)]

with probability 1 — e~ (In*(m)) Together with equation (67]) and Lemma [5.8 there follows:

P {s‘ ¢lorst ¢ 'orr™ ¢ Torrt ¢ Tor Nj™" ;i (n) ¢ I’ (d_,d+)]

<P[s~ ¢ I|+P[s* ¢ I+ P~ ¢ N +P [ ¢ 1] +P N7, (n) ¢ 1" (d7,d")]
:o<%>+P[r_¢I]+P[r+¢I].

By the law of total probability

Plr=¢1] = sTel stel
sT¢l',stel

¢lls— el stel ]
]
sTel st ¢l
] =

P[r- JP[s”
Plr¢Ils~ ¢ I' st €l'|P[s
Plr=¢Ijs~el',st ¢ I'|P[s
Plr-¢lls ¢I',sT¢I'|P[s” ¢I',sT ¢TI
In a similar fashion, it is shown that P[r* ¢ I] = o (). Thus there holds

Pls ¢ Tl'orst ¢ 'orr™ ¢ Torrt ¢ IorNerr (n) ¢ I" (d~ d+)} = <%> . (69)

d—d+
Ng- g+ (n) and (d")nen is proper, for all € > 0 there exist x(e) and N (€) such that for all
n>N:

This allows to determine a lower and upper bound for the value E [N;Tk (n)} As N7 (n) <

(dmax 7dmax) (dmax 7dmax)
> Pi(d,dT) N} " (n) < > Ngar (n) <en. (70)
(d—,d+)=(0,0) (d—,dT)=(0,0)
d~>k+1lordt>k+1 d~>k+1lordt>k+1

In combination with equation (G5)) this implies for (j, k) # (0,0)

ZZ ik (A7, dT) N2 d+()<E|:N7T } ZZ ik (A=, dT) N d+()+en.

d—=jd+=k d-=jdt=k
(71)

Using equation (69) on the left-hand side of the above equation we find

[N;Tk } Z Z DI IS 3 dg g Pig (d™,db, 7 7% 57, 57) x

d-=jdt=ki-€l'ttel'’s-elstelqd, , eI’(d",d")

o —_ ~ 1
]P’[r =it =fT s =5 ,sT =35 N;”CH( ):dd,d+]+0<ﬁ>-
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As equation (G8) implies that

S de P[NP () = dyg g | =B [NT ()] —|—0<—>,

dy— g+ €1"(d",d*)

following [4] we obtain the lower bound:
. 1 S d- dr
E [Nij (n)] >0 (ﬁ) +7sz.d;kNd7d+ (n) (d— —j> <d+ B k:> X
:‘] =

pIth (1 — gyt Hdt ik <1 +0 <1 21(;;)>> .

In a similar fashion we can show, using the right-hand side of equation (7I), that the upper
bound is

E[N;jk()]<en+o<> ZZNd e ( <d_d__j><d+dik>x

jdt=k

with (1 — yd ATk <1 +0 (ﬁg@)) .

Combining the upper and lower bounds together proves convergence of the limit for j, k > 0:

. E [N } d+ itk d=—j+dT—k 51t0
B L
=jdt=k
For (j,k) = (0,0), we need to use equation (64) instead of equation (G3). Since N*" | (n) <
Ng- 4+ (n) and (d"),en is proper implies that for all € > 0 there exist « (¢) and N (¢) such that
foralln > N

(dmax ydmax ) (dmax ,dm ax

S (Namar ) =Ny ) € D0 N s (n) < en.
(d—,d+)=(0,0) (d=,d+)=(0,0)
d~>k+1lordt>k+1 d- >K+10rd+>li+1

Thus the equivalent of (71]) for (j,%) = (0,0) becomes

K K

S0 0 [(Narsae (1) = N7 () + Poo (d7,d%) N3 ()] < B [Ny ()] <
d—=0d+=0
i i [(Nditﬁ (n)_Nerifde( )) + Poo (d=,d7) N}” d+( )] + 2en,
d—=0d+=0

and the analogous argument as for (j, k) # (0,0) is applied to obtain:

E | Ngo (n) N\ o |
n.—>oo { - } 1_71- —|—7TZ Zpd d+<'><k>ﬂj+k(l_ﬂ)d j4d kng%c.

lim
d—=j d+=Fk
(73)
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Comparing equations (72) and (73) with equation (37]) we find:

psi}ge — piond (]7 k) 7& (07 0)7 (74)
7 b:)nd + 1- T, (]7 k) = (070)
To guarantee that pSIte must be normalized, we exploit the connection between pSIte and pbond.
Y IPI IR EEES ) ot
§=0 k=0 §=0 k=0
Using equation (74), we find that
pre = o = 72 and p = wpl M = 7P (75)

site

This link between the two distribution also implies that ik satisfies equation (I2)).

It is left to determine 7%, As we expect the percolated graph to obey the degree distribution

site

Pk from Theorem .10l we expect that the percolation threshold is the value of 7w such that

oo
Z jk’pSItC o Z jpsn:c (76)
7,k=0 7,k=0
Denote this value by #%*. Combing equations (76) and (75) we find 7 AS‘te = site’ H11, which
implies that
7¢[_sito — L — 7¢[_bond

11

Hence, we expect that the percolation thresholds for site and bond percolation are equal. This
can be explained by remarking that the expected degree distribution after site percolation is
a rescaled version the degree distribution after bond percolation, expect for (0,0). Hence one
expects a GSCC to appear under the same conditions. However the GSCC after site percolation
is expected to contain fewer vertices, because the probability to find an isolated vertex is larger.
Note that, as in the case of bond percolation, see equation (4Il), we have a positive fraction of
dead ends for 0 < 7 < 1, which fulfils one of the prerequisites for Theorem [£.10]

site site

5.3.3 Determining 75'*¢ and ¢

To finalise the proofs of Theorems and 2.3l for site percolation, it remains to show that
méite — 7% and to determine ¢'*®. This is done analogously to the proof of Theorem for
bond percolation in Section[5.2.3] Because of the similarity between these proofs, we only explain
the changes that are made in Section [.2.3] to convert it into the proof for site percolation.

First of all, we need to replace pbond with pjlze Lemmal[5.7 proves exactly the same statement
for site percolation as Lemma [5.5 for bond percolation, therefore substituting this lemma in
Section [5.2.3] will suffice. However, equation (49) requires a different proof. Conditional on a
certain realisation of (W=", W™ ") and the values s~, st € I', v~ ,r* € I, the value of N (n) is
determined by the random choice of (W= W*™). By changing one element of (W™, W)
the value of N;.fk (n) changes by at most 2. Thus Corollary [5.3] can be applied to obtain

P [|N;.jk (n) —E [N;.jk (n)}| > /aln(n) | s~ s, 0, (W—vT,W“‘)}
< 2exp (( : nln2(n) ) _ e—Q(1n2(n))_

m(1 — )7 +n?/31n(n))
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Using Lemma [5.8 and equation (67)) there follows
P ||NT E|NT n2(n)] = o (
N7, () = E N7, ()] > Vi ln?(n)| = o ( =),

and, as k is bounded, this completes the proof of equation (49).
The last change we need, is related to the fact that Theorem [4.10]is now applied to a proper

degree progression with p?“,f as degree distribution instead of pbond. Hence #°°"! and ¢bond

must be replaced by #%% and ¢¥i*¢. In Section [(.3.2] we already found that #%* = % Thus it

51t0 bond

remains to determine ¢ This value is derived analogously to the derivation of ¢ , expect
for replacing pbond by Pk This implies that we first need to determine the probability that a
uniformly random out- stub (respectively in-stub) is attached to a vertex with in-degree j (out-
degree k) in the configuration after applying site percolation. In analogy to equations (54]) and
(B3) these probabilities are given by

51te

o0
— sit d=—j
= Yttt = Y (4 ) 0
k=0 we d—=j
and
% dt—k
+Sle_zpd+< > (1—7‘(‘) .
dt=k
Note that p Tsite pj_’bond and p+ site p;’bond. While this might seem surprising, there is a

logical explanation. A vertex of degree (0,0) does not play any role in this distribution, as it will
never be encountered by following a uniformly random in-stub or out-stub. Equation ([74]) implies

that for all other degrees there holds pS‘tC = Wp?%nd. Hence, after normalization the value of

pj site (respectively p+ Slto) equals pj bond (or p; bond) for all j (or k). Since these distributions

are equal, they have the same fixed points, z* and y*, as in equation (55l). Therefore, the
difference between the two types of percolation is only in the definitions of ¢ =% (Tsi* and

wsito .

C— ,site =1 — Z p51te (1 _ C—,bond) 11— T, (77)
jk 0
C—',— ,site =1 — Z p51te = (1 — C—i—,bond) +1-— T, (78)
J,k=0
and
¢site — Z p??ge )k = 7T¢bor1d +1—m. (79)
7,k=0

Applying Theorem .10 and elementary transformations to the above equations, we obtain
51te C— ,site + C+ ,site wsite 1l=x (C—,bond + C—i—,bond + wbond o 1) — 7_[_cbond (80)

site bond

This simple relation between ¢*'¢ and ¢ also can be intuitively explained using equation
(74). The main difference in the distributions is in vertices with degree (0,0). A vertex of
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degree (0,0) forms its own strongly connected component. Hence these vertices are not in the
GSCC. As pj-ﬁf = wp}?f,’gnd and p%l’toe = wp?ﬁcnd 41— m, hence we could already have predicted that
ite = rcPond - This is the last change that needs to be made to Section [5.2.3 to complete the
proofs of Theorems and [2.3] for site percolation. This completes the proofs of Theorems

and 231
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