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The industry sector is a major energy consumer and GHG emitter. Effective climate change mitigation
strategies will require a signiﬁcant reduction of industrial emissions. To better understand the variations
in the projected industrial pathways for both baseline and mitigation scenarios, we compare key input
and structure assumptions used in energy-models in relation to the modeled sectors' mitigation potential. It is shown that although all models show in the short term similar trends in a baseline scenario,
where industrial energy demand increases steadily, after 2050 energy demand spans a wide range across
the models (between 203 and 451 EJ/yr). In Non-OECD countries, the sectors energy intensity is projected to decline relatively rapidly but in the 2010e2050 period this is offset by economic growth.
The ability to switch to alternative fuels to mitigate GHG emissions differs across models with technologically detailed models being less ﬂexible in switching from fossil fuels to electricity. This highlights
the importance of understanding economy-wide mitigation responses and costs and is therefore an area
for improvements. By looking at the cement sector in more detail, we show that analyzing each industrial
sub-sector separately can improve the interpretation and accuracy of outcomes, and provide insights in
the feasibility of GHG abatement.
© 2017 The Authors. Published by Elsevier Ltd. This is an open access article under the CC BY license
(http://creativecommons.org/licenses/by/4.0/).
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1. Introduction
In 2010, the industry sector was responsible for 37% of total
global ﬁnal energy consumption and emitted more greenhouse gas
(GHG) emissions than any other sector1 [1,2]. While energy intensity of the industry sector mostly decreased in recent years (due
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1
The total energy demand is usually broken down into four end-use sectors:
industry, transport, buildings and agriculture, forestry and other land use (AFOLU).

to the adoption of energy and material efﬁciency measures), total
energy use still increased as a result of production growth and a
shift towards more energy intensive industrial products [3]. The
International Energy Agency (IEA) projects that industrial energy
use would continue to increase, approximately doubling in 2050
compared to the consumption of 126 EJ2 in 2009, under the
assumption of a continuation of current trends. This would lead to
an increase of industrial CO2 emissions by 45e65% [4]. Effective
climate policy would therefore require steep emission reductions in
the industry sector to reach stringent climate targets [2].
Energy-economy models and Integrated Assessment Models

2
This ﬁgure includes energy use as a feedstock, energy use in blast furnaces and
coke ovens (own energy use and transformation energy) and excludes energy use
in reﬁneries.

http://dx.doi.org/10.1016/j.energy.2017.01.017
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(IAMs) are frequently used to analyze emission reduction strategies
and associated investment costs. The models are able to provide a
consistent picture of the global energy system and analyze tradeoffs and synergies in mitigation actions across different sectors [5].
Traditionally, end-use sectors such as the industry sector are
represented in most models in a rather stylized manner. More
recently, however, several models have started to include more
sector details. This does represent a challenge as, compared to
supply sectors, end-use sectors are highly diverse and use a large
variety of different technologies [6]. Also in the industrial sector
energy consumption is driven by many different industrial processes to manufacture a wide variety of products3 [7,8].
The IPCC Fifth Assessment report shows that current scenarios
display a wide range of industry sector emissions for the 21st
century, but provides little analysis of the underlying reasons for
these differences [5]. Still, to design effective mitigation policies, a
better understanding of possible future emissions and the reason
for model differences is needed [9]. Over the last few years, many
model comparison studies have been published which looked at
the behavior of IAMs. A few studies focussed on the energy and
land-use systems as a whole, such as comparing technology diffusion [10], the role of low carbon technologies for energy transformation [11]; regional projections [12]; and exploring mitigation
costs [13]. Some studies have also looked at speciﬁc sectors or
technologies such as the transport sector [14] or speciﬁc forms of
renewable energy such as bio-energy [15]. However, at the
moment, hardly any study has looked into the industrial end-use
sector. In addition to the limited comparison in the IPCC Assessment Report, studies have mostly looked into the representations
of different models for speciﬁc regions such as China [16] or sectors
such as the cement sector [17]. In this study therefore, we present a
ﬁrst detailed comparison of the industrial sector representation
within IAMs and other energy-economy models, discussing model
outcomes but also model assumptions to better understand the
differences in model behavior. In addition, we take a detailed look
into one major industrial sub-sector - the cement industry - in
terms of global energy consumption to assess the more detailed
sub-sector representation of a selection of models.
The article is structured as follows. In Section 2, we present the
methods used in this study. In Section 3, we provide an overview of
the industry sector representation in models and in Section 4,
model projections for the industry sector of different models are
presented for a “baseline scenario” (current trends) and a stringent
mitigation scenario (“450 ppm scenario”). Next, in Section 5, speciﬁc attention is given to the modeling of the cement industry.
Finally, in Section 6 the main results are discussed and the most
important conclusions are drawn.

2. Method
The model comparison in this paper includes both IAMs and
energy system models; we refer to the combination as long-term
energy models. To better understand how the industrial sector is
modeled, a questionnaire was sent to a set of long-term energy
models included in the EU-FP7 ADVANCE project4 (AIM-CGE, DNE21þ, GCAM, Imaclim-R, IMAGE, MESSAGE, POLES, and TIAM-UCL).
This questionnaire addressed model structure, system

3
In this paper the term industry is used for all activities contributing to the
production of goods and construction of building and infrastructure. Main industrial products are iron & steel, non-metallic minerals, chemicals & petrochemicals,
pulp & paper, non-ferrous metals and other products.
4
All models presented here are part of the European Union Seventh Framework
Programme FP7/2007e2013 ADVANCE project.

boundaries, energy and material demand drivers, technology
change and policy measures. The questionnaire results are discussed in Section 3. A more detailed model description of how the
industrial sector is modeled is available in the Supplementary
Material.
2.1. Scenario description
For the detailed comparison of the industrial sector projections,
outputs of two scenarios were collected:
 one scenario without new climate policies (“baseline scenario”)
and,
 one scenario aiming at a stabilization level at 450 ppm CO2-eq
(“mitigation scenario”).
The model output was either generated speciﬁcally for this
study or taken from earlier published results by these models as
part of an Energy Modeling Forum study [11]. The modeling teams
were asked to provide results for a medium-growth baseline, but
there was no attempt to harmonize assumptions e thus taking
different demographic and economy growth rates as part of the
overall uncertainty (see Section 3.2). The study also included the
current policy scenario of the IEA's World Energy Outlook (WEO),
that takes into account those policies and measures affecting energy markets that were formally enacted as of mid-2013, as well as
the WEO 450 scenario, which stabilizes at around 450 ppm CO2-eq
in 2100 [18].
The model assumptions for global population and GDP are
depicted in Fig. 1. These drivers stay relatively close across the range
of models and to the WEO scenario in the coming decades, but start
to diverge after 2035. In the 2011e2035 period, the WEO scenario
shows an increase in global GDP (expressed in real purchasing
power parity [PPP] terms) at an average annual rate of 3.6%. Population grows from 7.0 billion in 2011 to 8.5 billion in 2035 [18]. By
the end of the century, there is a considerable difference in population projections with IMAClIM-R and POLES showing a further
increase in global population after 2070 e while all models show a
peak followed by a decline in global population.
3. Description of the industry sector in global energy system
models
3.1. Model characteristics
The eight models that participated in this study are widely used
in IPCC assessment reports. Table 1 provides their general
characteristics.
Although the distinction is not always clear, energy models are
commonly categorized based on their disaggregation level into topdown and bottom-up models. Bottom-up models have a relatively
high amount of technological detail. Most of the ‘bottom-up’
models are energy-system models focusing on the behavior of the
energy system. Top-down models have less technological details
and model the economy by taking into account interactions between the various sectors (e.g. the interaction between the energy
sector and the rest of the economy). Most top-down models are socalled Computable Generic Equilibrium (CGE) models, representing
the sectoral economic activities by production functions [19].
Another key difference across the models is the solution type used.
This study includes intertemporal optimization models, in which
an algorithm is used to optimize a distinct target across a period of
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Fig. 1. Scenario drivers: a) Global Population; b) GDP expressed in Market Exchange Rates; c) GDP expressed in real purchasing power terms.

Table 1
General characteristics of the models studied.
AIM-CGE

DNE-21þ

GCAM

Imaclim-R

IMAGE

MESSAGE

POLES

TIAM-UCL

Type of model

CGE

Energy system
model

Hybrid/IAM

Hybrid CGE framework
with sectoral bottom-up
modules

Hybrid/IAM

IAM based on
bottom-up
energy model

Energy system
model

IAM based on
bottom-up
energy model

Solution type

Simulation

Intertemporal
Optimization

Simulation

Simulation

Simulation

Intertemporal
Optimization

Simulation

Intertemporal
Optimization

Number of
regions

17

54

14

12

24

11

57

16

time, as well as simulation models, that run based on a set of rules
that determine the decisions made in every single time-period
based on the information from the previous time step.5 The
diverse set of models included in this study give a good representation of the broad range of type of long-term energy models.
3.2. Industry sector model characteristics
A key difference in industry modeling can be found in how the
industrial sub-sectors are represented, i.e. the (explicit) representation of material demand, the model drivers, the technologies
included and the assumptions regarding energy efﬁciency as
descibed in Table 2.6
Economic and demographic drivers are either directly related to
industrial energy demand or to the demand for materials and industrial products. The latter options allows for an explicit representation of various material production technologies and material
recycling opportunities [2,20]. In CGE models, the projection of
economic activity is the outcome of the production function, and
energy intensity or material intensity improvements are typically
represented by the substitution between capital, material, labor
and energy inputs.
Some models include a detailed set of current and future technologies, characterized by their costs and efﬁciency. Technology
deployment is modeled on the basis of relative costs, leading to

5
Simulation models may in turn use an optimization routine at a given time
steps: for instance, CGE models usually optimize welfare. Or else, they may use a
more behavioral or descriptive routine that do not rely on optimization, such as a
logit function to describe the evolution of technology shares.
6
A more in depth description of the models in general and more speciﬁc details
on their representation of the industrial sector can be found in the Supplementary
Material.

more efﬁcient technologies deployed when fuel prices increase.
Other models do not account for technologies explicitly, but technology development is driven by either exogenous assumptions or
for example learning-by-doing based functions.
Finally, an important difference in modeling is the system
boundary assumptions. Key differences among models are the inclusion or not of the energy use for feedstock purposes (also known
as non-energy use of fuels) and the energy use in coke ovens and
blast furnaces in the iron and steel industry. The energy use in reﬁneries, agriculture and forestry are not included in the reported
models industry data.
4. Global industrial model projections
4.1. Baseline scenario projections
4.1.1. Final energy demand
The baseline industrial ﬁnal energy demand projected by each
model (with and without feedstock use), is shown in Fig. 2. In the
short-term (next 20e30 years), all models project a steady increase
of industrial ﬁnal energy use, comparable to the IEA reference
projection. In the long-term, however, there are clear differences in
the projected trends, though these differences are not directly
related to the different model assumptions described in Section 3.
MESSAGE and GCAM project a continuous high growth of energy
demand, DNE21þ (running until 2050), AIM/CGE, TIAM-UCL, and
IMAGE show moderate growth and saturation of energy demand at
the end of the century while POLES and Imaclim-R show reduction
of energy demand in the second half of the century. In 2100, this
results in a range of more than a factor 2 between the highest and
the lowest projection. The ratio of ﬁnal energy demand in 2100
compared to 2010 (2010 ¼ 1) is between 3.4 and 1.4, which is
comparable to ﬁnal energy range of the much larger set of industry
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Table 2
Main industry model characteristics. Information acquired primarily from the FP7 EU ADVANCE industry models stock taking.
Industry sector
drivers

Industrial subsector breakdown

Technology

Efﬁciency
improvements

Policy measures

Policy impact

Material
trade
(industrial
goods)

Stock
turnover

Recycling

Energy
use as
feedstock

Energy use
in coke oven
and blast
furnacesc

Process
emissionsd

AIM-CGE

CES production
function with the
energy nested with
value-added

No

CES nesting
structure
determines the
technological
energy efﬁciency
and fuel use.

Carbon tax or
emission constraint
with carbon tax.

Price
mechanisms

Yes

No

No

Only iron
& steel

Only blast
furnaces

From
cement

DNE-21þ

Material demand is
related to
production,
consumption,
import, export,
population and
GDP.
Endogenously from
land use model (for
fertilizer), and total
GDP (for the
remaining
industry).

Iron and steel,b
chemicals,b nonmetallic minerals,b
food processing,
pulp and paper,b
construction,
others (7)
Iron and steela,
cementa, pulp and
papera, aluminium,
some chemicalsa
(ethylene,
propylene and
ammonia) (6)
Cementa,
nitrogenous
fertilizersa, others
(3)

Carbon pricing,
efﬁciency
standards, and
sectoral intensity
targets.

Implementation
rates of
technologies and
price mechanism

Yes
(exogenous
scenario)

Yes

Yes

Yes

In steel sector: Yes,
other sectors: No

From
cement,
iron, etc.

Carbon taxes,
emission
constraints.

Modiﬁed fuel
choices,
production
technologies and
demands for
industrial goods.

No

No

No

Yes

Yes

From
cement

Carbon/energy
taxes (or energy
subsidies),
emissions permits

Price
mechanisms

Yes

Yes

Yes,
but not
explicitly

Yes

Yes

No

GCAM

Imaclim-R

IMAGE

MESSAGE

POLES

Exogenous drivers:
population,
productivity,
resources
Endogenous
drivers: structural
change, production,
consumption
preferences,
import, export,
energy prices
Material demand is
related to economic
activity and
material intensity
for steel and
cement; energy
intensity for other
sectors.
Total energy
demand is related
to GDP and
population, based
on historical energy
intensity trends.

Energy-intensive
vs. non energyintensive
industries.

Yes

Exogenous per
technology. More
efﬁcient
technologies get a
larger market share
in response to
higher fuel prices.
No, only for CCS Technology
improvement rates
take into account
the opportunities
for improved
energy efﬁciency,
and are a scenario
input assumption.
No, only for CCS Improvement of
energy intensity
depends on price
development. Part
is autonomous, and
part is endogenous,
induced by energy
prices.

Steela, cementa,
other (3)

Steel, cement

Exogenous per
technology more
efﬁcient
technologies get a
larger market share
in response to
higher fuel prices.

Carbon tax,
prescribing certain
efﬁcient
technologies

A dynamic
response to
changed
technology costs
(incl. fuel price)
or prescribed
technology mix

Yes, only for
cement and
steel

Yes

Yes

Yes

Yes

From
cement

Thermal and
electric demand of
total industry, nonenergy use, cement
process emissions

No, only CCS for
process CO2
emissions
explicitly
represented

Improvement of
energy intensity
depends on longterm price
development. Fuel
switching implies
efﬁciency changes.
No explicit
representation of
energy efﬁciency
technologies.

GHG and energy
pricing, GHG
emission cap,
permits trading,
fuel subsidies,
capacity,
production and
share target
regulations

Price
mechanisms and
model
constraints

No

No

No

Yes

In steel sector: yes,
other sectors: no

From
cement

Price mechanism

Yes

No

Yes
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IAM

No
Yes
Yes

No
recycling
Yes, but not
explicitly
modeled
Price
mechanisms and
model
constraints
Carbon tax/cap,
permit trading,
technology subsidy,
efﬁciency
requirements

Taxation policy on
energy fuels, which
includes carbon
pricing.

d

Modeling physical production and energy demand of the sub-sector.
Modeling energy demand of the sub-sector.
Transformation and own energy use.
The process emission that can be assigned to a speciﬁc sub sector.
c

a

b

Pulp and papera,
chemicalsb, iron
and steela, nonmetallic mineralsa,
others (5)
TIAM-UCL

GDP and other
economic activity
to derive energy
demand or material
demand.

Yes

Improvement of
energy intensity
depends on longterm price
elasticities. No
explicit
representation of
energy efﬁciency
technologies.
Exogenous per
technology more
efﬁcient
technologies get a
larger market share
in response to
higher fuel prices.
Boilers are
described with
a ﬁxed cost, an
efﬁciency and
a life-time
Iron and steela,
chemicals and
petrochemicalsb,
non-metallic
mineralsb, others
(4)
Energy demand in
industry depends
on energy costs
(short and long
term effects) and an
activity variable
that is sub-sector
dependent.
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sector scenarios shown by the IPCC over the 21st century [5], which
includes 120 baseline scenarios.
Disaggregating the results between regions, shows that the ﬁnal
energy consumption pathways in Non-OECD countries is crucial in
understanding these global trends (Fig. 2c). All models project
annual industrial ﬁnal energy use in OECD countries to remain
more or less constant compared to current values, while in NonOECD countries industrial energy use is projected to grow signiﬁcantly. The United States Energy Information Administration (U.S.
EIA), in its 2016 International Energy Outlook study, projects that
total industrial energy use will increase in the period 2012e2040 at
an annual rate of 0.5% and 1.2% in the OECD and Non-OECD countries, respectively [21]. Total energy use is estimated to reach 326 EJ
in 2040; a higher estimate than in the models in this study.
The development of the baseline scenario is very important in
our attempt to make reliable estimations of the potential for GHG
mitigation and its impacts. Although all models project ﬁnal energy
use to increase in Non-OECD countries, how long this growth will
continue is a key uncertainty across models. Recent research [22]
showed that the demand for cement in China, a key Non-OECD
country, is expected to reach a peak in the coming years and start
very soon a declining trend, a key development that current models
might not be able to capture (described in more detail in section 5).

Yes

Only own
energy use
in blast
furnaces
(only for
boilers)

From
cement

O.Y. Edelenbosch et al. / Energy 122 (2017) 701e710

4.1.2. Energy intensity trends
Changes in industrial energy intensity (i.e. the ratio between
sectoral energy use and GDP or sectoral value-added) can be the
result of economic structural change (different growth rates of
different economic sectors and shifts towards higher-value goods
produced by the industrial sector) and improved energy efﬁciency.
Literature suggests that a key factor in the energy intensity decline
in developing countries has been technological change while in
developed countries the shift towards high-tech industry [3,23].
Moreover, the share of Industry Value Added (IVA) in GDP has
decreased in OECD countries which decreased the energy intensity
compared to GDP even further, as can be seen in Fig. 3.
The models project energy intensity (w.r.t. GDP) of Non-OECD
countries in the coming century to decline with annual reduction
rates ranging from 1.8 to 2.2%. These are signiﬁcantly larger than
the average reduction rate of 0.6% measured empirically between
1970 and 2010. In OECD countries energy intensity continues to
decrease, but with lower annual reduction rates varying between
0.3 and 1.7%, compared to the historic average of 2.7%. As
mentioned, this historical reduction in OECD countries is largely
the result of reducing IVA share in GDP. A key uncertainty for future
industrial ﬁnal demand is thus whether energy intensity in NonOECD countries converges to the historically observed OECD levels.
4.1.3. Energy consumption by fuel type
Fig. 4 shows the projected industrial ﬁnal energy use per fuel
type for the years 2010, 2030, 2050 and 2100. The AIM/CGE and IEA
results do not include industrial feedstock use. Interestingly, there
is a reasonably high agreement of the modeled fuel shares across
the models, remaining close to current shares. Fossil fuels are
projected by all models to take up more than 50% of the industrial
fuel use in 2100. Most models, except Imaclim-R and TIAM-UCL
project a slight increase in electricity use and a decrease in fossil
fuel use, both between 10 and 20% change. The electricity and gas
shares in the models are relatively low compared to IEA scenarios,
projecting respectively 31 and 21% in 2030.
4.2. Mitigation scenario projections
In the stringent climate policy scenario, all models show a
decrease in ﬁnal energy demand compared to the baseline (Fig. 5
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Fig. 2. Baseline ﬁnal energy demand projections in the industry sector up to 2100: a) Global excl. feedstock, b) Global incl. feedstock and c) Non OECD and OECD countries incl.
feedstock.

Fig. 3. Industrial energy intensity expressed in ﬁnal energy use/GDP MER (in USD $2005) for different regions: a) global, b) Non-OECD countries and c) OECD countries. 1970e2005
historic energy intensity values [24] are shown in black.

Fig. 4. Baseline ﬁnal energy demand of the industry per energy carrier in 2010, 2030, 2050 and 2100. The reported values include feedstock use for MESSAGE, GCAM and IMACLIM,
which in 2010 is mainly oil use in the chemicals and petrochemicals sectors, and cokes in the iron and steel sector. In the top left the fuel shares in 2100 are shown.

left panel). The range of projected industrial ﬁnal energy use in
2100 drops from 203-451 EJ to 115-306 EJ, i.e. a reduction of
10e50%. The IEA projects a reduction of 18% in 2035. TIAM-UCL,
GCAM and MESSAGE project a more or less constant reduction in
time, while IMAGE, POLES, AIM-CGE and Imaclim-R show a high
reduction in the ﬁrst 50 years and continue with a steady

percentage. Interestingly, the models with low industrial energy
demand (with the exception of TIAM-UCL) in the baseline ﬁnd that
there is potential to decrease the industrial energy intensity even
further to reach a climate target, and this decrease occurs in those
models more rapidly in the coming decades than in the other
models.

O.Y. Edelenbosch et al. / Energy 122 (2017) 701e710
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Fig. 5. a) Mitigation scenario ﬁnal energy demand as a portion of the baseline scenario ﬁnal energy demand and b) Percent change in fuel share mitigation scenario compared to
baseline.

The fuel mix changes signiﬁcantly in the mitigation scenario
which can be seen in Fig. 5b, showing the percentage change in
fuels shares in 2100 between a mitigation scenario and a baseline
scenario (indicating how ﬂexible the model is to switch to different
fuels as a response to higher fossil fuel prices). All models except
IMAGE show a strong decline in fossil fuel use in the mitigation
scenario. More speciﬁcally, especially coal use is reduced while
electricity increases. TIAM-UCL and MESSAGE also show a switch
from coal to gas.
In all models, there are no large changes in oil and biomass
shares. The apparent shift towards electricity is signiﬁcantly larger
for AIM/CGE, GCAM, Imaclim-R and MESSAGE than other models.
These models in fact have little explicit technology detail, which
could explain a higher ﬂexibility in fuel switching. In technologyrich models, additional information is added to the models on
preferred fuels for different processes. Moreover, in the latter type,
improvements are bounded by the technologies represented in the
model which could constrain options for fuel switching.
The differences in model behavior highlight the issue of the
appropriate level of detail and the speciﬁcs of the manufacturing
technologies used. In this exercise, the more aggregate models tend
to represent many industrial sub-sectors together with generic
production technologies in which all fuels are substitutes. Processbased, technologically detailed models may not include the capacity for future fuel-switching based on current technical information. In the past, we have seen examples of both restrictions in
fuel-switching as well as ﬂexibility (e.g. introduction of electric
arc furnaces in the steel industry).
The different approaches to reduce these industrial emissions
are summarized in Table 3. Variations across models lie in the
extent and rapidness of energy intensity reduction, and ﬂexibility

Table 3
Annual reduction (%) with respect to 2010 of energy intensity, CO2 intensity and CO2
emissions in the models mitigation scenario. The relatively high values are marked
bold.

DNE21þ
IMAGE
TIAM-UCL
POLES
Imaclim-R
MESSAGE
GCAM

Energy intensity
(MJ/$)

CO2 intensity
(g/MJ)

CO2 emissions

2050

2100

2050

2100

2050

2100

2.25
1.30
2.31
2.20
1.26
1.66

1.23
1.60
0.85
1.54
1.93
1.93
1.84

1.55
0.91
1.78
1.78
1.78
6.91

0.12
1.66
0.38
1.01
2.21
0.43
0.89

1.45
0.08
1.77
2.03
0.86
6.29

1.45
2.95
1.53
2.09
2.79
1.30
1.56

to switch fuels as discussed in the previous paragraphs. In models
where both approaches have a limited application (e.g. TIAM-UCL,
MESSAGE), other sector's emission budget will be more
constrained.
5. The cement industry e sub-sector model comparison
In this section we take a closer look into the projected material
production and energy use for the cement industry to get a better
impression of how the industrial sub-sectors are represented in the
models. The models included are IMAGE, DNE21þ, AIM/CGE, POLES,
GCAM and TIAM-UCL. The analysis focuses on the baseline scenario,
while for comparison, also the IEA projection for the 6  C scenario
(6DS) is shown [4].
The reason to focus on the cement industry is that it represents a
considerable share of global industrial energy consumption and
GHG emissions. In 2009, the global cement industry consumed
11 EJ, which is 11% of global industrial energy consumption (excl.
feedstock use) and emitted 2.3 GtCO2 which is 26% of global industrial GHG emissions of which more than half were process
emissions from calcination [25]. Several studies have identiﬁed
technologies/measures that can limit the energy use and GHGs, and
improve material efﬁciency in this sector [26e28]. Another reason
to focus on this sector is that compared to the other major energy
intensive industries, the cement industry is less complex. Cement is
almost entirely used by the construction industry. Cement plants
globally use the same three process steps i) raw material preparation, ii) clinker calcination, and iii) ﬁnal material preparation. In
addition, trade between the different countries is limited as cement
transportation is very costly. In 2009, only 4.5% of cement consumption was traded [29], meaning that for most countries, and
certainly the large regions covered in models, cement production is
equal to cement consumption.
Fig. 6a shows the projected production of cement in GCAM and
IMAGE, the production of non-metallic minerals in TIAM-UCL and
the production of clinker in DNE21þ, that model material use
explicitly. The global cement production in 2010 was 3.2 Gtonnes
[30] and the global estimated clinker production was 2.4 Gtonnes
(based on a clinker to cement ratio of 76%)7 [31]. The IEA shows a

7
Although there is data available on cement production, data on clinker production is not. Therefore, clinker production is usually estimated based on information concerning the clinker to cement ratios. The clinker to cement ratio
reported by the WBCSD/CSI (2012) is lower from the clinker/cement ratio of 80%
reported in IEA (2012b). For an 80% clinker/cement ratio, the 2010 clinker production would be 2.56 Gtonnes.
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Fig. 6. a) Projected material production in the non-metallics/cement industry b) energy use c) speciﬁc energy consumption for cement and clinker making in different long-term
energy models under the baseline scenario in comparison with the IEA projections.

relatively high increase in clinker production in both the low demand and the high demand scenarios compared to the other three
models. It should be noted that different calibration years do inﬂuence the results (e.g. IMAGE is calibrated to 2005). Above all, all
long-term energy models show a saturation of demand, while the
IEA seems to project a steady growth. In IMAGE, there is a peak in
global cement production at around 4 Gtonnes taking place in
2030; where after cement production remains stable to slightly
increase after 2040 to reach a new plateau at 4.5 Gtonnes. In GCAM,
a similar development is noticed although in the ﬁrst decades
cement production does not grow as strong.
Making reliable estimates of the cement industry developments
under a baseline scenario is key in the analysis of GHG abatement
potentials. In the case of the Chinese cement industry, it has been
observed that using pure economic drivers for the projection of
cement demand, resulted in higher projections than when using
physical drivers [32]. In a recent study of the Chinese cement industry [22] that uses the development of the different construction
activities as physical indicators and cement intensities per type of
construction to account for the cement needed in urbanization and
industrialization processes, Chinese cement production is estimated to peak in 2017 at 2.5 Gtonnes. For the coming 10 years it
was forecasted that a slow decrease will follow while from 2030 to
2050 cement production will decrease from 2.3 to 1.5 Gtonnes,
respectively. In IMAGE, Chinese cement production peaks in
2020 at 1.5 Gtonnes and decreases to 0.6 Gtonnes by 2050; however it needs to be noted that in IMAGE, an earlier year was used for
calibration that did not take into account the strong growth
observed in recent years.

The projected energy demand for the non-metallics/cement
industry by IMAGE, GCAM, TIAM-UCL and DNE21 þ peaks relatively early and then levels off or even declines (Fig. 6b). AIM/CGE
and POLES project the energy demand to peak at a much later year
(2040) after which also a decline is observed. The IEA projections
show continuous growth rates (driven by the rapid increase in
demand for cement). The models show again differences in base
year data. All models project that the cement sector share in total
industrial ﬁnal energy use decreases.
Fig. 6c shows the development of speciﬁc energy consumption
(SEC) for cement and clinker making in the various energy models.
This is projected to decline in all models driven by technology
development (with exception of the GCAM results for the ﬁrst 20
years of the projection). In IEA, the 2009 energy use for cement
making, 3.5 GJ/tonne cement, is forecasted to drop to 3.1 and 2.7 GJ/
tonne by 2050 under the low and high demand scenarios, respectively. In clinker making, the energy use (mainly fuel) is projected
to decline from 3.9 GJ/tonne clinker in 2009 to 3.7 and 3.0 GJ/tonne
clinker in 2050 in the low and high demand scenarios, respectively
[4]. That is an annual decrease in the speciﬁc energy consumption
of clinker calcination of 0.14 or 0.66%.
The annual decline rates of the speciﬁc energy consumption
during the 2010e2050 period, for clinker/cement/non-metallics
production are about 0.40%, 0.42% and 1.31% for DNE21þ, IMAGE
and TIAM-UCL respectively while the IEA scenarios show a range of
0.56e0.85% for cement making. Literature suggests that the energy
use for clinker making can drop to 2.9 GJ/tonne clinker [27] and
when improved equipment for cement making and lower clinker to
cement ratios are used the energy use could drop to 2.1e2.7 GJ/
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tonne cement [4,33]. This means that considerable improvement of
the energy efﬁciency would still be possible in the mitigation scenarios compared to the baseline projections.8
6. Discussion and conclusion
6.1. Discussion
Overall, the industrial sector representation in long-term energy
models has revealed some striking similarities in the projected
energy use pathways. Energy intensity (w.r.t GDP) in Non-OECD
regions is projected to decrease more rapidly over the coming
century than the one observed in recent decades with annual
reduction rates varying between 1.8 and 2.2%, compared to average
annual reduction of 0.6% between 1970 and 2010, which is a clear
trend break. OECD countries ﬁnal energy use remains close to
current energy use ranging between 36 and 71 EJ/yr in 2100 across
the models. Similarly, industrial fuel shares remain close to current
values, with electricity use increasing slightly and fossil fuel use
decreasing, both between 10 and 20% change.
Despite these similarities, projected industrial carbon emission
pathways cover a broad range across the models (between 7.5 and
24 Gt/yr in 2100). This can be explained by already different base
year assumptions in fuel shares, energy consumption and accompanying emissions, as well as diverging trends of ﬁnal energy
consumption in Non-OECD countries in the second half of the
century. These differences could be signiﬁcantly larger if for
example Non-OECD countries would not decouple so strongly from
GDP as seen in current projections, or if there is a higher shift to
electricity. In addition, model results could be different if nonmonetary drivers are used to project material demand.
To assist the result comparison, describing in detail how the
industrial module works and thereby increasing transparency in
each model is of great importance. The base year ﬁnal energy data
differs per model and in order to make a credible comparison,
reporting the industry boundaries is important. Feedstock use accounts for 17% of industrial energy consumption and it should be
clear whether it is accounted for. The same holds for the energy use
in coke ovens and blast furnaces and in reﬁneries. In the cement/
nonmetallic comparison the same effect is visible but by specifying
which production processes are accounted for, the variation can be
clariﬁed.
The mitigation scenarios show that models employ different
strategies to mitigate emissions. Some models show a signiﬁcant
reduction of ﬁnal energy demand in the coming decades, while
other models remain close to their baseline ﬁnal energy levels and
rely more on fuel shifting. Comparing long-term energy models at
the sub-sector level, such as done in this analysis for the cement
sector, can improve our understanding of differences and similarities underlying the model projections. Moreover, comparing
bottom-up model details to sector-speciﬁc case studies could
improve projections, and increase the ability to assess sector speciﬁc mitigation policiese at least in the short term. For example,
comparing the projected SEC of cement production to state of the
art knowledge shows that in mitigation scenarios there is indeed
scope to considerably reduce energy demand compared to the
models' baseline scenarios.
Using energy intensities of speciﬁc countries/regions, in combination with projected material demand to model industrial future
energy consumption can help to better understand the role of

8
The IMAGE energy intensity values are relatively high due to the use of
outdated regional data (calibration was done until 2005) on historical energy intensity and clinker to cement ratios.
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recycling, material efﬁciency, and technology efﬁciency in mitigating emissions. This allows to better estimate what levels of energy intensity improvements are reasonable to achieve, which
share of the energy use can be replaced by less carbon intensive
fuels, and how fast both processes could take place. For example, by
improving the material efﬁciency in cement making with the use of
higher amounts of supplementary cementitious materials at
different stages of cement production. On the long term, constraining industrial technology change to what is currently known
might be detrimental, as unknown technology options are not
accounted for.
Accounting for material demand at sub-sectorial level has as
additional advantage that, in the integrated structure that global
system models operate, it provides the opportunity to relate the
material demand to activities that require material, which are also
represented in the model. An example would be to relate cement
demand to future infrastructure and building requirements, which
could give more guidance and better projections for material demand saturation.

6.2. Main conclusions
Based on the comparison, a number of key conclusions can be
drawn.
In the reference baseline scenario, the overall trends across
the models are comparable in the coming decades: the industry
sector is relatively energy intensive and remains reliant on fossil
fuel (>50%). The annual increase in the models ranges from about
1.2 to 1.4% per year for the full model range (including the IEA
projection).
In the long-term, there is a large divergence in industry
sector energy consumption mostly based on the question
whether models project either a continuous growth or saturation. This leads to more than a factor of 2 difference between the
highest and the lowest industrial energy demand projection in
2100. The 2100 energy consumption ranges between 203 and
451 EJ/yr across the models. Saturation of industrial energy demand
depends strongly on whether Non-OECD countries are projected to
reach similar energy intensity levels as achieved in OECD countries,
which is a key uncertainty across models.
Models show different responses to mitigate CO2 emissions,
where uncertainties are the potential of fuel switching or energy intensity improvements. The reduction of ﬁnal energy use in
2100 compared to the baseline scenario spans a range of 10e50%.
The models show a switch from coal to electricity use as a measure
to reduce industrial emissions. Interestingly, models that explicitly
model industrial technologies seem to be more constrained in the
ﬂexibility to use different fuel types, as shown in the mitigation
scenario results. This divergence highlights that the understanding
of economy-wide mitigation responses and costs is an area for
future improvement in the models.
Using industry sub-sector material and energy use details to
support the projected mitigation potential can provide insight
in feasibility of how emission reductions can be achieved. More
information at a sub-sector level could improve the understanding
of what are the realistic energy intensity improvements as a result
of material usage and technology efﬁciency changes in the short
term, along with the potential to use less carbon intensive fuels.
Moreover, this would create the opportunity to relate material
demand to non-economic drivers, such as infrastructure growth
and building stock turnover to improve the understanding of demand saturation and assess the role of sub-sector speciﬁc climate
policies to mitigate emissions.
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